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Abstract

Trickle-Down Theorems and Local-To-Global Analysis of Markov Chains

Dorna Sadat Abdolazimi

Chair of the Supervisory Committee:

Shayan Oveis Gharan

Paul G. Allen Center for Computer Science & Engineering

This thesis covers multiple results related to high dimensional counting and sampling
problems, as well as the broader theory of high dimensional expanders. Central to these re-
sults are “local-to-global” phenomena that allow the study of high dimensional distributions
through multiple forms of localization. In particular, we prove new trickle-down theorems
and apply them to problems in different fields. This includes proving rapid mixing of the
natural Markov chain for sampling from graph colorings in a previously unsolved regime,
and obtaining significantly improved bounds on the local spectral expansion of recent con-
structions of sparse high dimensional expanders, which are of particular interest in coding
theory and complexity theory. We also use a local-to-global perspective to provide evidence
that the natural down-up walk on the space of NBC bases of a matroid may not mix rapidly.
Finally, we apply a local-to-global technique to take a step towards characterizing the coef-
ficients of homogeneous completely log-concave polynomials, which also implies fast mixing
of the natural random walk for sampling from the high dimensional distributions associated
with such polynomials.



Contents

1 Introduction 4
1.1 Main Results . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 8

1.1.1 A Matrix Trickle-Down Theorem . . . . . . . . . . . . . . . . . . . . 8
1.1.2 Application of the Matrix Trickle-Down Theorem in Sampling Graph

Colorings . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 10
1.1.3 An Improved Trickle-Down Theorem for Partite Complexes . . . . . . 10
1.1.4 On Sampling Non-Broken Bases of Matroids . . . . . . . . . . . . . . 12
1.1.5 Complete Log Concavity of Coverage-Like Functions . . . . . . . . . 14

1.2 Preliminaries . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 16
1.2.1 Linear Algebra . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 16
1.2.2 Markov Chains . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 18
1.2.3 Simplicial Complexes . . . . . . . . . . . . . . . . . . . . . . . . . . . 19

2 A Matrix Trickle-Down Theorem 21
2.1 Introduction . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 21

2.1.1 Main Results . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 22
2.2 Proof of Oppenheim’s Trickle-Down Theorem via Matrix Trickle-Down The-

orem . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 23
2.3 Proof of Matrix Trickle-Down Theorem . . . . . . . . . . . . . . . . . . . . . 23
2.4 A Slight Extension of Matrix Trickle-Down Theorem . . . . . . . . . . . . . 24

3 Application of Matrix Trickle-Down in Sampling Graph Colorings 27
3.1 Introduction . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 27

3.1.1 Main Results . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 28
3.1.2 Related Prior Work . . . . . . . . . . . . . . . . . . . . . . . . . . . . 29

3.2 Preliminaries . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 30
3.3 Vertex Coloring . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 31

3.3.1 Diagonal Matrix Bounds . . . . . . . . . . . . . . . . . . . . . . . . . 31
3.3.2 Vertex-List-Coloring for Trees Using Non-Diagonal Matrix Bounds . . 35

3.4 Edge Coloring . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 37

4 An Improved Trickle-Down Theorem for Partite Complexes 48
4.1 Introduction . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 48

4.1.1 Main Results . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 48
4.1.2 Proof Overview . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 52

1



4.1.3 Preliminaries . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 52
4.2 Simplifying Matrix Trickle-Down’s Conditions to Scalar Inequalities . . . . . 54
4.3 Proof of Main Theorem . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 57
4.4 Obstructions to Trickle-Down . . . . . . . . . . . . . . . . . . . . . . . . . . 61

5 On Optimization and Counting of Non-Broken Bases of Matroids 64
5.1 Introduction . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 64

5.1.1 Background . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 65
5.1.2 Main Results . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 66
5.1.3 Preliminaries . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 67

5.2 Proof of Main Theorems . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 68

6 Complete Log Concavity of Coverage-Like Functions 73
6.1 Introduction . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 73

6.1.1 Main Results . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 75
6.1.2 Preliminaries . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 77

6.2 Basic Properties of 2-Coverage and Strongly 2-Coverage Functions . . . . . . 81
6.3 Complete Log-Concavity of Homogeneous Parts . . . . . . . . . . . . . . . . 82
6.4 Complete Log-Concavity of the Homogenization of the Generating Polynomial

of Strongly 2-Coverage Functions . . . . . . . . . . . . . . . . . . . . . . . . 83
6.5 Negative Results . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 84

Appendices 98

A Remaining Proofs from Section on Sampling Vertex Colorings 99
A.1 Proof of Theorem 3.3.1 . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 99
A.2 Proof of Theorem 3.3.4 . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 100

B Remaining Proof from Section on Non-Broken Bases of Matroids 103
B.1 Proof of Theorem 5.2.4 . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 103

C Entropy as a Coverage Function 106
C.1 Proof of Proposition 6.1.22 . . . . . . . . . . . . . . . . . . . . . . . . . . . . 106

2



Acknowledgements

I have been fortunate to receive support from countless individuals. I will begin by express-
ing my deepest gratitude to my adviser, Shayan Oveis Gharan, who guided and supported
me throughout this journey. During the past years, I have learned so much from his math-
ematical insights and found inspiration in his enthusiasm, creativity, and determination. I
would also like to thank him for his kindness and support beyond academics, particularly in
my personal life.

I would also like to extend my heartfelt thanks to Anna Karlin, who, although not my
formal adviser, has consistently provided invaluable support and guidance throughout my
PhD studies. Her generosity and encouragement over the years have been immensly helpful.

I also wish to thank the other great people I had the fortune to collaborate and co-author
papers with during the past years, in particular Nathan Klein, James Lee, Kasper Lindberg,
and Kuikui Liu. I want to also thank Tali Kaufman, Jonathan Leake, Madhur Tulsiani, Eric
Vigoda, and Cynthia Vinzant for stimulating discussions, from which I learned a lot. I would
also like to thank Farzam Ebrahiminejad, Oscar Sprumont, Victor Reis, Ewin Tang, and the
rest of CS theory group at the University of Washington, who played an instrumental role
in my growth over the years.

Last but certainly not least, I would like to convey my deepest appreciation to my family
and friends, whose unwavering support and presence have meant the world to me.

3



Chapter 1

Introduction

A (weighted) graph is γ-spectral expander if the second largest eigenvalue of its normalized
adjacency matrix is at most γ. The notion of spectral expansion is closely related to strong
connectivity properties of graphs and has enabled advances in many areas of mathematics
and computer science including number theory, group theory, coding theory, approxima-
tion algorithms, pseudo-randomness, embeddability of metric spaces, and probabilistically
checkable proofs. See, e.g., [INW94; LLR95; SS96; HLW06; Din07; Lub12; ABS15] for some
references.

High dimensional expansion is a generalization of spectral expansion in graphs to higher
dimensional objects called simplicial complexes. The study of high dimensional expanders
has revolutionized several areas of mathematics and theoretical computer science (e.g. see
[GK23] for a survey). This includes analysis of Markov chains (e.g. [Ana+19; AL20; ALO20;
CLV21; Ali+21; ALO22; Ana+22; WZZ24]), locally testable codes (e.g. [Dik+20; Din+22;
DLZ23]), agreement tests (e.g. [DK17; DD19], quantum LDPC codes (e.g. [EKZ24; KT21]),
and elsewhere (e.g. [AGT19; Din+21b; Din+21a; Baf+21]).

One of the main properties of high dimensional expanders is the existence of “local-to-
global phenomena” that allow “global” properties of a high dimensional simplicial complex
to be investigated through analysis of “local” spectral properties. To provide a more clear
description of the local-to-global phenomena, we need to define simplicial complexes and
high dimensional expanders more formally.

A simplicial complex X on a finite ground set [n] = {0, . . . , n} is a downwards closed
collection of subsets of [n], i.e., if τ ∈ X and σ ⊂ τ , then σ ∈ X. The elements of X are
called faces, and the maximal faces are called facets. We say that a face τ has dimension k
if |τ | = k+1 and write dim(τ) = k. We say that X is a pure d-dimensional complex if every
facet has dimension d. In this dissertation, we only work with pure simplicial complexes.
Moreover, the co-dimension of a face τ ∈ X is defined as codim(τ) = d − dim(τ). For any
0 ≤ i ≤ d, define X(i) = {τ ∈ X : dim(τ) = i}. We equip X with a probability distribution
π supported on all facets of X, and denote this pair by (X, π).

For a face τ ∈ X, the link of τ is a simplicial complex defined as

Xτ = {σ \ τ : σ ∈ X, σ ⊃ τ}.

For a face τ ∈ X, the distribution π induces a conditional distribution πτ on facets of Xτ
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where for each facet σ ∈ Xτ ,

πτ (σ) =
π(σ ∪ τ)∑

facet σ′∈Xτ
π(σ′ ∪ τ)

.

Taking the link of a face τ of a simplicial complex can be seen as form of localization.
Intuitively, the larger the dimension of τ is, the more “local” and low dimensional the link
of τ will be. Note that the link of any face of co-dimension 2 is a 1-dimensional simplicial
complex, which is simply a weighted graph. Such links could be considered as the most local
nontrivial links.

While the links of a simplicial complex (X, π) provide localized perspectives into a com-
plex, the links of faces of co-dimension more than 2 are still high dimensional. Thus, one can
consider an additional level of localization by looking the “underlying graph” of these links.
For any face τ of co-dimension at least 2, the 1-skeleton of the link (Xτ , πτ ) is a weighted
graph whose vertices are the 0-dimensional faces of Xτ , its edges are the 1-dimensional faces
of Xτ , and the edge weights are given by Pσ∼πτ [{x, y} ⊆ σ] for each edge {x, y}. Note that
when τ is of co-dimension 2, the complex (Xτ , πτ ) is itself a weighted graph. We say that a
complex X is totally connected if the 1-skeleton of the link of any face τ of co-dimension at
least 2 is connected.

The 1-skeletons of the links of a simplicial complex (X, π) encode many important prop-
erties of the complex. As a result, one can try to investigate interesting global properties of
high dimensional simplicial complex through studying the 1-skeletons of its links, following a
local-to-global analysis. One of the most useful properties of the 1-skeletons is their spectral
expansion.

Definition 1 (Local Spectral High Dimensional Expander [DK17; KO18; Dik+18]). We say
that the link of a face τ of co-dimension at least 2 of a d-dimensional (weighted) complex
(X, π) is a λ-local spectral expander if the 1-skeleton of (Xτ , πτ ) is a λ-spectral expander.
We say that (X, π) is a (γ2, γ3, . . . , γd+1)-local spectral expander if the link of any face τ of
co-dimension at least 2 is a γcodim(τ)-spectral expander. When the complex (X, π) is clear in
the context, for an integer 2 ≤ k ≤ d + 1, we write γk to denote the maximum 2nd largest
eigenvalue of the simple random walk on the 1-skeleton of all links of faces of co-dimension
k of the complex.

The notion of local spectral expansion has facilitated the investigation of various complex
problems. This includes the problem of sampling from high dimensional distributions, which
is the main focus of this dissertation. High dimensional distributions capture the interactions
of a large set of interacting nodes. Since the domain of these distributions could be exponen-
tially large in the number of nodes, investigating different properties of these distributions
in a computationally efficient ways is often a complex problem. A common approach to this
problem is sampling from high dimensional distributions using Markov chain Monte Carlo
methods. In this case, the main challenge is to design a Markov chain whose stationary
distribution is the given high dimensional distribution and prove that the chain rapidly con-
verges to its stationary distribution. A common approach to analyzing the mixing time of a
Markov chain is through spectral analysis, and in particular by upper-bounding the second
largest eigenvalue of its transition probability matrix, which we often denote by λ2. Since
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the largest eigenvalue of the transition probability matrix is always 1, this is equivalent to
showing that 1 − λ2, often referred to as the spectral gap of the random walk, is large. A
formal statement of this well-known result can be found in the preliminaries in Section 1.2.2.

There are various generic methods such as the Metropolis-Hastings method [Met+53]
that, given any distribution, readily yield Markov chains whose stationary distribution is
the given distribution. The following natural Markov chain is a variant of the Metropolis-
Hastings method for sampling from any given distribution π on subsets of size k of a set
S. Starting at a set σ of size k, we transition to another set σ′ of size k via the following
two-step process:

1. Select a uniformly random element x ∈ σ and remove x from σ.

2. Randomly select a set σ of size k containing σ \ x with probability proportional to
π(σ′).

This generic recipe generalizes various well-known classes of Markov chains including the
Glauber dynamics for sampling configurations in graphical models and the bases exchange
walk for sampling bases of matroids. While these chains are fairly simple and natural, in
many cases, analyzing their mixing time is quite challenging. In recent years, the study of
high dimensional expanders, and a framework closely related to local expansion commonly
referred to as the “spectral independence” framework, have led to breakthroughs in this area
(see e.g. [Ana+19; CGM19; ALO20; CLV20; CLV21; Che+21b; ALO22; Ali+21; Che+21a;
Bla+22; Ana+22; Ana+22; Liu+24; WZZ24]).

Given a distribution π on subsets of size d + 1 of a set S, one can consider a weighted
d-dimensional simplicial complex X whose facets are the subsets of size d of S, and whose
weight is given by π. The above Markov chain can be seen as a “down-up” walk on the
facets of the simplicial complex, where in each transition, starting from a facet σ, the first
step of the two-step process samples a face τ ⊂ σ of dimension d − 1 and the second step
samples a facet σ′ ⊃ τ .

This formulation allows us to investigate the mixing time of the Markov chain using local-
to-global properties of high dimensional expanders. The following theorem is an example of
local-to-global theorems that derive bounds on the mixing time of the down-up walk using
local spectral expansions of the underlying simplicial complex.

Theorem 1.0.1 ([AL20]). Let (X, π) be a (γ2, . . . , γd+1)-local spectral expander. Then the
second eigenvalue of the transition probabilty matrix of the down-up walk P∨ is bounded by

λ2(P
∨) ≤ 1− 1

d

d+1∏
j=2

(1− γj).

Roughly speaking, the above bound implies that if γi =
O(1)
i
, the random walk converges

to its stationary distribution π in polynomial time.
There are a variety of tools and techniques to prove that a given simplicial complex is

a local spectral expander, including geometry of polynomials (e.g. see [Ana+19; Ali+21;
CLV22]), correlation decay bounds (e.g. see [ALO20; Che+21b]), and more (e.g. see [Liu21;
Bla+22]). Another approach to this problem that was introduced by Oppenheim is the
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“trickle-down method [Opp18].” Central to Oppenheim’s trickle-down theorem is another
form of local-to-global argument. Roughly speaking, this theorem states that if the links
of the “most local non-trivial links”, i.e. the links of faces of co-dimension 2, are c

d
-local

spectral expanders for some 0 ≤ c < 1, then for any k > 2 the links of faces of co-dimension
i are O(1)

k
-local spectral expanders.

Theorem 1.0.2 (Oppenheim’s Trickle-Down Theorem [Opp18]). Given a totally connected
complex (X, π), if the links of faces of co-dimension 2 are 1−δ

d
-spectral expanders for some 0 <

δ ≤ 1, then the complex is a (γ2, . . . , γd+1)-local spectral expander, where γk ≤ 1−δ
d−(k−2)(1−δ)

≤
1−δ
dδ

for all 2 ≤ k ≤ d+ 1.

The trickle-down theorem has found numerous applications in proving bounds on local
spectral expansion of simplicial complexes. To invoke the theorem one needs to inspect the
links of all faces of co-dimension 2 to find the worst 2nd eigenvalue. If we get lucky and this
number is below 1/d, then, the trickle-down theorem kicks in and automatically bounds the
spectral expansion of all links of the complex. One of the major issues with this theorem is
that the required bound is too small and often not satisfiable.

Several chapters of this dissertation focus on new trickle-down theorems that address the
above issue and other shortcomings of Oppenheim’s trickle-down theorem, along with the
applications of these theorems in counting, sampling, and coding theory. The remaining
chapters can also be broadly seen as applications of local-to-global perspectives to counting
and sampling problems. The results presented in this dissertation are based on four research
papers that I co-authored during my Ph.D.studies [ALO22; AO23a; ALO23; AO23b].

In Chapter 2, we prove a “matrix trickle-down theorem,” which is a spectral local-to-
global framework for inductively bounding the local spectral expansion of a simplicial com-
plex. This framework generalizes Oppenheim’s trickle-down theorem by strengthening the
induction hypothesis, replacing scalar bounds on local spectral expansion with matrix bounds
on the normalized adjacency matrices of 1-skeletons.

In Chapter 3, we apply this generalized local-to-global framework to efficient sampling of
graph colorings, a long-standing open problem in the field. We use the matrix trickle-down
theorem to show that the natural Glauber dynamics for sampling graph colorings mixes in
polynomial time in a previously unsolved regime.

In Chapter 4, we prove a trickle-down theorem for partite complexes that significantly
improves Oppenheim’s trickle-down, and can be applied in a black-box manner to a large
family of complexes to derive non-trivial bounds on their local spectral expansions. For an
application, using our theorem as a black-box, we show that links of faces of co-dimension k in
recent constructions of bounded degree high dimensional expanders have spectral expansion
at most O(1/k) fraction of the spectral expansion of the links of the worst faces of co-
dimension 2, refuting a conjecture in the field.

In Chapter 4, we study counting and optimization problems on NBC bases of a generic
matroid through a local-to-global lens. Given a matroid M = (E, I), and a total ordering
over the elements E, a broken circuit is a circuit where the smallest element is removed, and
an NBC independent set is an independent set in I with no broken circuit. Sampling NBC
bases of a generic matroid can be achieved by sampling a facet of the simplicial complex
defined by NBC bases of these matroids using the down-up walk. In this chapter, we use a
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local-to-global perspective to give evidence that the natural down-up walk on the space of
NBC bases of a matroid may not mix rapidly. We do this by showing that for a family of
matroids, it is NP-hard to sample facets of certain links of the NBC complex.

In Chapter 6, we introduce an expressive subclass of non-negative almost submodular set
functions, called strongly 2-coverage functions, which include coverage functions and (sums
of) matroid rank functions, and prove that the homogenization of the generating polynomial
of any such function is completely log-concave. A corollary of this result is that, given any
such function f , the natural down-up random walk can be used to rapidly sample a subset
of any given size of the ground set with probability proportional to f(S). This result is
obtained using tools from geometry of polynomials, diverging from the more linear algebraic
and combinatorial approaches used within the context of theory of simplicial complexes in
the previous chapters. However, a local-to-global paradigm, expressed in the language of
polynomials, remains central to the proofs in this section.

1.1 Main Results

In this section, we present a summary of our main results. Throughout this section, given a
symmetric matrix M ∈ Rn×n, we index its eigenvalues as λn(M) ≤ · · · ≤ λ1(M).

1.1.1 A Matrix Trickle-Down Theorem

In almost all applications of high dimensional simplicial complexes, one first needs to to prove
that the underlying complex is a local spectral expander and then exploit local-to-global
theorems to prove global properties of the underlying complex X. Oppenheim’s trickle-
down method [Opp18] is a technique for proving a complex is a local spectral expander that
is also based on a local-to-global perspective. This method inductively derives bounds on
the spectral expansion of the 1-skeletons of all links using bounds on the spectral expansion
of links of co-dimension 2, i.e. the most “local” links, as the base case for induction.

In one of our main technical contributions, we give a recursive local-to-global frame-
work for bounding the local spectral expansion of a weighted simplicial complex X which
significantly generalizes Oppenheim’s result by strengthening the induction hypothesis. In
particular, instead of inductively proving scalar bounds on local spectral expansion, we re-
cursively obtain matrix bounds on the adjacency matrices of the 1-skeletons of links, which
then yield upper bounds on local spectral expansion.

Before stating the main results, we need some additional definitions from [ALO22]. Given
a set S, we write v ∈ RS and A ∈ RS×S to respectively denote a vector and a matrix indexed
by S. For symmetric matrices A,B, we write A ⪯ B if and only if B − A is positive
semidefinite (PSD). For a n×n symmetric matrix M with eigenvalues λn ≤ · · · ≤ λ1, define
ρ(A) = max{|λ1|, |λn|}.

Given a (weighted) complex (X, π), let X(≤ i) := X(−1) ∪ · · · ∪X(i). For each face τ
and each integer −1 ≤ i ≤ codim(τ)− 1, we write πτ,i for the induced distribution on Xτ (i)
given by

πτ,i(η) =
1(

codim(τ)
i+1

) Pr
σ∼πd

[σ ⊃ η | σ ⊃ τ ]. (1.1)
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One should view this as a marginal distribution conditioned on τ . We will often view πτ,i as

a vector in RXτ (i)
≥0 .

Given a weighted graph G = (V,E,w), the simple random walk is the following stochastic
process: Given X0 = v ∈ V , for every u ∼ v, we have X1 = u with probability

w{u,v}
dw(v)

. For

any τ of co-dimension at least 2, let P(X,π),τ ∈ RX(0)×X(0) denote the transition probability
matrix of the simple random walk on the 1-skeleton of (Xτ , πτ ) padded with zeros outside
the Xτ (0)×Xτ (0) block, i.e.

P(X,π),τ (x, y) =
Pσ∼πτ [{x, y} ⊂ σ]∑

z∈xτ (0)
Pσ∼πτ [{x, z} ⊂ σ]

for x, y ∈ Xτ (0), and Pτ (x, y) = 0 otherwise. When the weighted complex (X, π) is clear
from context, we write Pτ to denote P(X,π),τ . Note that given a weighted graph, the transition
probability matrix of the simple random walk on the graph has the same eigenvalues as the
graph’s normalized adjacency matrix. As a result, (X, π) is a (γ2, γ3, . . . , γd+1)-local spectral
expander if and only if for every face τ of co-dimension at least 2, we have λ2(Pτ ) ≤ γk. We
often refer to the simple random walks on the 1-skeleton of links of a simplicial complex as
the local walks of the complex. Thus, the local-to-global framework allows us to study the
spectral expansion of the global (high dimensional) down-up walk on the facets of a simplicial
complex through the spectral expansion of the local walks associated to the complex.

For any τ of co-dimension at least 2, we define the diagonal matrix Π(X,π),τ ∈ RX(0)×X(0)

as follows: Π(X,π),τ (x, x) = πτ,0(x) for x ∈ Xτ (0), and Π(X,π),τ (x, x) = 0 otherwise. When
(X, π) is clear from context, we write Πτ to denote Π(X,π),τ . Note that ΠτPτ is a symmetric
matrix.

Theorem 1.1.1 (Matrix Trickle-Down Theorem [ALO22]). Let (X, π) be a totally connected
weighted complex. Suppose {Mτ ∈ RX(0)×X(0)}τ∈X(≤d−2) is a family of symmetric matrices
satisfying the following:

1. Base Case: For every τ of co-dimension 2, we have the spectral inequality

ΠτPτ − 2πτ,0π
⊤
τ,0 ⪯Mτ ⪯ 1

5
Πτ .

2. Recursive Condition: For every τ of co-dimension at least k ≥ 3, at least one of
the following holds: Mτ satisfies

Mτ ⪯ k − 1

3k − 1
Πτ and Ex∼πτMτ∪{x} ⪯Mτ −

k − 1

k − 2
MτΠ

−1
τ Mτ . (1.2)

Or, (Xτ , πτ,k−1) is a product of weighted simplicial complexes (Y1, µ1), . . . , (Yt, µt) and
for every η ∈ Xτ (k − 1),

Mτ =
⊕

1≤i≤t:dYi≥1

dYi
(dYi

+ 1)

k(k − 1)
Mτ∪η−i

,

where η−i = η \ Yi(0).

Then for every τ ∈ X(≤ d− 2), we have the bound λ2(ΠτPτ ) ≤ ρ(Π−1
τ Mτ ).

9



1.1.2 Application of the Matrix Trickle-Down Theorem in Sam-
pling Graph Colorings

As an application of our matrix trickle-down Theorem, we show that the natural Glauber
dynamics mixes rapidly and generates a random proper edge-coloring of a graph with max-
imum degree ∆ whenever the number of colors is at least q ≥

(
10
3
+ ϵ
)
∆, where ϵ > 0 is

arbitrary and the maximum degree satisfies ∆ ≥ C for a constant C = C(ϵ) depending only
on ϵ [ALO22]. For edge-colorings, this improves upon prior work [Vig99; Che+19] which
show rapid mixing when q ≥

(
11
3
− ϵ0

)
∆, where ϵ0 ≈ 10−5 is a small fixed constant.

Given an (undirected) graph G = (V,E) with n = |V | vertices and with maximum
degree ∆ ≥ 1, and q available colors, it is conjectured that the Glauber dynamics mixes
in time O(n log n) for q as low as ∆ + 2 but despite significant attempts we are still very
far from proving this conjecture. To this date, the best known result for general graphs
is due Chen, Delcourt, Moitra, Perarnau and Postle [Che+19] who show that the Glauber
dynamics mixes in polynomial time for q ≥ (11/6 − ϵ)∆ for some universal constant ϵ > 0;
this slightly improves on the classical works of Jerrum and Vigoda [Jer95; Vig99] which
bounds the mixing time by a polynomial in n for q ≥ (11/6)∆. The problem of sampling
a random proper edge coloring of graphs can equivalently be seen as sampling a random
proper vertex coloring of line graphs. Most of the recent analyses of the Glauber dynamics
are focused on “locally sparse” graphs [HV03; Mol04; HV05; FV06; FV07; HVV07; Dye+13;
Che+21b; Fen+22] where it was typically shown how to break the 11/6 barrier bound when
the underlying graph has a large girth.

Unlike most recent trends which focus on sparse graphs with large girths, line graphs
are very dense locally as they contain induced cliques of size Ω(∆). Note that for a graph
with maximum degree ∆, the maximum degree of the line graph could be as large as 2∆.
Therefore, with the 11/6 barrier, one would need q ≥ 11/3∆ to guarantee polynomial mixing
for all edge coloring instances. In our main theorem we prove that this barrier can be broken
for edge coloring of any graph with maximum degree ∆.

Theorem 1.1.2 ([ALO22]). Let G = (V,E) be a graph of maximum degree ∆. For any

0 < ϵ ≤ 1
10

such that ln2 ∆
∆

≤ ϵ3

15
, and any collection of color lists L = {L(e)}e∈E satisfying

|L(e)| ≥ ∆(e) + (4/3 + 4ϵ)∆ where ∆(e) is the number of neighbors of e in the line graph of
G, the spectral gap of the Glauber dyanmics for sampling proper L-edge-list-colorings on G
is Ω(n−O(1/ϵ)), so the mixing time is O(nO(1/ϵ)).

Remark 1. Recently, [WZZ24] used the matrix trickle-down Theorem to prove that the
Glauber dyanmics for sampling proper vertex colorings of line graphs with n vertices and
maximum degree ∆ mixes in time O∆(n log n) when the number of available colors satisfies
q ≥ (1 + o(1))∆, thus almost resolving the aforementioned conjecture for line graphs.

1.1.3 An Improved Trickle-Down Theorem for Partite Complexes

The matrix trickle-down theorem provide a framework to derive bounds on local spectral
expansion in regimes that Oppenheim’s trickle-down theorem fails. However, unlike Op-
penhiem’s trickle-down theorem, the matrix trickle-down theorem cannot be applied in a

10



black-box manner. We prove a generalization of the trickle-down theorem for partite com-
plexes that can be applied in a black-box manner to bound local spectral expansion [AO23a].
A (d+1)-partite complex is a d-dimensional complex such that X(0) can be (uniquely) par-
titioned into sets T0 ∪ · · · ∪ Td such that for every facet τ ∈ X(d), we have |τ ∩ Ti| = 1 for
all i ∈ [d]. The type of any face τ ∈ X is defined as type(τ) = {i ∈ [d] : |τ ∩ Ti| = 1}.

As opposed to Oppenheim’s trickle-down theorem that requires all links of faces of co-
dimension 2 to have expansion less than 1/d, our improved trickle-down theorem for partite-
complexes says that if “on average” the links of faces of co-dimension 2 have spectral ex-
pansion less than 1/d, then the 1-skeleton of all links of co-dimension k are O(1/k)-spectral
expanders. This theorem addresses several major pitfalls of Oppenheim’s trickle-down theo-
rem: theorem: First, the required bound on γ2 is often not satisfiable. In particular, for many
dense complexes in counting and sampling applications, the links of faces of co-dimension
2 are only Θ(1)-spectral expanders, hence the trickle-down theorem does not apply. Yet,
for many such complexes, one can show that γk = O(1/k) for k ≥ Ω(d) (see e.g., [ALO20;
CLV21]). Second, even if γ2 ≪ 1/d, the trickle-down theorem only implies γk ≃ γ2, i.e. γk
does not increase too much as k increases. This is in contrast with the fact that, for many
dense complexes, one can observe a steep decrease in spectral expansion as the co-dimension
increases, i.e. γk ≲ γ2/k.

Before formally stating this result, we need the following definition.

Definition 2. Given a (d+1)-partite complex (X, π) with parts [d], for every i ∈ [d], define

∆(X,π)(i) = |{j ∈ [d] \ i : ∃τ s.t. type(τ) = [d] \ {i, j}, λ2(Pτ ) > 0}|,

i.e. ∆(X,π)(i) is the number of parts j ̸= i for which there exists a face of type [d] \ {i, j}
whose link is not a 0-spectral expander. Moreover, define ∆(X,π) = maxi∈[d] ∆(X,π)(i). We
drop the subscripts (X, π) when the complex is clear in the context.

Theorem 1.1.3 (Simplified Version of Improved Trickle-Down Theorem for Partite Com-
plexes [AO23a]). Let (X, π) be a (d + 1)-partite (weighted) totally connected complex. For
some 0 < δ < 1, assume that

γ2 ≤
δ2

10(1 + ln∆)
and γ2 ≤

1− δ

∆+ ln∆
.

Then, the link of any face τ of co-dimension k of X has spectral expansion{
c(1−δ)

kδ
if k ≥ ∆,

c(1−δ) k+ln k
∆+ln∆

kδ
if k < ∆,

for some constant c ≤ 2 that depends on δ.

Note that, for ∆ = d, this theorem retrieves Oppenheim’s trickle-down up to a lower
order term in the condition on γ2 and a constant in the bounds on local spectral expansions.
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Applications to Sparse High Dimensional Expanders As an application of our result,
we show that in recent constructions of bounded degree high dimensional expanders, the
links of faces of co-dimension k have spectral expansion at most O(1/k) times the maximum
spectral expansion of a link of a face of co-dimension 2, refuting a conjecture in the field.
One can generally divide the family of HDXs studied in recent works into two groups:

1. Dense Complexes. Here, we have a HDX with exponentially large number of facets,
i.e. |X(0)|d. One typically encounters these objects in studying Markov Chain Monte
Carlo technique where we use a Markov Chain to sample from an exponentially large
probability distribution. Perhaps the simplest such family is the complex of all inde-
pendent sets of a matroid.

2. Sparse Complexes. Here we have a HDX where every vertex (of X(0)) only appear
in constant number of facets, independent of |X(0)|. See, [LSV05b; KO18; OP22] for
explicit constructions. These objects have been useful in constructing double samplers
(e.g. [Din+21b]), agreement testers (e.g. [DK17; DD19]), and locally testable codes
(e.g. [Din+22]).

For many dense complexes, one can observe a steep decrease in spectral expansion as the
co-dimension increases, i.e., the complex is a (γ1, . . . , γd)-local spectral expander where γk ≲
γ1/k. Such a decrease has not been known for any sparse complex. This led some experts
to conjecture that, perhaps, dense and sparse complexes exhibit a different pattern of local
spectral expansion; in particular, unlike dense HDX, local spectral expansion does not decay
for sparse complexes. As an application of our improved trickle-down theorem, we refute
this conjecture by showing that the links of faces of co-dimension k in recent constructions
of sparse high dimensional expanders have spectral expansion at most O(1/k) fraction of
the spectral expansion of the links of the worst faces of co-dimension 2. Here, we state our
result for one such construction.

Kaufman and Oppenheim [KO18] obtained a simple construction of sparse (d+1)-partite
complexes with |X(0)| ≥ ps for any integer s > d and prime power p such that every x ∈ X(0)
is in at most pO(d3) many facets (hence the degree is independent of s). They argued that for
any non-consecutive pair of parts i, j ∈ [d], i.e., j ̸= i+1 and i ̸= j+1 (mod d+1), we have
ϵ{i,j} = 0 but ϵ{i,i+1} ≤ 1√

p
for any i ∈ [d] (i+1 is taken modulo d+1). Consequently, ∆(i) = 2

for any i ∈ [d]. Then, using Oppenheim’s trickle-down theorem, they show that the complex
is a ( 1√

p−(d−2)
, . . . , 1√

p−d−2
)-local spectral expander for p > (d−2)2. Simply plugging in these

values into the above theorem, for δ = 1− 2√
p
and p ≥ 193 (independent of d) the assumptions

of the theorem are satisfied. The resulting complex is ( 2c√
pδ
, . . . , 2c

d
√
pδ
)-local spectral expander

for some constant c. In other words, not only does the Kaufman-Oppenheim construction
give an HDX for constant values of p independent of d, but also its local spectral expansion
improves inverse linearly with the co-dimension.

1.1.4 On Sampling Non-Broken Bases of Matroids

We study counting and optimization problems on NBC bases of a generic matroid, which is
closely related to counting and sampling of various combinatorial and geometric objects. One
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of our main results in this section presents evidence that, from a local-to-global perspective,
the natural down-up walk on the space of NBC bases of a matroid may not mix rapidly
[ALO23].

A matroid M = (E, I) is consists of a finite ground set E and a collection I of subsets
of E, called independent sets, satisfying:

Downward closure: If S ⊆ T and T ∈ I, then S ∈ I.

Exchange axiom: If S, T ∈ I and |T | > |S|, then there exists an element i ∈ T \ S such
that S ∪ {i} ∈ I.

The rank of a set S ⊆ E is the size of the largest independent set contained in S. All
maximal independent sets of M , called the bases of M , have the same size r, which is called
the rank of M .

Given a matroidM = (E, I), set C ⊆ E is a circuit iff C \{e} ∈ I for any e ∈ C. Given a
total ordering over the elements E, a broken circuit (with respect to a total ordering O) is a
set C\{e}, where C ⊆ E is a circuit and e is the smallest element of C with respect to O. An
independent set S ⊆ E is a non-broken independent set (NBC independent set) if it contains
no broken circuits. The number of NBC independent sets of size k in a graphic matroid is
equal to the absolute value of the (n − 1) − k-th coefficient of the chromatic polynomial of
the underlying graph where n is the number of vertices. As a result, the problem of counting
NCB independent sets of matroids is closely related to counting and sampling of various
interesting combinatorial and geometric objects, such as acyclic orientations of a graph (e.g.
[Sta73]), strongly connected orientations of a graph (e.g., [GL19]), regions defined by the
intersection of hyperplanes (e.g. [Sta07]), and more (e.g. [BCT10]).

Given a matroid M with an arbitrary total ordering σ, one can run the down-up walk
on the NBC bases of M . It is not hard to see that this chain is irreducible and converges
to the uniform stationary distribution. Following the work of [Ana+19] it was conjectured
that the down-up walk on the NBC bases of any matroid mixes rapidly 1.

Conjecture 1.1.4. For any matroid M , and any total ordering O of the elements of M ,
the down-up walk on the NBC bases of a matroid mixes in polynomial time.

The set of NBC independent sets of any matroidM (with respect to any ordering O) form
a simplicial complex that is known as the broken circuit complex. We denote this complex
by BC(M,O). The down-up walk over this complex equipped with a uniform distribution
over its facets is the same as the down-up walk over NBC bases.

To prove that the down-up walk mixes rapidly on the bases of any matroid, [Ana+19]
proved that the independent set complex of any matroid M is a (0, 0, . . . , 0)-local spectral
expander. Building on this, a natural method to prove Conjecture 5.1.2 is to show that
the broken circuit complex of any matroid M of rank r and for any total ordering is a
(γ2, . . . , γr)-local spectral expander for γi ≤ O(1)

i
, and then apply Theorem 1.0.1.

Conjecture 1.1.5. For any matroid M of rank r and any ordering O the broken circuit
complex of M is a (γ2, . . . , γr)-local spectral expander for some γi ≤ O(1)

i
.

1In fact, this conjecture was raised an an open problem in several recent workshops UC Santa Barbara
workshop on New tools for Optimal Mixing of Markov Chains: Spectral Independence and Entropy Decay,
and Simon’s workshop on Geometry of Polynomials
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One of our main results in this chapter is to disprove Conjecture 5.1.5 in a very strong
form, namely for the class of (truncated) graphic matroids.

Theorem 1.1.6 ([ALO23]). There exists an infinite sequence of (truncated) graphic matroids
M1,M2, . . . with orderings O1,O2, . . . , such that for every n ≥ 1, Mn has poly(n) elements,
and there exists a face τ of the broken circuit complex of X = BC(Mn,O) for which the
down-up walk on the facets of the link Xτ has a spectral gap of at most n−Ω(n).

In fact, we even prove a stronger statement.

Theorem 1.1.7 ([ALO23]). Given a matroid M = (E, I) and a total ordering O and a set
S ⊆ E, unless RP=NP, there is no FPRAS for counting the number of NBC bases of M
that contain S.

1.1.5 Complete Log Concavity of Coverage-Like Functions

A polynomial p ∈ R[z1, . . . , zn] is log-concave over Rn
≥0, if p is non-negative and log p is a

concave function on Rn
≥0. Note that the identically zero polynomials are log-concave. We

say p ∈ R[z1, . . . , zn] is completely log-concave/Lorentzian if for any k ≥ 0, and any set of
vectors a1, . . . , ak ∈ Rn

≥0, Da1 . . . Dakp is non-negative and log-concave over Rn
≥0, where for a

vector a ∈ Rn, Da =
∑

i ai∂zi is the directional derivative operator. Completely log-concave
polynomials were introduced in [AOV18] and extended in [Ana+19; BH20].

We say a polynomial p ∈ R[z1, . . . , zn] is multiaffine if every monomial of p is square-free,
i.e., supp(p) ⊆ {0, 1}n. A polynomial p ∈ R[z1, . . . , zn] is d-homogeneous if p(αz) = αdp(z)
for any α ∈ R. Given a non-negative function f : 2[n] → R≥0, we say f is a completely
log-concave set function if the generating polynomial of f , i.e.,

pf (z1, . . . , zn) =
∑
S⊆[n]

f(S) ·
∏
i∈S

zi

is completely log-concave. Note that pf is a multiaffine polynomial.
Completely log-concave polynomials have nice properties that make them useful tools

for design and analysis of algorithms and studying mathematical objects like matroids. One
of these properties is that, as first shown in [Gur10], if the polynomial

∑n
i=0 ciy

n−ixi is
completely log-concave, then c0, . . . , cn is an ultra log-concave sequence. This property is
used in [Ana+24] to prove Mason’s ultra log-concavity conjecture for independent sets of
matroids.

Another useful property is that, as first shown in [Ana+19] and later improved in
[CGM19; Ana+21], given a d-homogeneous log-concave set function f : 2[n] → R≥0, a
natural random walk can be used to rapidly sample a subset S of the ground set with prob-
ability proportional to f(S). To put this in the language of simplicial complexes, consider
a (d − 1)-dimensional complex (X, π) whose facets are all subsets of size d of [n], and the

weight of each facet S is given by π(S) = f(S)∑
S′⊂[n],|S′|=d f(S′)

. As shown by [Ana+19], com-

plete log-concavity of f implies that (X, π) is (0, . . . , 0)-local spectral expander. As a result,
Theorem 1.0.1 implies that the down-up random walk on the facets of the complex mixes
rapidly.

14



An interesting aspect of homogeneous completely log-concave polynomials is that the
family of sets that can serve as the support of these polynomials can be nicely characterized
(see Theorem 6.1.1 for more details). A natural question is whether one can give a more fine
characterization of the set of possible coefficients of homogeneous log-concave polynomials.

We take a step towards characterization of the coefficients of homogeneous log-concave
polynomials. Given a polynomial p ∈ R[z1, . . . , zn], we define the homogenization of p as
Hom(p, y) :=

∑n
i=0 y

n+1−ipi, where pi is the i-homogeneous part of p, i.e. p = p0+· · ·+pd and
pi is a i-homogeneous polynomial. Note that if Hom(pf , y) is completely log-concave, then
all homogeneous parts of pf are also log-concave. It can be shown that, given a non-negative
set function f ∈ 2[n] → R≥0, if Hom(pf , y) is completely log-concave, then f is almost log-
submodular (see Corollary 6.1.3). Thus, to take a step toward finding a classification of
coefficients of homogeneous completely log-concave polynomials, a natural question to ask
is whether one can find a large subclass of non-negative almost log-submodular functions
such that for every f in that subclass, Hom(pf , y) is completely log-concave. An important
subclass of non-negative log-submodular functions with numerous applications is the class
of non-negative monotone submodular functions (see Fact 6.1.20). In this paper, we intro-
duce an expressive subclass of non-negative monotone functions, called strongly 2-coverage
functions, and prove that Hom(pf , y) is completely log-concave. We show that the set of
strongly 2-coverage functions includes several fundamental classes of non-negative monotone
submodular functions including matroid rank functions, coverage functions, and, more gen-
erally, matroid rank sum functions, which are positive linear combination of rank functions
and include a large subset of submodular functions that have been studied in the mechanism
design literature [Cal+07; DRY11; Dug11; DV11]. As a consequence we prove the following
theorem.

Theorem 1.1.8 ([AO23b]). If f : 2[n] → R≥0 is a coverage function or a sum of matroid
rank functions, then the sequence f0, f1, . . . , fn is ultra log-concave where fi =

∑
S:|S|=i f(S).

Moreover, we introduce a strictly larger class of non-negative submodular functions called
2-coverage functions, which, for instance, also include the indicator function of independent
sets of any matroid. We prove that if pf is 2-coverage, all homogeneous parts of pf are log-
concave. As a consequence, given a 2-coverage function, one can use the results of [Ana+19;
Ana+21; CGM19] to rapidly sample a subset S of [n] with probability proportional to f(S).

It is worth highlighting the connection of this result with the “local-to-global” paradigm.
The results in this chapter are obtained using tools from geometry of polynomials, diverging
from simplicial complexes. However, a local-to-global paradigm, expressed in the language
of polynomials, remains central to the proofs. In particular, one can view taking partial
derivatives of polynomials as a form of localization, similar to taking links of faces in simplicial
complexes. From this perspective, Theorem 6.1.18 closely resembles Oppenheim’s trickle-
down theorem (Theorem 1.0.2), i.e. the first condition of Theorem 6.1.18 is similar to
the condition of total connectivity in the trickle-down theorem, and the second condition
resembles the assumed bound on spectral expansion of links of faces of co-dimension 2 (faces
of size d− 2) in the trickle-down theorem.
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1.2 Preliminaries

This section is based on the preliminaries sections of previously published papers [ALO22;
AO23a]. First, we make some notational remarks. When it is clear from context, we write a
to denote a singleton {a}. When we want to add a subscript b to an object denoted by xa,
we write xa,b, i.e. xa,b := (xa)b. We use the same convention for superscripts. Throughout
the dissertation, adding or removing ∅ as a subscript does not change the object. For an
integer q, we denote {1, . . . , q} by [q]. For a function f : D → R and a D′ ⊆ D, we write
f |D′ to denote the restriction of f to domain D′.

1.2.1 Linear Algebra

For a n× n matrix A, we define ∥A∥∞ = max1≤i≤n{
∑n

j=1 |Aij|}. We write ⪯ to denote the

Loewner order, i.e. for any symmetric matrices A,B ∈ RS×S, we write A ⪯ B if B − A is
positive semidefinite.

Fact 1.2.1. For any symmetric matrix A ∈ RS×S where Ai,j ̸= 0 only for i, j ∈ S ′ ⊆ S, we
have A ⪯ ∥A∥∞IS

′
.

Fact 1.2.2. For matrices A,B ∈ Rm×n and positive ϵ > 0, we have the inequalities AB⊤ +
BA⊤ ⪯ ϵAA⊤ + 1

ϵ
BB⊤ and (A+B)(A+B)⊤ ⪯ (1 + ϵ)AA⊤ + (1 + 1/ϵ)BB⊤.

Proof. Since ϵ > 0 we can write

0 ⪯
(√

ϵA− 1√
ϵ
B

)(√
ϵA− 1√

ϵ
B

)⊤

= ϵAA⊤ +
1

ϵ
BB⊤ − AB⊤ −BA⊤.

Rearranging yields the first inequality AB⊤ +BA⊤ ⪯ ϵAA⊤ + 1
ϵ
BB⊤. Adding AA⊤ +BB⊤

to both sides yields the second inequality.

Lemma 1.2.3. Let A,B ∈ Rn×n be symmetric matrices such that A ·(I−αA) ⪯ B ·(I−αB)
for a positive real number α > 0. If A,B ⪯ 1

2α
· I, then A ⪯ B. Note that we crucially do

not require A,B ⪰ 0.

Proof. It suffices to prove the claim when α = 1, since the general claim then follows by
replacing A,B with αA, αB, respectively.

First, observe the matrix mapM 7→M(I−M) is a bijection between
{
M ∈ Rn×n :M ⪯ 1

2
I
}

and
{
T ∈ Rn×n : T ⪯ 1

4
I
}
with inverse

T 7→ 1

2
I −

(
1

4
I − T

)1/2

. (1.3)

The way to see this is via the eigendecomposition: if M =
∑n

i=1 µiφiφ
⊤
i for an orthonor-

mal eigendecomposition {φi}ni=1 with corresponding eigenvalues {µi}ni=1, then M(I −M) =∑n
i=1 µi(1 − µi)φiφ

⊤
i . Hence, to prove this claim, it suffices to show that the real function

x 7→ x(1− x) is a bijection between (−∞, 1/2] and (−∞, 1/4]. To see this, observe that the

16



quadratic x(1− x) = µ has roots x = 1
2
±
(
1
4
− µ

)1/2
, and since we enforced that µ ≤ 1

4
, we

must choose x to be the smaller root, i.e. 1
2
−
(
1
4
− µ

)1/2 ≤ 1
2
gives the inverse function.

Knowing this explicit inverse function, we now return to the proof of the lemma. Since
A,B ⪯ 1

2
I, we may apply the inverse Eq. (1.3) to A(I−A) (resp. B(I−B)) to recover A (resp.

B). Hence, to prove the claim, it suffices to establish operator monotonicity of Eq. (1.3). A
quick calculation reveals that this is equivalent to operator monotonicity of M 7→

√
M for

positive semidefinite M ∈ Rn×n, which is well-known and follows, for instance, by using the
Löwner-Heinz Theorem [Löw34].

Given a weighted graph G = (V,E,w), the simple random walk is the following stochastic
process: Given X0 = v ∈ V , for every u ∼ v, we have X1 = u with probability

w{u,v}
dw(v)

and we

let P be the transition probability matrix of the walk. A graph G = (V,E) paired with a
weight function w : E → R≥0 is ϵ-expander if λ2(P ) ≤ ϵ, where λ2(P ) is the second largest
eigenvalue of P . For such a graph we write dw(x) =

∑
y∼xw({x, y}) to denote the weighted

degree of a vertex x and vol(S) =
∑

x∈S dw(x) to denote the volume of a set S ⊆ V .

Lemma 1.2.4 (Cheeger’s Inequality). For any graph G = (V,E) with weights w : E → R≥0

and any S ⊆ V ,
w(E(S, S))

min{vol(S), vol(S)}
≤
√

2(1− λ2)

where λ2 is the second largest eigenvalue of the simple random walk on G

Fact 1.2.5 (Expander Mixing Lemma). Given a (weighted) graph G = (V,E,w), for any
set S ⊆ V , ∣∣∣∣w(E(S))− vol(S)2

vol(V )

∣∣∣∣ ≤ λ2vol(S),

where λ2 is the second largest eigenvalue of the simple random walk on G.

Definition 3 (Conductance). Given a weighted d-regular graph G = (V,E,w), with weights
w : E → R≥0, for S ⊆ V , the conductance of S is defined as

ϕ(S) =
w(S, S)

d|S|
,

where w(S, S) is the sum of the weights of edges in the cut (S, S). Note that since G is
regular, the weighted degree of every vertex is d. The conductance of G is defined as

ϕ(G) = min
S:|S|≤|V |/2

ϕ(S).

The following theorem is well-known and follows from the easy side of the Cheeger’s
inequality.

Theorem 1.2.6. For any regular graph G = (V,E) and any set S ⊆ V and |S| ≤ |V |/2

1− λ2(P )

2
≤ ϕ(G) ≤ ϕ(S) ≤ |N(S)|

|S|

where 1− λ2(P ) is the spectral gap of the simple random walk on G.
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1.2.2 Markov Chains

Let P be the transition probability matrix of a Markov chain on a finite state space Ω with
stationary distribution π. We say P is irreducible if P is connected. We say P is reversible
w.r.t. π if for all x, y ∈ Ω, we have π(x)P (x, y) = π(y)P (y, x). In this case, the matrix P
becomes self-adjoint w.r.t. the natural inner product ⟨·, ·⟩π induced by π on RΩ given by
⟨ϕ, ψ⟩π = Eπ[ϕψ]. Throughout, we only work with irreducible reversible Markov chains.

We will be interested in the mixing of our Markov chains, which quantifies the rate of
convergence to stationarity. Specifically, for an initial starting distribution µ on Ω and error
parameter ϵ > 0, define

tmix(P, ϵ, µ)
def
= min{t ≥ 0 :

∥∥µP t − π
∥∥
TV

≤ ϵ},

where ∥µ− ν∥TV = 1
2

∑
x∈Ω |µ(x)− ν(x)| gives the total variation distance between two

distributions µ, ν on Ω. We write tmix(P, ϵ) = supµ tmix(P, ϵ, µ), where the supremum is
over all possible starting distributions µ. The mixing time of P is defined as tmix(P ) =
tmix(P, 1/4).

It is well-known that the mixing time is controlled by various constants arising from
classical functional inequalities. To introduce these, we write EP (ϕ, ψ) = ⟨ϕ, (I − P )ψ⟩π
for the Dirichlet form of P , Varπ(ϕ) = Eπ[ϕ

2] − Eπ[ϕ]
2 for the variance of ϕ w.r.t. π, and

Entπ(ϕ) = Eπ[ϕ log ϕ]− Eπ[ϕ] logEπ[ϕ]. With these in hand, we define

1. Spectral Gap: λ(P )
def
= inff ̸=0

E(f,f)
Varπ(f)

2. Modified Log-Sobolev Constant: ρ(P )
def
= inff≥0

E(f,log f)
Entπ(f)

3. Standard Log-Sobolev Constant: κ(P )
def
= inff≥0

E(
√
f,
√
f)

Entπ(f)

Bounds on these constants have the following consequences for the mixing time.

Proposition 1.2.7. For an irreducible reversible Markov chain P on a finite state space Ω
with stationary distribution π, we have the following inequalities:

tmix(P ) ≤ O

(
1

λ(P )
log

1

πmin

)
([LPW17])

tmix(P ) ≤ O

(
1

ρ(P )
log log

1

πmin

)
([BT03])

tmix(P ) ≤ O

(
1

κ(P )
log log

1

πmin

)
([DS96])

We note that bounds on the standard and modified log-Sobolev constants also yield sub-
Gaussian concentration estimates [Goe04; Sam05; BLM16], but we will not need these in
our applications.
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1.2.3 Simplicial Complexes

Garland’s Method We will need the following simple facts, which follow simply by ap-
plying the Law of Total Probability appropriately and using the definition of the local walks
P and local distributions π. Nearly identical equations were first observed and found to be
useful by Garland [Gar73] in the context of understanding cohomology of simplicial com-
plexes. They also lie at the heart of understanding expansion phenomena, in particular local
spectral expansion, in simplicial complexes [Opp18; KO18].

Lemma 1.2.8 ([Opp18]). Given a weighted simplicial complex (X, πd), we may decompose
ΠP as

ΠP = Ex∼πΠxPx.

Proof. We check entry by entry, applying the Law of Total Probability along the way. Note
that the matrices on both sides have zero diagonal and so it suffices to check equality for the
(y, z)-entry, where y ̸= z.

Ex∼π(ΠxPx)(y, z) =
∑
x ̸=y,z

π(x)Πx(y)Px(y, z)

=
∑
x ̸=y,z

· 1

d+ 1
Pr

σ∼πd

[x ∈ σ] · πx(y) ·
πx({y, z})
2πx(y)

(Definition)

=
∑
x̸=y,z

1

d+ 1
Pr

σ∼πd

[x ∈ σ] · 1

d(d− 1)
Pr

σ∼πd

[y, z ∈ σ | x ∈ σ] (Definition)

=
1

d(d+ 1)
· 1

d− 1

∑
x ̸=y,z

Pr
σ∼πd

[x, y, z ∈ σ] (Rearranging)

=
1

d(d+ 1)
Pr

σ∼πd

[y, z ∈ σ] (Law of Total Probability)

= π(y)P (y, z) (Definition)

= (ΠP )(y, z)

Lemma 1.2.9 ([Opp18]). Given a weighted simplicial complex (X, πd), we may decompose
ΠP 2 as

ΠP 2 = Ex∼ππxπ
⊤
x

Proof. The main observation is that the rows of P are precisely the vectors πx, and that the
rows of ΠP are precisely the vectors π(x)πx. The claim immediately follows.

Local-to-Global Theorems As alluded to earlier, one of the beautiful insights of [DK17;
KO18] is that local spectral expansion implies quantitative bounds on the spectral gap of
the down-up walk.
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Theorem 1.2.10 ([AL20]). Let (X, π) be a (γ2, . . . , γd+1)-local spectral expander. Then the
second eigenvalue of the transition probabilty matrix of the down-up walk P∨ is bounded by

λ2(P
∨) ≤ 1− 1

d

d∏
j=2

(1− γj).

Analogous results have also been proved for the decay of entropy [CLV21; GM20; Ali+21].
We state this result here since our main technical result Theorem 2.1.3 is a general method
to obtain local spectral expansion for any weighted simplicial complex.

The above theorem has been used successfully in several prior works [Ana+19; ALO20;
CLV20; Che+21b; Fen+22; Ana+21] to establish polynomial time mixing for various dynam-
ics. However, the exponent of these running times are typically large, depending sensitively
on the constants in the γj. Recently, it was shown that for weighted simplicial complexes
arising from spin systems on bounded-degree graphs, we can do significantly better. We
will need the following to establish optimal mixing times in our applications. We state it
specifically for colorings, as we do not analyze any other spin systems in this dissertation.

Theorem 1.2.11 ([CLV21; Bla+22]). Let (X, π) be a weighted simplicial complex arising
from the uniform distribution over proper list-colorings of a graph G = (V,E) with |V | = n
and maximum degree ∆. If for some constant C independent of n, (X, π) is a (γ2, . . . , γn)-
local spectral expander with γk ≤ C

k
for all k, then the spectral gap, standard and modi-

fied log-Sobolev constants are all ΩC,∆(1/n). In particular, the Glauber dynamics mixes in
OC,∆(n log n) steps.
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Chapter 2

A Matrix Trickle-Down Theorem

2.1 Introduction

In this section, we prove a matrix trickle-down theorem, generalizing Oppenheim’s influential
trickle-down theorem, as a new technique to prove that a high dimensional simplicial complex
is a local spectral expander. The results of this section were previously published in [ALO22].

Previously, we presented a statement of Oppenheim’s trickle-down theorem in Theo-
rem 1.0.2. Here, we present a different statement of the theorem. Recall that given a
weighted simplicial complex (X, τ), for any face τ of co-dimension at least 2, Pτ is the tran-
sition probability matrix of the simple walk on the 1-skeleton on Xτ . When τ is a singleton
{x}, we simplify the notation and write Px for P{x}.

Theorem 2.1.1 (Trickle-Down Theorem [Opp18]). Given a weighted simplicial complex
(X, πd), suppose the following holds:

1. Connectivity: λ2(P ) < 1, i.e. the local walk P is connected/irreducible.

2. Spectral Bound for Links Above: For some 0 ≤ λ ≤ 1/2, we have the bound
λ2(Px) ≤ λ for all i ∈ X(0).

Then the local walk P actually satisfies the spectral bound λ2(P ) ≤ λ
1−λ

.

Remark 2. The original statement in [Opp18] does not have the assumption λ ≤ 1/2, but
the two are completely equivalent, since if λ > 1/2, then λ

1−λ
> 1, making the statement

vacuously true.

This result has already had many applications, such as the construction of bounded-
degree high-dimensional expanders [KO18] and sampling algorithms for matroids [Ana+19;
CGM19; Ana+21] and other combinatorial structures [AL20].

One can easily verify that Theorem 1.0.2 can be derived through an inductive application
of the following theorem. In particular, if the links of faces of co-dimension 2 are (1− δ)/d-
spectral expanders for some 0 < δ ≤ 1, then by applying Theorem 2.1.1 in a totally black-
box fashion, it follows that (X, π) is a (γ2, . . . , γd+1)-local spectral expander where γk ≤

1−δ
d−(k−2)(1−δ)

≤ 1−δ
dδ

for all 2 ≤ k ≤ d + 1. But if the links of faces of co-dimension 2 have

expansion more than 1/d, Oppenheim’s trickle-down theorem fails to give a non-trivial bound
on local spectral expansions. Unfortunately, in many applications, in the worst case, the links
of faces of co-dimension 2 have expansion Θ(1).
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2.1.1 Main Results

Our main technical contribution in this chapter is to provide a framework which significantly
generalizes Theorem 2.1.1, and makes the trickle-down theorem applicable to wider classes
of weighted simplicial complexes, including those arising from proper colorings. One of our
main insights is to replace the hypothesis that λ2(Px) ≤ λ, which merely provides a uniform
bound on all nontrivial eigenvalues of Px, by a matrix bound “Px ⪯ Mx”. The hope is that
the matrix Mx itself can simultaneously be easily bounded, as well as provide information
on where the “bad” eigen-spaces of Px are. So, roughly speaking, although many of the top
dimensional links Pτ ’s may have a constant second eigenvalue, by carefully choosing Mτ ’s
one can “average out” these bad eigen-spaces to show that the link of a lower dimensional
face has small eigenvalues.

Before formalizing this in the following theorem, we need to make an important notational
remark. In the rest of this chapter, for any d-dimensional simplicial complex X, we denote
the distribution on its facets by πd. For every face of co-dimension at least 2, πτ,i is the
probability distribution induced by πd on the faces of dimension i of the link of τ , as defined
in Eq. (1.1). Since we regularly work with probability distributions induced on faces of
dimension 0, in this chapter, we write πτ to denote πτ,0.

Theorem 2.1.2 (Matrix Trickle-Down Theorem [ALO22]). Given a weighted simplicial com-
plex (X, πd), suppose the following holds:

1. Connectivity: λ2(P ) < 1, i.e. the local walk P is connected/irreducible.

2. Generalized Spectral Bound for Links Above: There is a family of symmetric
matrices {Mx}x∈X(0) such that

ΠxPx − απxπ
⊤
x ⪯Mx ⪯ 1

2α + 1
Πx

for all i ∈ X(0).

Then the local walk P actually satisfies the spectral bound ΠP −
(
2− 1

α

)
ππ⊤ ⪯ M , and in

particular λ2(P ) ≤ ρ(Π−1M), where M is any symmetric matrix satisfying M ⪯ 1
2α
Π and

Ex∼πMx ⪯M − αMΠ−1M .

By recursive application of Theorem 2.1.2, we get the following theorem.

Theorem 2.1.3 (Inductive Matrix Trickle-Down Theorem [ALO22]). Let (X, πd) be a totally
connected weighted simplicial complex. Suppose {Mτ ∈ RX(0)×X(0)}τ∈X(≤d−2) is a family of
symmetric matrices satisfying the following:

1. Base Case: For every τ of co-dimension 2, we have the spectral inequality

ΠτPτ − 2πτπ
⊤
τ ⪯Mτ ⪯ 1

5
Πτ .

2. Recursive Condition: For every τ of co-dimension at least k ≥ 3, Mτ satisfies

Mτ ⪯ k − 1

2k − 1
Πτ and Ex∼πτMτ∪{x} ⪯Mτ −

k − 1

k − 2
MτΠ

−1
τ Mτ .
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Then λ2(Pτ ) ≤ ρ(Π−1
τ Mτ ) for all τ ∈ X(≤ d− 2), where ρ represents the spectral radius. In

particular, (X, π) is a (γ2, . . . , γd+1)-local spectral expander with γk = maxτ∈X(d−k) ρ(Π
−1
τ Mτ ).

Remark 3. Typically, it is not difficult to construct some family of matrices {Mτ} satisfying
the assumptions of Theorem 2.1.3. The key challenge is choose Mτ ’s such that one can
bound ρ(Π−1

τ Mτ ) ≤ O(1/ codim(τ)). One of our second key insights is that the matrices Mτ

can be designed to have convenient sparsity patterns depending on (X, πd) which allow for
straightforward bounds on ρ(Π−1

τ Mτ ). For instance, in our application to proper colorings,
our matrices Mτ will have rows and columns corresponding to vertex-color pairs vc, and
they will be supported on the “proper coloring constraints”, namely pairs uc, vc′ of vertex-
color pairs where the vertices u, v are neighbors and the two colors c, c′ are identical. We
demonstrate the usefulness of this approach on sampling proper colorings in graphs below.

2.2 Proof of Oppenheim’s Trickle-Down Theorem via

Matrix Trickle-Down Theorem

To see that theorem Theorem 2.1.2 theorem generalizes Theorem 2.1.1, note that if λ2(Px) ≤
λ ≤ 1/2 for all i ∈ X(0) thenMx = λΠx, α = 1−λ, andM = λ

1−λ
Π satisfies the assumptions

of the above theorem; in particular,

Mx = λΠx ≤ 1

2(1− λ) + 1
Πx =

1

2α + 1
Πx (λ ≤ 1/2)

ΠxPx − (1− λ)πxπ
⊤
x ⪯ λΠx =Mx (λ2(Px) ≤ λ and πxPx = πx)

M =
λ

1− λ
Π ⪯ 1

2(1− λ)
Π =

1

2α
Π (λ < 1/2)

Ex∼πMx = λEx∼πΠx = λΠ

=
λ

1− λ
Π− (1− λ)

(
λ

1− λ

)2

Π

=M − αMΠ−1M.

So, assuming connectivity of P , we get λ2(P ) ≤ ρ(Π−1M) = λ
1−λ

from Theorem 2.1.2 as
desired.

2.3 Proof of Matrix Trickle-Down Theorem

Let us now prove Theorem 2.1.2. To do this, we first need the following lemma.

Lemma 2.3.1. Let (X, πd) be a weighted simplicial complex. Suppose for a symmetric matrix
M and an α ≥ 1/2, the matrix inequalities M,ΠP −

(
2− 1

α

)
ππ⊤ ⪯ 1

2α
Π hold and

ΠP − αΠP 2 ⪯M − αMΠ−1M (2.1)

Then we have the bound ΠP −
(
2− 1

α

)
ππ⊤ ⪯M .
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Proof. Our goal is to apply Lemma 1.2.3 to suitably chosen A,B. Define Q = P −(
2− 1

α

)
1π⊤. A quick calculation shows that Q − αQ2 = P − αP 2, and so by multiply-

ing both sides of Eq. (2.1) by Π−1/2, we see that Eq. (2.1) is equivalent to

Π1/2QΠ−1/2 − αΠ1/2Q2Π−1/2 ⪯ Π−1/2MΠ−1/2 − αΠ−1/2MΠ−1MΠ−1/2

Taking A = Π1/2QΠ−1/2 and B = Π−1/2MΠ−1/2, we see by assumption that A,B are
symmetric matrices satisfying A,B ⪯ 1

2α
I and A(I − αA) ⪯ B(I − αB). It follows by

Lemma 1.2.3 that A ⪯ B, which is equivalent to ΠP −
(
2− 1

α

)
ππ⊤ = ΠQ ⪯ M as desired.

With this lemma in hand, let us now prove Theorem 2.1.2.

Proof of Theorem 2.1.2. The conclusion follows immediately from Lemma 2.3.1, and so it
suffices to verify the conditions of the lemma. By assumption, we already have M ⪯ 1

2α
Π.

Furthermore, ΠxPx−απx,0π⊤
x,0 ⪯Mx ⪯ 1

2α+1
Πx implies that λ2(Px) ≤ 1

2α+1
. Since λ2(P ) < 1,

by Theorem 2.1.1 (the original trickle-down Theorem), λ2(P ) ≤ 1
2α
. Combined with the

inequality 2− 1
α
≥ 1− 1

2α
, which holds since α ≥ 1/2, it follows that ΠP−

(
2− 1

α

)
π0π

⊤
0 ⪯ 1

2α
Π.

All that remains is to verify Eq. (2.1). Observe that

ΠP = Ex∼πΠxPx (Lemma 1.2.8)

⪯ Ex∼π

[
απxπ

⊤
x +Mx

]
(Assumption)

= αΠP 2 + Ex∼πMx (Lemma 1.2.9)

⪯ αΠP 2 +M − αMΠ−1M (Assumption)

Rearranging, we obtain that ΠP − αΠP 2 ⪯M − αMΠ−1M as desired.

2.4 A Slight Extension of Matrix Trickle-Down Theo-

rem

Next, we prove an extension of the matrix trickle-down method to take into account when
simplicial complexes factor as products of smaller complexes. This will be useful in the
context of proper colorings when the input graph is broken into several connect components
by coloring some of the vertices.

Given two pure simplicial complexes X, Y of dimensions dX , dY respectively with disjoint
ground sets, we may form another pure simplicial complex Z of dimension-dZ for dZ :=
dX + dY + 1 called the product X × Y of X, Y by taking the ground set of X × Y to
be the disjoint union of the ground sets of X, Y , taking the facets of X × Y to be of
the form τ ∪ σ, where τ, σ are facets of X, Y respectively, and then taking downwards
closure. If πX,dX , πY,dY are distributions on the facets of X, Y respectively, we then form
corresponding product distribution πZ,dZ = πX,dX × πY,dY on the facets of X × Y by taking
πZ,dZ (τ ∪ σ) = πX,dX (τ) · πY,dY (σ) for facets τ, σ of X, Y respectively.
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Lemma 2.4.1. Given a weighted simplicial complex (Z, πZ,dZ ) = (X × Y, πX,dX × πY,dY ), we
may decompose PZ,∅ into PX,∅, PY,∅ via the formula

PZ − dZ + 1

dZ
1π⊤

Z =

dX
dZ

(
PX − dX+1

dX
1π⊤

X

)
0

0 dY
dZ

(
PY − dY +1

dY
1π⊤

Y

)
where we put a zero matrix for PX if dX = 0 (and similarly for PY ). In particular, ifMX ,MY

are symmetric matrices satisfying ΠXPX − dX+1
dX

πXπ
⊤
X ⪯MX and ΠY PY − dY +1

dY
πY π

⊤
Y ⪯MY

(we let MX = 0 if dX = 0, and similarly MY = 0 if dY = 0), then

ΠZPZ − dZ + 1

dZ
πZπ

⊤
Z ⪯

[
dX(dX+1)
dZ(dZ+1)

MX 0

0 dY (dY +1)
dZ(dZ+1)

MY

]
Proof. Let x ∈ X(0) and y ∈ Y (0). Then,

PZ(x, y) =
Eq. (5.1)

1

dZ
Pr

σ∼πZ,dZ

[y ∈ σ | x ∈ σ] =
By independence

1

dZ
Pr

σ∼πZ,dZ

[y ∈ σ] =
Eq. (1.1)

dZ + 1

dZ
πZ(y).

Therefore (PZ−dZ+1
dZ

1π⊤
Z )(x, y) = 0 for all x ∈ X(0), y ∈ Y (0) ( similarly (PZ−dZ+1

dZ
1π⊤

Z )(y, x) =
0). For x, x′ ∈ X(0), if x ̸= x′, by Eq. (5.1) we have

PZ(x, x
′) =

1

dZ
Pr

σ∼πZ,dZ

[x′ ∈ σ | x ∈ σ] =
1

dZ
Pr

σ∼πX,dX

[x′ ∈ σ|x ∈ σ] =
dX
dZ
PX(x, x

′).

If x = x′, then PZ(x, x) = dX
dZ
PX(x, x) = 0 by definition of the local random walk. Note

that, if dX = 0, PX(x, x
′) is defined to be 0 by the statement of the theorem. Furthermore,

for x, x′ ∈ X(0), by Eq. (1.1)

1π⊤
Z (x, x

′) =
1

dZ + 1
Pr

σ∼πZ,dZ

[x′ ∈ σ] =
1

dZ + 1
Pr

σ∼πX,dX

[x′ ∈ σ] =
dX + 1

dZ + 1
1π⊤

Z (x, x
′).

Putting these together, (PZ− dZ+1
dZ

πZπ
⊤
Z )(x, x

′) =
(

dX
dZ

(PX − dX+1
dX

1π⊤
X)
)
(x, x′) for all x, x′ ∈

X(0). One can see that a similar statement holds for the lower-right block. This finishes the
proof of the first part. To get the second part, it is enough to note that when dX = 0, on
the X(0)×X(0) block of PZ − dZ+1

dZ
1π⊤

Z we have −dX+1
dZ

1π⊤
X ⪯ 0.

Theorem 2.4.2 ([ALO22]). Let (X, πd) be a totally connected weighted complex. Suppose
{Mτ ∈ RX(0)×X(0)}τ∈X(≤d−2) is a family of symmetric matrices satisfying the following:

1. Base Case: For every τ of co-dimension 2, we have the spectral inequality

ΠτPτ − 2πτπ
⊤
τ ⪯Mτ ⪯ 1

5
Πτ .

2. Recursive Condition: For every τ of co-dimension at least k ≥ 3, at least one of
the following holds: Mτ satisfies

Mτ ⪯ k − 1

3k − 1
Πτ and Ex∼πτMτ∪{x} ⪯Mτ −

k − 1

k − 2
MτΠ

−1
τ Mτ . (2.2)

25



Or, (Xτ , πτ,k−1) is a product of weighted simplicial complexes (Y1, µ1), . . . , (Yt, µt) and
for every η ∈ Xτ (k − 1),

Mτ =
⊕

1≤i≤t:dYi≥1

dYi
(dYi

+ 1)

k(k − 1)
Mτ∪η−i

,

where η−i = η \ Yi(0).

Then for every τ ∈ X(≤ d− 2), we have the bound λ2(ΠτPτ ) ≤ ρ(Π−1
τ Mτ ).

Proof. Apply Theorem 2.1.2 and Lemma 2.4.1 inductively.
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Chapter 3

Application of Matrix Trickle-Down
in Sampling Graph Colorings

3.1 Introduction

In this section, we apply the matrix trickle-down theorem to show that the natural Glauber
dynamics for sampling graph colorings mixes in polynomial time, in a previously unsolved
regime. The results of this section were previously published in [ALO22].

Given an (undirected) graph G = (V,E) with n = |V | vertices and with maximum degree
∆ ≥ 1 can we generate a uniformly random proper coloring of vertices of G using q colors?
For q ≤ ∆, there is no efficient algorithm (in the sense of an FPRAS) to approximately count
proper q-colorings (at least when q is even) unless NP = RP, even for ∆-regular graphs which
are triangle-free [GŠV15]. This fundamental question in the field of counting and sampling
has puzzled researchers for decades. One can study a natural Markov Chain (MC), known as
the Glauber dynamics, to generate a random proper coloring: Given a proper vertex coloring
of G, choose a uniformly random vertex v ∈ G and re-color v, namely choose a uniformly
random color which is not present in any of the neighbors of v.

It is not hard to see that for q ≥ ∆+2 this chain is irreducible and has unique stationary
distribution which is uniform over all proper colorings of G. It is conjectured that the
Glauber dynamics mixes in time O(n log n) for q as low as ∆ + 2 but despite significant
attempts we are still very far from proving this conjecture.

To this date, the best known result for general graphs is due Chen, Delcourt, Moitra,
Perarnau and Postle [Che+19] who show that the Glauber dynamics mixes in polynomial
time for q ≥ (11/6 − ϵ)∆ for some universal constant ϵ > 0; this slightly improves on the
classical works of Jerrum and Vigoda [Jer95; Vig99] which bounds the mixing time by a
polynomial in n for q ≥ (11/6)∆.

Most of the recent analyses of the Glauber dynamics are focused on “locally sparse”
graphs [HV03; Mol04; HV05; FV06; FV07; HVV07; Dye+13; Che+21b; Fen+22] where it
was typically shown how to break the 11/6 barrier bound when the underlying graph has a
large girth. We note that these assumptions are typically very strong as it can be seen that
triangle graph free graphs can be colored with as little as O(∆/ log∆) many colors [Joh96].

The results on locally sparse graphs typically exploit (strong) correlation decay properties:
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Roughly speaking, they imply that if we color a vertex v with a color c, then the marginal
probability of coloring a “far away” vertex u with a color c′ does not change, or changes
very mildly. Although it is conjectured that vertex coloring exhibits correlation decay, more
formally known as “strong spatial mixing” property, for q ≥ ∆+ O(1), to this date, we are
lacking techniques to establish such a statement (see e.g., [GMP05; Yin14; GKM15; Eft+19]).
In this chapter, we study random proper edge coloring of graphs, which equivalently can be
seen as a random proper vertex coloring of line graphs. Unlike most recent trends which
focus on sparse graphs with large girths, line graphs are very dense locally as they contain
induced cliques of size Ω(∆). To the best of our knowledge, prior to our result, the only result
on edge coloring which goes significantly beyond the 11/6 barrier is recent work of Delcourt,
Heinrich and Perarnau [DHP20] which shows that the Glauber dynamics mixes rapidly when
the underlying graph is a tree and q ≥ ∆+ 1. Note that for a graph with maximum degree
∆, the maximum degree of the line graph could be as large as 2∆. Therefore, with the 11/6
barrier, one would need q ≥ 11/3∆ to guarantee polynomial mixing for all edge coloring
instances.

3.1.1 Main Results

In our main theorem we prove that the aforementioned barrier can be broken for edge coloring
of any graph with maximum degree ∆.

Theorem 3.1.1 (Main [ALO22]). Let G = (V,E) be a graph of maximum degree ∆. For any

0 < ϵ ≤ 1
10

such that ln2 ∆
∆

≤ ϵ3

15
, and any collection of color lists L = {L(e)}e∈E satisfying

|L(e)| ≥ ∆(e) + (4/3 + 4ϵ)∆ where ∆(e) is the number of neighbors of e in the line graph
of G, the spectral gap of the Glauber dyanmics for sampling proper L-edge-list-colorings on
G is Ω(n−O(1/ϵ)), so the mixing time is O(nO(1/ϵ)). Furthermore, if ∆ ≤ O(1), the modified
and standard log-Sobolev constants are Ωϵ,∆(1/n).

We remark that our general mixing time bound has no dependence on ∆ or q. So, the
algorithm runs in polynomial time even for graphs of unbounded degree.

In a second contribution we show that for any list vertex coloring instance where G is
a tree with max degree ∆, and the size of the list of every vertex v is at least ∆(v) + ϵ∆
for ϵ = Ω( ln∆√

∆
) the Glauber dyanics mixes rapidly and generates a uniformly random vertex

coloring of G.

Theorem 3.1.2. Let G = (V,E) be a tree of maximum degree ∆. For any 0 < ϵ ≤ 1 such that
ln2 ∆
∆

≤ ϵ2

100
and any collection of color lists L = {L(v)}v∈V satisfying |L(v)| ≥ ∆(v) + ϵ∆,

the spectral gap of the Glauber dynamics for sampling proper L-vertex-list-colorings on G is
Ω(n−O(1/ϵ)), therefore the mixing time is O(nO(1/ϵ)). Furthermore, if ∆ ≤ O(1), the modified
and standard log-Sobolev constants are Ωϵ,∆(1/n).

The above theorem, although it is not as strong as [MSW04], shows that Glauber dy-
namics mixes rapidly even when we have a list coloring problem on a tree and furthermore
it gives a possible avenue to exploit our techniques to prove that Glauber dynamics mixes
rapidly on any graph when q ≥ (1 + ϵ)∆. We expect that upon further investigation our
techniques can be coupled with the extensive literature on random proper colorings of graphs
with large girth to break the 11/6− ϵ barrier.
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To establish the above results, we view the Glauber dynamics as a high dimensional walk
on a simplicial complex and we prove that this complex is a local spectral expander. As
discussed in Section 1.2.3, by local-to-global theorems, local spectral expansion immediately
implies a bound on the spectral gap of the Glauber dynamics and therefore on its mixing
time. Given a graph G and a set of q colors, we build a simplicial complex called the
coloring complex as follows: We let each facet in X be a set of vertex color pairs that
corresponds to a proper coloring of the vertices of G. The edge-coloring complex of a graph
G is the vertex-coloring complex of the line graph of G. With this definition in hand, the
Glauber dynamics can be viewed as a walk on the facets of the coloring complex X. Unlike
recent developments [ALO20; Che+21b; Fen+22; CLV20; CLV21; Fri+21] that exploit the
correlation decay property to prove local spectral expansion, we use the matrix trickle-down
theorem to bound the local spectral expansion of this complex. We expect our technique
to find more applications in analysis of Markov chains as well as in other applications of
simplicial complexes.

We remark that recently, building on this work, [WZZ24] used the matrix trickle-down
theorem to prove that the Glauber dyanmics for sampling proper vertex colorings of line
graphs with n vertices and maximum degree ∆ mixes in time O∆(n log n) when the number
of available colors satisfies q ≥ (1 + o(1))∆.

3.1.2 Related Prior Work

Sampling uniformly random proper colorings of bounded-degree graphs is a well-studied
problem going back to the 1990s [Jer95; SS97; Vig99] with applications to statistical physics.
As alluded to before, nearly all prior results showing rapid mixing of the Glauber dynamics
for this problem used variants of the coupling method or the correlation decay property.

Another method of attack for graph coloring is based on deterministic algorithms where
one typically exploits Weitz’s elegant algorithmic framework [Wei04] based on the strong
spatial mixing or the Barvinok’s polynomial interpolation method [Sok01; GK12; LY13;
LSS19; Ben+21].

Recently, it was observed [ALO20; Che+21b; Fen+22] that the perspective of high-
dimensional expanders, and in particular local spectral expansion, yields powerful new meth-
ods to obtain rapid mixing for multi-state spin systems. These results crucially relied on
the correlation decay property to bound the local spectral expansion of desired distribution.
Specifically, for colorings, [Che+21b; Fen+22] showed that the correlation decay results of
[GKM15] give strong local spectral expansion bounds for proper colorings on triangle-free
graphs when q > α∆, where α ≈ 1.763 < 2 is a constant. They concluded rapid mixing of
the Glauber dynamics in this regime, a result that seems difficult to obtain using coupling
arguments.

However, despite the power of this approach, the main difficulty is that obtaining correla-
tion decay for proper colorings is extremely challenging. Along this line, our main technical
theorem deviates from this recent trend as we directly bound the local spectral expansion of
the underlying complex by induction instead of appealing to the correlation decay property.
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3.2 Preliminaries

Notational Remark In this chapter, for any d-dimensional simplicial complex X, we
denote the distribution on its facets by πd. For every face of co-dimension at least 2, πτ,i
is the probability distribution induced by πd on the faces of dimension i of the link of τ ,
as defined in Eq. (1.1). Since we regularly work with probability distributions induced on
0-dimensional faces, in this chapter we write πτ to denote πτ,0.

Matrices and Vectors Given a set S, we write v ∈ RS and A ∈ RS×S to respectively
denote a vector and a matrix indexed by S. We see a probability distribution p over a set
S as a vector p ∈ RS

≥0. For any matrix A ∈ RS×S and any S ′ ⊆ S, AS′ ∈ RS×S is defined

to be AS′
(x, y) = A(x, y) for x, y ∈ S ′, and 0 on all other entries. We say a matrix A is

diagonal if A(x, y) = 0 whenever x ̸= y. We say matrix A ∈ RS×S is hollow if A(x, x) = 0 for
all x ∈ S. For any matrix A define A+ as A+(x, y) := max{0, A(x, y)} and A− := A − A+.
Furthermore, diag(A) is a diagonal matrix whose diagonal elements match those of A, i.e.
A(x, x) = diag(A)(x, x). We define off-diag(A) := A− diag(A).

Graphs Fix a graph G = (V,E). We denote the degree of each vertex v by ∆G(v) and
the maximum degree of the graph by ∆G. Let nG := |V | and mG := |E|. Furthermore, let
G[U ] be the induced subgraph of G on U ⊆ V . We may drop the subscripts when it is clear
from context. For any u, v ∈ V , we write u ∼ v if {u, v} ∈ E. Furthermore, for any e ∈ E,
we write e ∼ v whenever vertex v is an endpoint of e, and for an edge f ̸= e we write e ∼ f
when e and f share an endpoint. For an edge e = {u, v}, define ∆(e) as the number of edges
that share an endpoint with e, i.e. ∆(e) := ∆(u)+∆(v)−2. The line graph L(G) of a graph
G is defined as follows: every vertex in L(G) corresponds to an edge in G and there is an
edge between two vertices in L(G) if their corresponding edges in G share an endpoint.

Coloring Complexes of Disconnected Graphs A natural example of product of sim-
plicial complexes is the vertex-coloring complex of a disconnected graph. Say G = (V,E) is a
graph with n vertex and ℓ connected components G[U1], . . . , G[Uℓ] and associated complexes
X1, . . . Xℓ. If (X, πn−1) is the complex associated with G and πn−1 is the uniform distribution
over its facets, then we can write (X, πn−1) = (X1, µ1)×· · ·×(Xl, µℓ), where µi is the uniform
distribution over facets of Xi. Suppose we have associated a matrix Aτ ∈ RX(0)×X(0) to any
non-empty face τ of co-dimension at least 2 and assume that for any 1 ≤ i ≤ ℓ, when τ−i

and σ−i are two arbitrary colorings of all connected components except i, then Aτ−i
= Aσ−i

.
We associate a block-diagonal matrix

f×(X, {Aτ}∅⊊τ∈X(≤n−3)) :=
∑

1≤i≤ℓ:|Ui|̸=1

Aτ−i
.

When X is the edge-coloring complex of a graph G, it is the vertex-coloring complex of the
line graph of G, therefore f×(X, {Aτ}∅⊊τ∈X(≤n−3)) is given by the above definition.

30



3.3 Vertex Coloring

Fix an integer q and graph G = (V,E) and a function L that maps each v ∈ V to a subset
of [q]. We call (G,L) a vertex-list-coloring instance. For any u, v ∈ V , we write u ∼c v
when u ∼ v and c ∈ L(u)∩L(v). Furthermore, we define a β-extra color vertex-list-coloring
instance as follows.

Definition 4. We say a vertex-list-coloring instance (G,L) is a β-extra-color instance if for
each v ∈ V , |L(v)| ≥ β +∆G(v).

We call an assignment σ : V → [q] a L-vertex-list-coloring of G if σ(v) ∈ L(v) for all
v ∈ V ; we say σ is proper if σ(u) ̸= σ(v) whenever u ∼ v. When it is clear from context we
say σ is a proper coloring to mean it is a proper L-vertex-list-coloring. We say τ is proper
partial coloring on U ⊂ V when it is a proper L|U -vertex-list-coloring for G[U ]. We may view
list-colorings σ as sets of vertex-color pairs (v, c), which we denote by vc for convenience.
When the graph G and color lists L are clear from context, we write πn−1 for the uniform
distribution over proper L-vertex-list-coloring of G = (V,E). For a proper partial coloring
on U ⊂ V , v ∈ V \ U and c ∈ L(v), define

p(vc|τ) := Pσ∼πn−1(σ(v) = c|∀u ∈ U : σ(u) = τ(u)).

In order to analyze the Glauber dynamics for an vertex-list-coloring instance (G,L), we can
build an (n− 1)-dimensional simplicial complex such that the down-up walk on its facets is
the same as the Glauber dynamics on (G,L). Our aim is to apply Theorem 2.4.2 to bound
the second eigenvalue of the transition probability matrix of the local walks and then use ??
to bound the second eigenvalue of the transition probability matrix of the global down-up
walk on the facets.

Definition 5 (Simplicial Complex of a Vertex-List-Coloring Instance). Given a vertex-list-
coloring instance (G,L), let X(G,L) be a pure (n− 1)-dimensional simplicial complex spec-
ified by the following facets: {(v, σ(v))}v∈V is a facet if and only if σ is a proper L-vertex-
list-coloring for G.

When it is clear from context, we abbreviate X(G,L) to X. Note that for all 0 ≤ k ≤ n,
any face τ of co-dimension k is a proper partial coloring on a subset of vertices U of size
n− k, i.e., k vertices remain uncolored. Furthermore, Xτ (0) can be seen as the set of all vc
such that c ∈ L(v), v /∈ U and for any u ∼ v, uc /∈ τ . We define Vτ := {v : ∃c, vc ∈ Xτ (0)}.
Let Gτ := G[Vτ ] and ∆τ (.) be the degree function of Gτ and ∆τ be its maximum degree. We
define Lτ (v) := {c ∈ L(v) : vc ∈ Xτ (0)} to be the list of remaining colors available to v after
coloring vertex u with c for each uc ∈ τ . Let lτ (v) := |Lτ (v)| and lτ (u, v) := |Lτ (u)∩Lτ (v)|.
We write v ∼τ,c u for vertices v, u when v ∼ u and c ∈ Lτ (v) ∩ Lτ (u). Furthermore, for
U ⊆ V \ Vτ , let τ |U := {vc ∈ τ : v ∈ U}.

3.3.1 Diagonal Matrix Bounds

To demonstrate the essence of our approach better, we start by restricting our attention to
when the matrix bounds {Mτ}τ∈X:codim(τ)≥2 in Theorem 2.4.2 are diagonal matrices. Using
diagonal matrix bounds, we analyze the Glauber dynamics for (1 + ϵ)∆-extra-color vertex-
list-coloring instances.
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Theorem 3.3.1. Suppose (G,L) is a (1 + ϵ)∆-extra-color vertex-list-coloring instance for an

0 < ϵ ≤ 1 such that ln(∆)+2
∆

≤ ϵ2

40
, and let (X, πn−1) be its associated weighted simplicial

complex. For any 2 ≤ k ≤ n and τ ∈ X of co-dimension k we have λ2(Pτ ) ≤
5
2ϵ

k−1
.

Combined with local-to-global theorems (Theorems 1.0.1 and 1.2.11), this yields a mixing
time of O(n log n) for bounded-degree graphs, and nO(1/ϵ) in general, in this setting where
we have at least (1 + ϵ)∆ additional colors available to each vertex. Again, we emphasize
that this mixing result in itself is not new; a simple coupling argument can already recover
O(n log n) mixing for (∆+1)-extra-color vertex-list-coloring instances. However, we will see
later on how our proof technique can be used to obtain new mixing results for sampling
edge colorings which, to the best of our knowledge, cannot be recovered via simple coupling
arguments.

To prove the above statement, first for any τ of co-dimension 2, we find a diagonal matrix
Fτ such that ΠτPτ ⪯ 2πτπ

⊤
τ + ΠτFτ . Then, for all τ of co-dimension at least 3, we apply

Theorem 2.4.2 toMτ = ΠτFτ

k−1
to find a sufficient condition on the diagonal matrix Fτ based on

matrices Fτ ′ for faces τ ⊊ τ ′, to get λ2(Pτ ) ≤ ρ(Fτ )
k−1

. To find Fτ for faces τ of co-dimension 2,
we state a more general proposition that is also useful for approaches that use non-diagonal
matrix bounds.

Proposition 3.3.2. Given a vertex-list-coloring instance (G,L), consider the weighted complex
(X, πn−1). For any face τ of co-dimension 2 such that Gτ = ({u, v}, {uv}) is connected we
have,

ΠτPτ − 2πτπ
⊤
τ ⪯

√
ΠτM̃τ

√
Πτ , (3.1)

where M̃τ is a block diagonal matrix with a block M̃ c
τ for every color c such that

M̃ c
τ =

 1
(lτ (u)−1)(lτ (v)−1)

−1√
(lτ (u)−1)(lτ (v)−1)

−1√
(lτ (u)−1)(lτ (v)−1)

1
(lτ (u)−1)(lτ (v)−1)


and all other entries are 0.

Proof. For clarity, we drop τ from all notation in the proof. Write M̃ = M̃d + M̃o, where
M̃d = diag(M̃) and M̃o = off-diag(M̃). First observe that for c ∈ L(u),

π(uc) =

{
l(v)−1

2(l(u)l(v)−l(u,v))
if c ∈ L(u) ∩ L(v)

l(v)
2(l(u)l(v)−l(u,v))

otherwise

and a similar identity holds for any c ∈ L(v). Also, observe that

ΠP =
J − Ju − Jv

2(l(u)l(v)− l(u, v))
+
√
ΠM̃o

√
Π,

where J, Ju, Jv are the all-ones matrix, all-ones matrix on uc rows/columns and all-ones

matrix on vc rows/columns, respectively. So, subtracting M̃o from both sides of (3.1) and
multiplying by 2(l(u)l(v)− l(u, v)) it is enough to show

J − Ju − Jv − 4(l(u)l(v)− l(u, v))ππ⊤ ⪯ 2(l(u)l(v)− l(u, v))
√
ΠM̃d

√
Π =: Nd (3.2)
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Write ℓ = l(v)1u + l(u)1v. Also, let s ∈ Rl(u)+l(v) where s(xc) = 1 if c ∈ L(u) ∩ L(v) and
s(xc) = 0 otherwise for x ∈ {u, v}. Then, by Fact 1.2.2 we can write,

4(l(u)l(v)− l(u, v))ππ⊤ =
(ℓ− s)(ℓ− s)⊤

l(u)l(v)− l(u, v)
⪰︸︷︷︸

Fact 1.2.2

ℓℓ⊤ + ss⊤ − 1
2
ℓℓ⊤ − 2ss⊤

l(u)l(v)− l(u, v)

⪰ ℓℓ⊤

2l(u)l(v)
− ss⊤

l(u)l(v)− l(u, v)

Plugging this into (3.2) it is enough to show that

J − Ju − Jv +
ss⊤

l(u)l(v)− l(u, v)
= 1u1v⊤ + 1v1u⊤ +

ss⊤

l(u)l(v)− l(u, v)
⪯ ℓℓ⊤

2l(u)l(v)
+Nd

(3.3)

First, observe that by another application of Fact 1.2.2, l2(v)1u1u⊤+l2(u)1v1v⊤ ⪰ l(u)l(v)(1u1v⊤+
1v1u⊤). So,

ℓℓ⊤

2l(u)l(v)
=

(l(v)1u + l(u)1v)(l(v)1u + l(u)1v)⊤

2l(u)l(v)
⪰ 1u1v⊤ + 1v1u⊤

Let I∩ ∈ R(l(u)+l(v))×(l(u)+l(v)) be the identity matrix only on entries xc, xc where x ∈ {u, v}
and c ∈ L(u) ∩ L(v). Finally, (3.3) simply follows from the fact that

ss⊤

l(u)l(v)− l(u, v)
⪯ l(u, v)

l(u)l(v)− l(u, v)
I∩ ⪯ Nd

where the first inequality uses that the only non-zero rows of ss⊤ correspond to a common
color and the sum of the entries of any such row is exactly l(u, v) and the last inequality

uses that l(u,v)
l(u)l(v)−l(u,v)

≤ 1
max{l(u),l(v)}−1

and that Nd(uc, uc) = 1
l(u)−1

, Nd(vc, vc) = 1
l(v)−1

if

c ∈ L(u) ∩ L(v) and it is zero otherwise.

Note that in the above proposition, M̃τ ⪯ ( 1
β
+ 1

β2 )I
Xτ (0), which gives us the diagonal

matrix Fτ for any τ of co-dimension 2 such that Gτ is connected. Now, using Theorem 2.4.2,
we derive a set of sufficient conditions on the family {Fτ}τ∈X:codim(τ)≥2 to get λ2(Pτ ) ≤ ρ(Fτ )

k−1

for all τ of co-dimension 2 ≤ k ≤ n.

Proposition 3.3.3. Given a β-extra-color vertex-list-coloring instance (G,L), with correspond-
ing weighted simplicial complex (X, πn−1), suppose {Fτ ∈ RX(0)×X(0)}τ∈X:codim(τ)≥2 is a family
of diagonal matrices supported on Xτ (0)×Xτ (0) such that Fτ = f×(Xτ , {Fτ∪σ}∅⊊σ∈Xτ (≤codim(τ)−3))
if Gτ is disconnected and otherwise,

1. For all τ of co-dimension 2: Fτ (vc, vc) =
1
β
+ 1

β2 for all vc ∈ Xτ (0).

2. For all τ of co-dimension k ≥ 3: Fτ ⪯ (k−1)2

3k−1
IXτ (0) and for all vc ∈ Xτ (0)∑

uc′∈Xτ∪vc(0)

p(uc′|τ ∪ vc)Fτ∪uc′(vc, vc) ≤ (k − 2)Fτ (vc, vc)− F 2
τ (vc, vc).
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Then, for all k ≥ 2 and τ of co-dimension k, λ2(Pτ ) ≤ ρ(Fτ )
k−1

.

Proof. We prove that the conditions of Theorem 2.4.2 hold for Mτ := ΠτFτ

k−1
for any face

τ of co-dimension at least 2. The desired condition holds for any τ of co-dimension 2
by Proposition 3.3.2. Now, let k ≥ 3. First assume that Gτ is disconnected with con-
nected components Gτ [U1], . . . , Gτ [Uℓ] and associated complexes Y1, . . . Yℓ. We can write
(X, πτ,k−1) = (Y1, µ1)× · · · × (Yℓ, µℓ), where µi is the uniform distribution over facets of Yi.
For an α ∈ Xτ (k − 1) let α−i := α \ α|Ui

. Therefore,

∑
1≤i≤ℓ:dYi≥1

dYi
(dYi

+ 1)

(k − 1)k
Mτ∪α−i

=
def of Mτ∪α−i

∑
1≤i≤ℓ:dYi≥1

dYi
(dYi

+ 1)

(k − 1)k

Πτ∪α−i

dYi

Fτ∪α−i

=
∑

1≤i≤ℓ:dYi≥1

(Πτ )
Xτ∪α−i (0)

Fτ∪α−i

k − 1
=

def of Fτ

ΠτFτ

k − 1
=Mτ

as desired.
Now, assume that Gτ is connected. Note that since each entry of Fτ is at most (k−1)2

3k−1
,

we have Mτ ⪯ k−1
3k−1

Πτ . Therefore, it only remains to show that Evc∼πτMτ∪vc ⪯ Mτ −
k−1
k−2

MτΠ
−1
τ Mτ . This is equivalent to showing that

Π−1
τ Euc′∼πτ

[
Πτ∪uc′

Fτ∪uc′

k − 2

]
⪯ Fτ

k − 1
− F 2

τ

(k − 2)(k − 1)
.

One can check that

Euc′∼πτ

[
Π−1

τ Πτ∪uc′
Fτ∪vc

k − 2

]
(vc, vc) =

∑
uc′∈Xτ∪vc(0)

p(uc′|τ ∪ vc)Fτ∪uc′(vc, vc)

(k − 1)(k − 2)
.

Therefore, it is enough that∑
uc′∈Xτ∪vc(0)

p(uc′|τ ∪ vc)Fτ∪uc′(vc, vc)

(k − 1)(k − 2)
≤ Fτ (vc, vc)

k − 1
− F 2

τ (vc, vc)

(k − 1)(k − 2)
,

which holds by assumption.

Now, to complete the proof of Theorem 3.3.1 it only remains to find {Fτ}τ∈X(≤n−2) that
satisfies the above conditions. The proof can be found in the Appendix A. Let us remark
why we need the assumption β > ∆ in this proof. Consider the worst case example, where G
is a complete graph with ∆+ 1 vertices. In that case, by symmetry, Fτ (vc, vc) =

1
β
+ 1

β2 for

all faces of co-dimension 2, and every matrix Fτ is a multiple of identity on Xτ (0)×Xτ (0).
So, the conditions on Fτ reduces to the following systems of inequalities:

(k − 1)f(k − 2) ≤ (k − 2)f(k − 1)− f(k − 1)2 ∀3 ≤ k ≤ ∆, f(1) =
1

β
+

1

β2
.

It is not hard to see that such a system does not have a solution up to k = ∆ + 1 when
β ≤ ∆.
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3.3.2 Vertex-List-Coloring for Trees Using Non-Diagonal Matrix
Bounds

By allowing the matrix bounds {Mτ}τ∈X:codim(τ)≥2 in Theorem 2.4.2 to be non-diagonal
matrices, one can hope to get a tighter result. In this section, for any constant ϵ > 0
we analyze the Glauber dynamics for ϵ-extra-color vertex-List-Coloring instances when the
graph is a tree.

Theorem 3.3.4. Consider an arbitrary constant ϵ > 0 and a ϵ∆-extra-color vertex-list-coloring

instance (G,L) such that G is a tree and ln2(∆)
∆

≤ ϵ2

100
. For the weighted simplicial complex

(X, πn−1), any 2 ≤ k ≤ n and τ ∈ X of co-dimension k we have λ2(Pτ ) ≤
1
20

+ 1
ϵ

k−1
.

For any k ≥ 2 and τ of co-dimension at least k, assume that Mτ is of the form

Mτ = Πτ
Fτ

k − 1
+
√

Πτ
Aτ

k − 1

√
Πτ ,

for a diagonal matrix Fτ and a hollow matrix Aτ . The goal is to find Fτ and Aτ such thatMτ

satisfies the conditions of Theorem 2.4.2. This is easily doable if k = 2 by Proposition 3.3.2.
A natural approach is to define Aτ for any τ of co-dimension at least 3 such that√

Πτ
Aτ

k − 1

√
Πτ = Evc∼πτ

√
Πτ∪vc

Aτ∪vc

k − 2

√
Πτ∪vc,

when Gτ is connected. Note that the following definition is not restricted to trees.

Definition 6 (Family of Matrices {Aτ}τ∈X:codim(τ)≥2 ). Given a vertex-list-coloring instance
(G,L) and its associated weighted simplicial complex (X, πn−1), define {Aτ}τ∈X:codim(τ)≥2 as
follows: let Aτ := f×(X, {Aτ∪σ}∅⊊σ∈Xτ (codim(τ)−3)) if Gτ is disconnected and otherwise,

1. For any τ of co-dimension 2, say Gτ = ({u, v}, {uv}); define Aτ ∈ RX(0)×X(0) to be
a hollow block diagonal matrix with a block for every color such that Aτ (uc, vc) =
Aτ (vc, uc) =

−1√
(lτ (u)−1)(lτ (v)−1)

, for c ∈ Lτ (v) ∩ Lτ (u), and all other entries are 0.

2. For any τ of co-dimension k ≥ 3, let

Aτ :=
k − 1

k − 2

√
Π−1

τ

(
Evc∼πτ

√
Πτ∪vcAτ∪vc

√
Πτ∪vc

)√
Π−1

τ . (3.4)

Observe that Aτ is symmetric and hollow. Furthermore, its non-zero entries correspond
to v ∼τ,c u, and when Gτ is connected,

Aτ (vc, uc) =
1

k − 2

∑
wc′∈Xτ (0):w ̸=v,u

√
p(wc′|vc ∪ τ)p(wc′|uc ∪ τ)Aτ∪wc′(vc, uc).

We can bound entries of Aτ for any τ ∈ X(≤ n− 3) as follows.

Proposition 3.3.5. Consider a β-extra-color vertex-list-coloring instance (G,L), For any face
τ of co-dimension at least 2 and uc, vc ∈ Xτ (0) such that v ∼c u, − 1

β
≤ Aτ (vc, uc) ≤ 0.
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Proof. Let τ be a face of co-dimension k ≥ 2. We prove by induction on k. It clearly holds
for k = 2 by definition. For k > 2 and vc, uc ∈ Xτ (0), we have

Aτ (vc, uc) =
1

k − 2

∑
w∈Vτ :w ̸=u,v

∑
c′∈Lτ (w)

√
p(wc′|vc ∪ τ)p(wc′|uc ∪ τ)Aτ∪wc′(vc, uc)

≥ 1

k − 2

∑
w∈Vτ :w ̸=u,v

∑
c′∈Lτ (w)

√
p(wc′|vc ∪ τ)p(wc′|uc ∪ τ) · −1

β
(by IH)

≥ 1

k − 2
· −1

β

∑
w∈Vτ :w ̸=u,v

 ∑
c′∈Lτ (w)

p(wc′|vc ∪ τ)

 ∑
c′∈Lτ (w)

p(wc′|uc ∪ τ)


(by Cauchy-Schwarz)

≥ 1

k − 2
· −1

β

∑
w∈Vτ :w ̸=u,v

1 = − 1

β
.

One can further see that Aτ (vc, uc) ≤ 0 follows from the induction hypothesis.

Now, we apply Theorem 2.4.2 to derive sufficient conditions on the family {Fτ}τ∈X,codim(τ)≥2

to get λ2(Pτ ) ≤ ρ(Fτ+Aτ )
k−1

for all τ of co-dimension 2 ≤ k ≤ n.

Proposition 3.3.6. Let (G,L) be a β-extra-color vertex-list-coloring instance such that G is
a tree, and let (X, πn−1) be its associated weighted complex. Take an arbitrary vertex and
make G a rooted tree with root vertex r. For v ̸= r, we write a(v) to denote immediate
ancestor of v, i.e., parent of v. Let {Fτ ∈ RX(0)×X(0)}τ∈X:codim(τ)≥2 be a family of diagonal
matrices supported on Xτ (0)×Xτ (0) such that Fτ = f×(Xτ , {Fτ∪σ}∅⊊σ∈Xτ (≤codim(τ)−3)) if Gτ

is disconnected and otherwise,

1. For all τ of co-dimension 2: Fτ is defined as Fτ (vc, vc) =
1
β2 for vc ∈ Xτ (0).

2. For any τ of co-dimension k ≥ 3: Fτ ⪯ ( (k−1)2

3k−1
− 1

β
)IXτ (0), and for all vc ∈ Xτ (0),∑

uc′∈Xτ∪vc(0)

p(uc′|τ, vc)Fτ∪uc′(vc, vc) ≤ (k − 2)Fτ (vc, vc)− 2F 2
τ (vc, vc)− γτ (vc), (3.5)

where γτ (vc) =
4∆τ (v)

β2 if v is the root of the rooted tree Gτ , and γτ (vc) =
4(∆τ (v)+∆τ (a(v))−1)

β2

otherwise.

Then, for all k ≥ 2 and τ of co-dimension k, λ2(Pτ ) ≤ ρ(Fτ+Aτ )
k−1

, where Aτ is defined in
Definition 6.

Proof. We prove that the conditions of Theorem 2.4.2 hold for Mτ := Πτ
Fτ

k−1
+
√
Πτ

Aτ

k−1

√
Πτ

for τ ∈ X(≤ n − 3). Note that the desired condition holds for any τ of co-dimension 2 by
definition. Now, take k ≥ 2. Assume Gτ is disconnected. Using the definition of Aτ and our
assumption about Fτ , the proof of this case is similar to what we argued in Proposition 3.3.3.
Now, assume that Gτ is connected. Note that by Proposition 3.3.5, the absolute value of
every off-diagonal entry of Aτ is at most 1

β
and that there are at most (k−1) non-zero entries
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per row. Therefore,
√
ΠτAτ

√
Πτ ⪯ 1

β
Πτ . Since each entry of Fτ is at most (k−1)2

3k−1
− 1

β
, we have

Mτ ⪯ k−1
3k−1

Πτ . Therefore, it only remains to show that Evc∼πτMτ∪vc ⪯ Mτ − k−1
k−2

MτΠ
−1
τ Mτ .

This is equivalent to showing that√
Π−1

τ Evc∼πτ

[
Πτ∪vc

Fτ∪vc

k − 2
+
√

Πτ∪vc
Aτ∪vc

k − 2

√
Πτ∪vc

]√
Π−1

τ ⪯ Fτ

k − 1
+

Aτ

k − 1
− (Fτ + Aτ )

2

(k − 2)(k − 1)
.

(3.6)

We starting by proving an upper bound on A2
τ . Define Aτ,even(vc, uc) = Aτ,even(uc, vc) :=

A(vc, uc) for all vc, uc ∈ Xτ (0) such that v is at an even distance from the root of Gτ and
a(u) = v, and let other entries be 0. Define Aτ,odd := Aτ,even − Aτ,odd. By Fact 1.2.2,

A2
τ ⪯ 2A2

τ,even + 2A2
τ,odd.

Furthermore, A2
τ,even(vc, uc) = A2

τ,even(uc, vc) ̸= 0 only if v = u and v is at an even distance
from the root or when a(v) = a(u) and u, v are at an odd distance from the root. A similar
fact holds for A2

τ,odd. Therefore, if we let γτ (wc) = 0 for wc /∈ Xτ (0), we get

4(A2
τ,even + A2

τ,odd) ⪯ diag(γτ ),

where we applied Fact 1.2.1, and used Proposition 3.3.5 to bound the absolute value of the
entries of A2

τ,even and A2
τ,odd. Therefore, by Fact 1.2.2, the RHS of Eq. (3.6) is bounded by

Fτ

k − 1
+

Aτ

k − 1
− 2F 2

τ + 2A2
τ

(k − 2)(k − 1)
⪰ Fτ

k − 1
+

Aτ

k − 1
− 2F 2

τ + diag(γτ )

(k − 1)(k − 2)
. (3.7)

On the other hand, by the definiton of Aτ (see Eq. (3.4)), the LHS of Eq. (3.6) is equal to

Euc′∼πτ

[
Π−1

τ Πτ∪uc′
Fτ∪uc′

k − 2

]
+

Aτ

k − 1
.

Furthermore, for vc ∈ Xτ (0),

Euc′∼πτ

[
Π−1

τ Πτ∪uc′
Fτ∪uc′

k − 2

]
(vc, vc) =

∑
uc′∈Xτ∪vc(0)

p(uc′|τ ∪ vc)Fτ∪uc′(vc, vc)

(k − 1)(k − 2)

Combining this with Eq. (3.7), the desired inequality in Eq. (3.6) follows from the assumption
(see Eq. (3.5)).

Finally, with this in hand, we prove Theorem 3.3.4 similar to what we did for Theo-
rem 3.3.1. The proof can be found in Appendix A.

3.4 Edge Coloring

Consider a graph G = (V,E) and a function L : E → 2[q]. The pair (G,L) is called an
edge-list-coloring instance. For a vertex v and an edge e, we write e ∼c v when e ∼ v and
c ∈ L(e). Furthermore, for any e, f ∈ E, we write e ∼c f when e ∼ f and c ∈ L(e) ∩ L(f).
Furthermore, we define a β-extra-color edge-list-coloring instance as follows.
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Definition 7. We say an edge-list-coloring instance (G,L) is a β-extra-color instance if for
each e ∈ E, |L(e)| ≥ β +∆G(e).

An assignment σ : E → [q] is a L-edge-list-coloring of G if σ(e) ∈ L(e) for all e ∈ E.
We say σ is proper if σ(e) ̸= σ(f) whenever e ∼ f . When it is clear from context we say σ
is a proper coloring to mean it is a proper L-edge-list-coloring. We say τ is proper partial
coloring on H ⊂ E when it is a proper L|H-edge-list-coloring for (V,H). We may view a
proper coloring as a set of edge-color pairs (e, c) which we denote by ec for simplicity of
notation. We denote the uniform distribution over proper L-edge-list-colorings of G by πm−1

when (G,L) are clear from context. For a proper partial coloring on H ⊂ E and e ∈ E \H,
define

p(ec|τ) := Pσ∼πm−1(σ(e) = c|∀f ∈ H : σ(f) = τ(f)).

To analyze the Glauber dynamics on an edge-list-coloring instance we associate a simpli-
cial complex to it.

Definition 8 (Simplicial Complex of an Edge-List-Coloring Instance). Given an edge-list-
coloring instance (G,L), let X(G,L) be a pure (m− 1)-dimensional simplicial complex spec-
ified by the following facets: {(e, σ(e))}e∈E is a facet if and only if σ is a proper L-edge-list-
coloring for G.

When it is clear from context, we abbreviate X(G,L) to X. Note that for all 0 ≤ k ≤ m,
any face τ of co-dimension k is a partial coloring on a subset of edges H of size m − k (k
edges remain uncolored). Furthermore, Xτ (0) can be seen as the set of all ec such that
c ∈ L(e), e /∈ H and for any f ∼ e, fc /∈ τ . Analogous to vertex-list-colorings, the Glauber
dynamics on (G,L) is the down-up walk on the facets of (X, πm−1). So, as we did before for
vertex-list-colorings, our aim is to apply Theorem 2.4.2 to the simplicial complex to bound
the second eigenvalue of the transition probability matrix of the local walks and then apply
?? to get a bound for the transition probability matrix of the down-up walk on the facets.
The following is the main theorem of this section.

Theorem 3.4.1. Let (G,L) be a (4
3
+ 4ϵ)∆-extra-color edge-list-coloring instance for some

0 < ϵ ≤ 1
10

such that ln2(∆)
∆

≤ ϵ3

15
, and let (X, πm−1) be its associated weighted simplicial

complex. For any 2 ≤ k ≤ m and τ ∈ X of co-dimension k we have λ2(Pτ ) ≤
ϵ+ 1

ϵ

k−1
.

We remark that our analysis here is not tight and we expect that the factor 4/3 can be
improved with a more careful analysis.

We proceed by introducing some notation and definitions. Given a face τ ∈ X, let Eτ

be the set of uncolored edges, i.e. Eτ := {e : ∃c, ec ∈ Xτ (0)}. Let Gτ = (V,Eτ ) and
∆τ (.) be the degree function of Gτ . Similarly, if e = {u, v}, define ∆τ (e) to be number of
edges in Gτ that share an endpoint with e, i.e. ∆τ (e) = ∆τ (u) + ∆τ (v) − 2. We define
Lτ (e) := {c ∈ L(e) : ec ∈ Xτ (0)}. Let lτ (e) := |Lτ (e)| and lτ (e, f) := |Lτ (e) ∩ Lτ (f)|.
Furthermore, we write e ∼τ,c v when e ∼ v and c ∈ Lτ (e). Similarly, define e ∼τ,c f for
edges e and f . Finally, for any matrix B ∈ RX(0)×X(0), define the restriction of B to v ∈ V
as Bv(ec, fc) := B(ec, fc) for any e, f ∼ v, and 0 on all other entries. Let Bc ∈ RX(0)×X(0)

be defined as Bc(ec, fc) := B(ec, fc) for all e ∼c f , and 0 on all other entries.
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Now, similar to our approach to vertex-coloring for trees, for any k ≥ 2 and face τ of
co-dimension k, assume that Mτ is of the form

Mτ = Πτ
Fτ

k − 1
+
√

Πτ
Aτ

k − 1

√
Πτ , (3.8)

for a diagonal matrix Fτ and a hollow matrix Aτ . The goal is again to find Fτ and Aτ such
that Mτ satisfies the conditions of Theorem 2.4.2. For k = 2, Proposition 3.3.2 gives us
such matrices. For k ≥ 3, as opposed to what we did for vertex-coloring of trees, we let√
Πτ

Aτ

k−1

√
Πτ deviate from Evc∼πτ

√
Πτ∪vc

Aτ∪vc

k−2

√
Πτ∪vc in order to control the growth of Fτ .

Definition 9 (Family of Matrices {Aτ,ϵ}τ∈X,codim(τ)≥2 ). Let (G,L) be a β-extra-color edge-
list-coloring instance, and let(X, πm−1) be its associated weighted complex. For ϵ > 0, define
{Aτ,ϵ}τ∈X,codim(τ)≥2 as follows: let Aτ,ϵ := f×(X, {Aτ∪σ,ϵ}∅⊊σ∈Xτ (codim(τ)−3)) if the line graph
of Gτ is disconnected and otherwise,

1. For any face τ of co-dimension 2, let Aτ,ϵ ∈ RX(0)×X(0) be a hollow block diagonal
matrix with a block for every color such that

Aτ,ϵ(ec, fc) = Aτ,ϵ(fc, ec) := − 1√
(lτ (e)− 1)(lτ (f)− 1)

,

for e, f ∈ Eτ and any c ∈ Lτ (e) ∩ Lτ (f), and all other entries are 0.

2. For any k ≥ 3 and a face τ of co-dimension k, define Aτ,ϵ := Āτ,ϵ +
off-diag(Sτ,ϵ)

k−2
, where

Āτ,ϵ and Sτ,ϵ are defined as follows:

Āτ,ϵ :=
k − 1

k − 2

√
Π−1

τ

(
Egc∼πτ

√
Πτ∪gcAτ∪gc,ϵ

√
Πτ∪gc

)√
Π−1

τ , (3.9)

Sv
τ,ϵ :=

{
4(1 + ϵ)

(
(Ā+,v

τ,ϵ )
2 + (Ā−,v

τ,ϵ )
2
)

if ∆τ (v) ≤ β
4(1+ϵ)

,

2(1 + ϵ)(Āv
τ,ϵ)

2 otherwise.
(3.10)

and Sτ,ϵ =
∑

v S
v
τ,ϵ.

Observe that all three matrices Āτ,ϵ, Sτ,ϵ, Aτ,ϵ are symmetric and hollow. Furthermore, the
non-zero entries of these matrices correspond to e, f ∼τ,c v, for some v ∈ G and when the
line graph of Gτ is connected,

Āτ,ϵ(ec, fc) =
1

k − 2

∑
gc′∈Xτ (0):g ̸=e,f

√
p(gc′|ec ∪ τ)p(gc′|fc ∪ τ)Aτ∪gc′,ϵ(ec, fc). (3.11)

When it is clear from context, we drop ϵ from the subscripts of matrices defined above .

Lemma 3.4.2. For any τ ∈ X, and ec, fc ∈ Xτ (0), if the line graph of Gτ is connected, then

avg
g∈Eτ ,g ̸=e,f

min
c′∈Lτ (g)

Aτ∪gc′,ϵ(ec, fc) ≤ Āτ,ϵ(ec, fc) ≤ avg
g∈Eτ ,g ̸=e,f

max
c′∈Lτ (g)

Aτ∪gc′,ϵ(ec, fc)
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Proof. Let τ be a face of co-dimension k ≥ 2. It clearly holds for k = 2 by definition. For
k > 2 and ec, fc ∈ Xτ (0), we have

Āτ (ec, fc) =
1

k − 2

∑
g∈Eτ :g ̸=e,f

∑
c′∈Lτ (g)

√
p(gc′|ec ∪ τ)p(gc′|fc ∪ τ)Aτ∪gc′(ec, fc)

≤ 1

k − 2

∑
g∈Eτ :g ̸=e,f

 ∑
c′∈Lτ (g)

√
p(gc′|ec ∪ τ)p(gc′|fc ∪ τ)

 ·
(

max
c′∈Lτ (g)

Aτ∪gc′(ec, fc)

)

≤ 1

k − 2

∑
g∈Eτ :g ̸=e,f

 ∑
c′∈Lτ (e)

p(gc′|ec ∪ τ)

 ∑
c′∈Lτ (g)

p(gc′|fc ∪ τ)

( max
c′∈Lτ (g)

Aτ∪gc′(ec, fc)

)
(by Cauchy-Schwarz)

≤ 1

k − 2

∑
g∈Eτ :g ̸=e,f

max
c′∈Lτ (g)

Aτ∪gc′(ec, fc) = avg
g∈Eτ ,g ̸=e,f

max
c′∈Lτ (g)

Aτ∪gc′(ec, fc).

The other side of the inequality follows from a similar argument.

In order to find diagonal matrices {Fτ}τ∈X:codim(τ)≥2 such that {Mτ}τ∈X:codim(τ)≥2 as de-
fined by Eq. (3.8) satisfies the conditions of Theorem 2.4.2, we would need to prove some
bounds on the entries of {Aτ,ϵ}τ∈X,codim(τ)≥2 and {Sτ,ϵ}τ∈X,codim(τ)≥2.

Proposition 3.4.3. Suppose (G,L) is a β-extra-color edge-list-coloring instance where β =
(4
3
+ 4ϵ)∆ for an 0 < ϵ ≤ 1

10
such that 2ϵ−2 ≤ ∆. For any τ ∈ X of codim(τ) ≥ 2, the

matrix Aτ defined in Definition 9 satisfies the following: for any vertex v ∈ G, color c and
e, f ∼τ,c v,

(i) if ∆τ (v) ≤ β
4(1+ϵ)

, then − 1
β
≤ Aτ,ϵ(ec, fc) ≤ 4(1 + ϵ)∆τ (v)−2

β2 ,

(ii) otherwise, if ∆τ (v) ≥ β
4(1+ϵ)

, then |Aτ,ϵ(ec, fc)| ≤ 1
1.5β−2(1+2ϵ)∆τ (v)

.

Proof. Fix a vertex v. We prove the claim inductively for any pair of edges incident to v.
Case (i). Let τ be any face of co-dimension k ≥ 2. We prove by induction on ∆τ (v)+k.

We start with the base case, that is when ∆τ (v)+k = 4, i.e., ∆τ (v) = k = 2. It is easy to see
that, for any color c and e, f ∼τ,c v, we have − 1

β
≤ Aτ (ec, fc) ≤ 0, by definition. Now, we

prove the claim for k ≥ 2 and 2 ≤ ∆τ (v) ≤ β
4(1+ϵ)

such that k+∆τ (v) ≥ 5. If the line graph
of Gτ is not connected, then the statement trivially holds. Otherwise, by Lemma 3.4.2, for
any color c and e, f ∼τ,c v we can write

Āτ (ec, fc) ≤
∆τ (v)− 2

k − 2
max

gc′∈Xτ (0):g∼v,g ̸=e,f
Aτ∪gc′(ec, fc) +

k −∆τ (v)

k − 2
max

gc′∈Xτ (0):g ̸∼v
Aτ∪gc′(ec, fc)

≤ ∆τ (v)− 2

k − 2
4(1 + ϵ)

∆τ (v)− 3

β2
+
k −∆τ (v)

k − 2
4(1 + ϵ)

∆τ (v)− 2

β2

=
4(1 + ϵ)(∆τ (v)− 2)(k − 3)

β2(k − 2)
≤ 1

β
(3.12)
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where the second to last inequality follows by IH and the last inequality follows by ∆τ (v) ≤
β

4(1+ϵ)
. Similarly,

Āτ (ec, fc) ≥ −∆τ (v)− 2

k − 2
min

gc′∈Xτ (0)
g∼v,g ̸=e,f

Aτ∪gc′(ec, fc)−
k −∆τ (v)

k − 2
min

gc′∈Xτ (0)
g ̸∼v,g ̸=e,f

Aτ∪gc′(ec, fc) ≥ − 1

β
.

(3.13)

Therefore, by (3.10)

Sτ (ec, fc) = 4(1 + ϵ)
∑
g∼τ,cv
g ̸=e,f

[
Ā+

τ (ec, gc)Ā
+
τ (gc, fc) + Ā−

τ (ec, gc)Ā
−
τ (gc, fc)

]
≤4(1 + ϵ)(∆τ (v)− 2)

1

β2
.

(3.14)

where the last inequality follows by Eqs. (3.12) and (3.13) and that v has at most ∆τ (v)− 2
edges that can be colored by c, other than e, f . So combining with (3.13), we get Aτ (ec, fc) =

Āτ (ec, fc) +
Sτ (ec,fc)

k−2
≥ − 1

β
. Similarly, (3.12) and (3.14) gives

Aτ (ec, fc) ≤
4(1 + ϵ)(∆τ (v)− 2)(k − 3)

β2(k − 2)
+

4(1 + ϵ)(∆τ (v)− 2)

k − 2

1

β2
= 4(1 + ϵ)

∆τ (v)− 2

β2
.

Case (ii). For τ of co-dimension k ≥ 2 we prove the claim by induction on ∆τ (v) + k.
The base case is when ∆τ (v) = k = β

4(1+ϵ)
, which we already proved in case (i) (note that

we always have k ≥ ∆τ (v)). Now, we prove the claim for ∆τ (v) >
β

4(1+ϵ)
(and k ≥ ∆τ (v)).

If the line graph of Gτ is disconnected then the statement trivially holds. Otherwise, for all
colors c and e, f ∼τ,c v, we can write

|Āτ (ec, fc)| =
∆τ (v)− 2

k − 2
max

gc′∈Xτ (0):g∼v,g ̸=e,f
|Aτ∪gc′(ec, fc)|+

k −∆τ (v)

k − 2
max

gc′∈Xτ (0):g ̸∼v
|Aτ∪gc′(ec, fc)|

≤ ∆τ (v)− 2

k − 2

1

1.5β − 2(1 + 2ϵ)(∆τ (v)− 1)
+
k −∆τ (v)

k − 2

1

1.5β − 2(1 + 2ϵ)∆τ (v)
(3.15)

≤ 1

1.5β − 2(1 + 2ϵ)∆τ (v)
. (3.16)

where the second to last inequality follows by the IH. Furthermore, by (3.10),

|Sτ (ec, fc)| = 2(1 + ϵ)

∣∣∣∣∣∣
∑

g∼τ,cv,g ̸=e,f

Āτ (ec, gc)Āτ (gc, fc)

∣∣∣∣∣∣ ≤ 2(1 + ϵ)
∆τ (v)− 2

(1.5β − 2(1 + 2ϵ)∆τ (v))2
.

where the inequality follows by (3.16) and that v has at most ∆τ (v) − 2 edges other than
e, f that can be colored by c. Recall Aτ = Āτ +

Sτ

k−2
. So, the above inequality with (3.15)

gives

|Aτ (ec, fc)| ≤
∆τ (v)− 2

k − 2

1

1.5β − 2(1 + 2ϵ)(∆τ (v)− 1)
+
k −∆τ (v)

k − 2

1

1.5β − 2(1 + 2ϵ)∆τ (v)
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+
2(1 + ϵ)

k − 2
· ∆τ (v)− 2

(1.5β − 2(1 + 2ϵ)∆τ (v))2

≤ 1

1.5β − 2(1 + 2ϵ)∆τ (v)
.

where in the second inequality we used that ϵ ≤ 1
10

and ∆ ≥ 2ϵ−2, and that

1.5β − 2(1 + 2ϵ)∆τ (v) ≥ 1.5

(
4

3
+ 4ϵ

)
∆− 2(1 + 2ϵ)∆ = 6ϵ∆− 4ϵ∆ ≥ 0.

Corollary 3.4.4. Given a β-extra-color edge-list-coloring instance (G,L) where β = (4
3
+4ϵ)∆

for an 0 < ϵ ≤ 1
10

such that 2ϵ−2 ≤ ∆,

(i) For any τ ∈ X with codim(τ) ≥ 2, v ∈ G, and e, f ∼τ,c v, |Aτ,ϵ(ec, fc)| ≤ 1
2ϵ∆

≤ ϵ
4
.

(ii) For any τ ∈ X with codim(τ) ≥ 3, v ∈ G, and e, f ∼τ,c v, Sτ,ϵ(ec, fc) ≤ (1+ϵ)(∆τ (v)−2)
2ϵ2∆2 .

(iii) For any τ ∈ X with codim(τ) ≥ 3, any color c, and (e = {u, v}, c) ∈ Xτ (0) c,

Sτ,ϵ(ec, ec) ≤ (1+ϵ)(∆τ (v)+∆τ (u)−2)
2ϵ2∆2 .

Proof. First, we verify (i). Using Proposition 3.4.3, when ∆τ (v) ≤ β
4(1+ϵ)

we have |Aτ (ec, fc)| ≤
1
β
, and when ∆τ (v) >

β
4(1+ϵ)

we have

|Aτ (ec, fc)| ≤
1

1.5(4/3 + 4ϵ)∆− 2(1 + 2ϵ)∆
≤ 1

2ϵ∆
,

where we used ∆τ (v) ≤ ∆. So, by Lemma 3.4.2, we get |Āτ,ϵ(ec, fc)| ≤ 1
2ϵ∆

for any τ of

co-dimension at least 3. Now, we verify (ii). If ∆τ (v) ≤ β
4(1+ϵ)

then by Eq. (3.10),

Sτ (ec, fc) = 4(1 + ϵ)
∑

g∼τ,cv,g ̸=e,f

Ā+,v
τ (ec, gc)Ā+,v

τ (gc, fc) + Ā−,v
τ (ec, gc)Ā−,v

τ (gc, fc)

≤ 4(1 + ϵ)
∑

g∼τ,cv,g ̸=e,f

max
hc′∈Xτ (0),h̸=e,g

|Aτ∪hc′(ec, gc)| max
hc′∈Xτ (0),h̸=f,g

|Aτ∪hc′(gc, fc)|

(by Lemma 3.4.2)

≤ 4(1 + ϵ)(∆c
τ (v)− 2)

1

β2
.

Otherwise, if ∆τ (v) ≥ β
4(1+ϵ)

, with a similar use of Lemma 3.4.2,

Sτ (ec, fc) = 2(1 + ϵ)
∑

g∼τ,cv,g ̸=e,f

Āv
τ (ec, gc)Ā

v
τ (gc, fc) ≤ 2(1 + ϵ)(∆c

τ (v)− 2)

(
1

2ϵ∆

)2

,

where the first inequality uses part (i). Finally, (ii) follows from 4(1+ϵ)
β2 ≤ 1+ϵ

2ϵ2∆2 . It remains to

prove (iii). For a vertex u let α(u) = 4(1 + ϵ) if ∆τ (u) ≤ β
4(1+ϵ)

and αu = 2(1 + ϵ) otherwise.

By an argument similar to (ii)

Sτ (ec, ec) ≤ α(u)
∑

f∼τ,cu,f ̸=e

max
gc′∈Xτ (0),g ̸=e,f

|Aτ∪gc′(ec, fc)|2 + α(v)
∑

f∼τ,cv,f ̸=e

max
gc′∈Xτ (0),g ̸=e,f

|Aτ∪gc′(ec, fc)|2
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≤ (∆τ (u) + ∆τ (v)− 2)max

{
4(1 + ϵ)

β2
,
2(1 + ϵ)

4ϵ2∆2

}
≤ (∆τ (u) + ∆τ (v)− 2)(1 + ϵ)

2ϵ2∆2

This completes the proof.

The following lemma is a crucial part of our proof as it will help us bound the term
MτΠ

−1
τ Mτ in Eq. (2.2) effectively.

Lemma 3.4.5. Consider a graph G = (V,E), and some weight function w : E → R≥0. Let A
be the weighted adjacency matrix of its line graph. Then

A2 ⪯ 2
∑
v∈V

(Av)2,

where Av(e, f) = A(e, f) if e, f ∼ v and 0 otherwise.

Proof. It is enough to show that for all x ∈ RE, x⊤A2x ≤ 2
∑

v∈V x
⊤(Av)2x. We have

x⊤A2x = ∥Ax∥22 =
∑
e∈E

(Ax(e))2 =
∑
e∈E

⟨Ae, x⟩2

where Ae is the row indexed by e. Now, let e = {u, v} ∈ E. We can write ⟨Ae, x⟩ =
⟨(Au)e, x⟩+ ⟨(Av)e, x⟩. Therefore, by an application of Fact 1.2.2∑

e∈E

⟨Ae, x⟩2 ⪯ 2
∑

e={u,v}∈E

⟨(Au)e, x⟩2 + ⟨(Av)e, x⟩2 = 2
∑
v

∑
e∼v

(Avx(e))2 = 2
∑
v∈V

x⊤(Av)2x.

Now, we apply Theorem 2.4.2 to derive sufficient conditions on the family {Fτ}τ∈X,codim(τ)≥2

to get λ2(Pτ ) ≤ ρ(Fτ+Aτ )
k−1

for all τ of co-dimension 2 ≤ k ≤ m.

Proposition 3.4.6. Let (G,L) be a (4
3
+ 4ϵ)∆-extra-color edge-list-coloring instance such that

0 ≤ ϵ ≤ 1
10

and ∆ ≥ 2ϵ−2, and let (X, πm−1) be its associated weighted simplicial complex.
Suppose that {Fτ ∈ RX(0)×X(0)}τ∈X:codim(X)≥2 is a family of diagonal matrices supported on
Xτ (0) × Xτ (0) such that Fτ = f×(Xτ , {Fτ∪σ}∅⊊σ∈Xτ (≤codim(τ)−3)) if the line graph of Gτ is
connected and otherwise,

1. For all τ of co-dimension 2: Fτ is defined as Fτ (ec, ec) =
1

( 4
3
+4ϵ)2∆2 = 1

β2 for ec ∈ Xτ (0)

and 0 on all other entries.

2. For all τ of co-dimension k ≥ 3: Fτ ⪯ ( (k−1)2

3k−1
− 1

2ϵ∆
)IXτ (0), and for any ec ∈ Xτ (0)∑

gc′∈Xτ∪ec(0)

p(gc′|τ ∪ ec)Fτ∪gc′(ec, ec) ≤ (k − 2)Fτ (ec, ec)−
(
2 + ϵ

ϵ

)
F 2
τ (ec, ec)− γτ (ec),

(3.17)

where γτ (ec) =
(1+ϵ)∆τ (e)

2ϵ2∆2 + (1+ϵ)2(2+3ϵ+ϵ2)
ϵ5∆2 .
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Then for all k ≥ 2 and τ of co-dimension k, λ2(Pτ ) ≤ ρ(Fτ+Aτ )
k−1

, where Aτ is defined in
Definition 9.

Proof. We prove that the conditions of Theorem 2.4.2 hold for {Mτ}τ∈X(≤m−3) defined as
follows:

Mτ := Πτ
Fτ

k − 1
+
√

Πτ
Aτ

k − 1

√
Πτ ∀τ ∈ X, k = codim(τ) ≥ 2

Note that the condition of the theorem holds for any τ of co-dimension 2 by definition. So,
we prove the statement for τ of co-dimension at least 3. Assume the line graph of Gτ is
disconnected. Using the definition of Aτ and our assumption about Fτ , the proof of this
case is similar to what we argued in Proposition 3.3.3. Now, assume that the line graph
of Gτ is connected. Note that by Corollary 3.4.4, the absolute value of every off-diagonal
entry of Aτ is at most 1

2ϵ∆
and that there are at most (k − 1) non-zero entries per row.

Therefore,
√
Πτ

Aτ

k−1

√
Πτ ⪯ 1

2ϵ∆
Πτ . Combined with the bound on entries of diagonal matrix

Fτ , this implies that Mτ ⪯ k−1
3k−1

Πτ . Therefore, it only remains to show that Egc∼πτMτ∪gc ⪯
Mτ − k−1

k−2
MτΠ

−1
τ Mτ . This is equivalent to showing that√

Π−1
τ Egc∼πτ

[
Πτ∪gc

Fτ∪gc

k − 2
+
√

Πτ∪gc
Aτ∪gc

k − 2

√
Πτ∪gc

]√
Π−1

τ ⪯ Fτ

k − 1
+

Aτ

k − 1
− (Fτ + Aτ )

2

(k − 2)(k − 1)
.

(3.18)

We proceed by first proving a lowerbound on the RHS. By two applications of Fact 1.2.2,
we can write

(Fτ + Aτ )
2 ⪯

(
1 +

2

ϵ

)
F 2
τ +

(
1 +

ϵ

2

)
A2

τ

=

(
1 +

2

ϵ

)
F 2
τ +

(
1 +

ϵ

2

)(
Āτ +

off-diag(Sτ )

k − 2

)2

⪯
(
1 +

2

ϵ

)
F 2
τ + (1 + ϵ)Ā2

τ +
(3 + ϵ+ 2/ϵ) off-diag(Sτ )

2

(k − 2)2
. (3.19)

We proceed by finding a diagonal matrix to upperbound Ā2
τ . For any c ∈ [q], Āc

τ is
the weighted adjacency matrix of a line graph. Therefore, by Lemma 3.4.5, (Āc

τ )
2 ⪯

2
∑

v∈V (Ā
c,v
τ )2. Since Ā2

τ =
∑

c∈[q](Ā
c
τ )

2, we get that

Ā2
τ ⪯ 2

∑
v∈V

(Āv
τ )

2 ⪯ 4
∑
v∈V

((Ā+,v
τ )2 + (Ā−,v

τ )2).

where in the second inequality we used Fact 1.2.2. Therefore, by definition of Sτ (see
Eq. (3.10)),

(1 + ϵ)Ā2
τ ⪯ Sτ = (k − 2)(Aτ − Āτ ) + diag(Sτ ).

So, by (3.19), we can lowerbound the RHS of (3.18) as follows

Fτ

k − 1
+

Aτ

k − 1
− (Fτ + Aτ )

2

(k − 2)(k − 1)
⪰ Fτ

k − 1
+

Āτ

k − 1
−

(1 + 2
ϵ
)F 2

τ

(k − 1)(k − 2)
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− diag(Sτ )

(k − 1)(k − 2)
−

(3 + ϵ+ 2
ϵ
) off-diag(Sτ )

2

(k − 1)(k − 2)3
.

On the other hand, by definition of Āτ (see (3.9)), the LHS of (3.18) is equal to

Egc∼πτ

[
Π−1

τ Πτ∪gc
Fτ∪gc

k − 2

]
+

Āτ

k − 1
,

and

Egc∼πτ

[
Π−1

τ Πτ∪gc
Fτ∪gc

k − 2

]
(ec, ec) =

∑
gc′∈Xτ∪ec(0)

p(gc′|τ ∪ ec)Fτ∪gc′(ec, ec).

Comparing this with the assumption (see Eq. (3.17)), and letting γτ (ec) = 0 for all ec /∈
Xτ (0), it is enough to show that

diag(γτ ) ⪰ diag(Sτ ) +
(3 + ϵ+ 2

ϵ
) off-diag(Sτ )

2

(k − 2)2
.

First, notice,

off-diag(Sτ )
2

(k − 2)2
⪯ ∥off-diag(Sτ )∥2∞ IXτ (0)

(k − 2)2
⪯ (1 + ϵ)2(∆− 2)24(∆− 1)2

4ϵ4∆4(k − 2)2
IXτ (0) ⪯ (1 + ϵ)2

ϵ4∆2
IXτ (0),

where the second inequality is by Fact 1.2.1, noting that by part (ii) of Corollary 3.4.4, every

off-diagonal entry of Sτ is at most (1+ϵ)(∆−2)
2ϵ2∆2 and that there are at most 2(∆ − 1) non-zero

entries per row. Finally, the statement follows from part (iii) of Corollary 3.4.4 which shows

Sτ (ec, ec) ≤ (1+ϵ)∆τ (e)
2ϵ2∆2 for any ec ∈ Xτ (0).

With this in hand, we prove Theorem 3.4.1.

Proof of Theorem 3.4.1. For any ec = {u, v}c ∈ Xτ (0) define,

Fτ (ec, ec) :=


0 if ∆τ (e) = 0

f1(∆τ (g)) if ∆τ (e) = 1, g ∼ e,

f2(∆τ (e)) if ∆τ (e) ≥ 2.

where f1(i) :=
1

( 4
3
+4ϵ)2∆2+

(4ϵ−5+0.6ϵ−2)
∑i−1

k=1
1
k

∆2 for any i ≥ 2, and f2(i) :=
5ϵ−5 ln(∆)+(4ϵ−5+ϵ−2i)

∑i−1
k=1

1
k

∆2

for i ≥ 2. We prove that this satisfies the conditions of Proposition 3.4.6. Then, the state-
ment follows from the fact that

λ2(Pτ ) ≤
ρ(Fτ + Aτ )

k − 1
≤
ϵ+ 1

ϵ

k − 1
,

where the last inequality follows by (3.20) below and the fact that every entry of Aτ is at
most 1

2ϵ∆
(by Corollary 3.4.4) and that every row of Aτ has at most 2(∆−1) non-zero entries.

The condition for links of co-dimension 2 holds by definition as f1(1) = 1
(4/3+4ϵ)2∆2 .

Assume that k ≥ 3 and τ is of co-dimension k. Similar to the proof of Appendix A.1, when
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the line graph of Gτ is disconnected, the condition holds. Now, assume that the line graph
of Gτ is connected. It follows that, for all 1 ≤ i ≤ 2∆,

f2(i) ≤
9ϵ−5(ln(∆) + 1)

∆2
+

2ϵ−2(ln(∆) + 2)

∆
≤

ln2(∆)
∆

≤ ϵ3

15

3ϵ

100
+

2ϵ

15
≤

ϵ≤0.1,k≥2

(k − 1)2

3k − 1
− 1

2ϵ∆
.

(3.20)

A similar inequality holds for f1 and 1 ≤ i ≤ 2∆. It remains to check the condition Eq. (3.17)
in Proposition 3.4.6. We need to show that for any ec ∈ Xτ (0),∑

fc′∈Xτ∪ec(0)

p(fc′|τ ∪ ec)Fτ∪fc′(ec, ec) ⪯ (k − 2)Fτ (ec, ec)−
(
1 +

2

ϵ

)
F 2
τ (ec, ec)− γτ (ec),

for

γτ (ec) =
(1 + ϵ)∆τ (e)

2ϵ2∆2
+

(1 + ϵ)2(2 + 3ϵ+ ϵ2)

ϵ5∆2
≤

ϵ≤0.1

0.6∆τ (e)ϵ
−2

∆2
+

3ϵ−5

∆2
.

Case 1: ∆τ (e) = 1, g ∼τ e. Since the line graph of Gτ is connected and τ is of co-
dimension at least 3, ∆τ (g) ≥ 2. So, it is enough to show that,∑
fc′∈Xτ (0)

p(fc′|τ ∪ ec)Fτ∪fc′(ec, ec) = (∆τ (g)− 1)f1(∆τ (g)− 1) + (k −∆τ (g)− 1)f1(∆τ (g))

≤ (k − 2)f1(∆τ (g))−
(
1 +

2

ϵ

)
f 2
1 (∆τ (g))−

0.6ϵ−2 + 3ϵ−5

∆2
.

(3.21)

Now, note that

(k − 2)f1(∆τ (g))− (∆τ (g)− 1)f1(∆τ (g)− 1)− (k −∆τ (g)− 1)f1(∆τ (g))

= (∆τ (g)− 1)(f1(∆τ (g))− f1(∆τ (u)− 1)) =
0.6ϵ−2 + 4ϵ−5

∆2
.

Furthermore, (
1 +

2

ϵ

)
f 2
1 (∆τ (g)) ≤

ϵ≤0.1

2.1

ϵ

(
5ϵ−5 ln∆

∆2

)2

≤
ln2(∆)

∆
≤ ϵ3

15

ϵ−5

∆2
.

Putting these together, we get Eq. (3.21).

Case 2: ∆τ (e) ≥ 2. For convenience in writing the recursion, let f2(1) =
5ϵ−5 ln(∆)

∆2 . Following
similar calculations, it is enough to show that

(∆τ (e)− 1)f2(∆τ (e))−∆τ (e)f2(∆τ (e)− 1) ≥
(
1 +

2

ϵ

)
f 2
2 (∆τ (e)) +

0.6ϵ−2∆τ (e) + 3ϵ−5

∆2
.

(3.22)
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Note that in the LHS of the above equation we should write f1(∆τ (g)) if ∆τ (e)−1 = 1 and g

is the only remaining neighbour (of e), but since f1(i) ≤ 5ϵ−5 ln(∆)
∆2 = f2(1) for all 1 ≤ i ≤ 2∆

the above inequality is valid. Note that, by definition

(∆τ (e)− 1)f2(∆τ (e))−∆τ (e)f2(∆τ (e)− 1) =
ϵ−2∆τ (e) + 4ϵ−5

∆2
.

Furthermore, ln2(∆)
∆

≥ ϵ3

15
and ϵ ≤ 0.1 imply that ln∆ ≥ 10, and we can write(

1 +
2

ϵ

)
f 2
2 (∆τ (e)) ≤

ϵ≤0.1

2.1(ln∆ + 2)2

ϵ∆4
·
(
ϵ−2∆τ (e) + 9ϵ−5

)2
≤

Fact 1.2.2

2.1(ln∆ + 2)2

ϵ∆4
·
(
1.2(ϵ−2∆τ (e))

2 + 6(9ϵ−5)2
)

≤
ln∆≥10,

ln2(∆)
∆

≤ ϵ3

15

0.4ϵ−2∆τ (e) + ϵ−5

∆2
.

This finishes the proof of Eq. (3.22).
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Chapter 4

An Improved Trickle-Down Theorem
for Partite Complexes

4.1 Introduction

In this chapter, we use the matrix trickle-down framework to prove a strengthening of the
trickle-down theorem for partite complexes. The results of this section were previously
published in [AO23a].

Given a (d + 1)-partite d-dimensional simplicial complex, we show that if “on average”
the links of faces of co-dimension 2 are 1−δ

d
-(one-sided) spectral expanders, then the link of

any face of co-dimension k is an O(1−δ
kδ

)-(one-sided) spectral expander, for all 3 ≤ k ≤ d+1.
For an application, using our theorem as a black-box, we show that links of faces of co-
dimension k in recent constructions of bounded degree (sparse) high dimensional expanders
have spectral expansion at most O(1/k) fraction of the spectral expansion of the links of the
worst faces of co-dimension 2, a significant improvment over previously known bounds. This
refutes a conjecture that, unlike dense high dimensional expanders, local spectral expansion
does not decay for sparse complexes. A more detailed introduction to this application can
be found in Section 1.1.3.

4.1.1 Main Results

We start by stating two special cases of our theorem. We need the following definition.

Definition 10. Given a (d+ 1)-partite complex (X, π) with parts [d], for every i ∈ [d], define

∆(X,π)(i) = |{j ∈ [d] \ i : ∃τ s.t. type(τ) = [d] \ {i, j}, λ2(Pτ ) > 0}|,

i.e. ∆(X,π)(i) is the number of parts j ̸= i for which there exists a face of type [d] \ {i, j}
whose link is not a 0-spectral expander. Moreover, define ∆(X,π) = maxi∈[d] ∆(X,π)(i). We
drop the subscripts (X, π) when the complex is clear in the context.

Theorem 4.1.1. Let (X, π) be a (d + 1)-partite (weighted) totally connected complex. For
some 0 < δ < 1, assume that

γ2 ≤
δ2

10(1 + ln∆)
and γ2 ≤

1− δ

∆+ ln∆
.
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Then, the link of any face τ of co-dimension k of X has spectral expansion{
c(1−δ)

kδ
if k ≥ ∆,

c(1−δ) k+ln k
∆+ln∆

kδ
if k < ∆,

for some constant c ≤ 2 that depends on δ.

Note that, for ∆ = d, this theorem retrieves Oppenheim’s trickle-down theorem (Theo-
rem 1.0.2) up to a lower order term in the condition on γ2 and a constant in the bounds on
local spectral expansions.

When ∆ ≪ d, this theorem is a significant improvement over Theorem 1.0.2. Roughly
speaking, this theorem says that, if the complex has many faces of co-dimension 2 whose
links are 0-expanders, one needs to satisfy a much weaker condition on γ2 to get O(1/k)-
spectral expansion for faces of co-dimension k. In other words, the faces of co-dimension 2
that have perfect spectral expansion can compensate for faces of co-dimension 2 that have
bad spectral expansion.

Next, we state the second special case of our theorem. For every integer n, let Hn =∑n
i=1

1
i
be the n-th harmonic number. Moreover, for any 1 ≤ i ≤ n define Hn(i) =

∑n
j=i

1
j

and let Hn(0) = Hn(1).

Theorem 4.1.2. Let (X, π) be a (d+1)-partite (weighted) totally connected complex. For any
distinct i, j ∈ [d], let

ϵ{i,j} = max
τ :type(τ)=[d]\{i,j}

λ2(Pτ )

be the 2nd largest eigenvalue of the simple random walk matrices on (Xτ , πτ ) for all τ of type
[d] \ {i, j}. For some 0 < δ < 1, assume that for every i ∈ [d],

ϵ{i,j} ·Hd ≤ δ2

10
, ∀j ̸= i and

d∑
ℓ=1

ϵ{i,jℓ} ·
Hd(ℓ− 1)

d
≤ 1− δ

d
,

where j0 . . . , jd is an ordering of [d] \ i such that ϵ{i,j0} ≤ · · · ≤ ϵ{i,jd}. Then, X is

( c(1−δ)
δ

, . . . , c(1−δ)
dδ

)-local spectral expander for some constant c ≤ 2 that depends on δ.

We remark that 1 ≤
∑d

ℓ=1 Hd(ℓ−1)

d
≤ 1 + ln d

d
. So, roughly speaking, the latter condition

can be seen as Ej[ϵ{i,j}] ≤ 1−δ
d

for every i ∈ [d], where the expectation is weighted according

to Hd(.)
d

. This is an improvement over the stronger condition in ??. Now, we state the main
theorem.

Theorem 4.1.3 (Main). Let (X, π) be a (d+ 1)-partite (weighted) totally connected complex.
For any distinct i, j ∈ [d], let ϵ{i,j} = maxτ :type(τ)=[d]\{i,j} λ2(Pτ ) be the 2nd largest eigenvalue
of the simple random walk matrices on (Xτ , πτ ) for all τ of type [d] \ {i, j}. For some
0 < δ < 1, assume that for every i ∈ [d],

ϵ{i,j} ·H∆−1 ≤ δ2

10
,∀j ̸= i and (4.1)

49



∆(i)∑
ℓ=1

ϵ{i,jℓ} ·H∆(i)−1(ℓ− 1) ≤ 1− δ, (4.2)

where j0 . . . , jd is an ordering of [d] \ i such that ϵ{i,j0} ≤ · · · ≤ ϵ{i,jd}. Then, the 1-skeleton

of X is a c(1−δ)
dδ

-expander for c =
2(1+ δ2

10
)

(1+δ)
.

Remark 4. If, for some δ > 0, the conditions of the above theorem hold for a complex (X, π),
then the conditions also hold for the same δ for all links (Xτ , πτ ) (of faces of co-dimension at

least 2). Therefore, this theorem implies that X is ( c(1−δ)
δ

, . . . , c(1−δ)
dδ

)-local spectral expander

for c =
2(1+ δ2

10
)

(1+δ)
. One can prove tighter bounds if they apply this theorem to any link (Xτ , πτ )

individually and possibly use better bounds on ∆(Xτ ,πτ )(i).

Next, we show how Theorem 4.1.1 follows from our main theorem.

Proof of Theorem 4.1.1. Fix a face τ of co-dimension k. For brevity we abuse notation
and write ∆τ denote ∆(Xτ ,πτ ). If k ≥ ∆ the statement follows from the above remark. In
particular, for any i, j ∈ [d]

ϵ{i,j} ·H∆τ−1 ≤ γ2 ·H∆−1 ≤ γ2 · (1 + ln∆) ≤ δ2

10
,

∆τ (i)∑
ℓ=1

ϵ{i,jℓ} ·H∆τ (i)−1(ℓ− 1) ≤ γ2(∆ + ln∆) ≤ 1− δ.

So, we can apply Theorem 4.1.3 to obtain that the link of τ has spectral expansion c(1−δ)
kδ

for
some constant c ≤ 2.

Otherwise, to bound the spectral expansion of (Xτ , πτ ), let δk = 1 − (1 − δ) k+ln k
∆+ln∆

≥ δ.
For i, j ∈ [d]

ϵ{i,j} ·H∆τ−1 ≤ γ2 ·Hk−1 ≤
δ2 ·Hk−1

10(1 + ln∆)
≤

δ≤δk

δ2k
10
,

and

∆τ (i)∑
ℓ=1

ϵ{i,jℓ} ·H∆τ (i)−1 ≤
ϵi,jℓ≤γ2,∆τ (i)≤k

γ2(k + ln k)

≤ (1− δ)(k + ln k)

∆ + ln∆
= 1− δk.

Therefore, applying Theorem 4.1.3 to (Xτ , πτ ), we obtain that (Xτ , πτ ) is a c(1−δk)
kδ

-
expander for some constant c ≤ 2.

Applications to Graph Coloring Consider a graph G = ([n], E) with degree function
∆ : [n] → Z≥0 and maximum degree ∆, paired with a collection of color lists {L(i)}i∈[n]
satisfying L(i) ≥ ∆(i) + (1 + η)∆ for all i ∈ [n] and for some 0 < η ≤ 0.9 such that
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1+ln∆
∆

≤ η2,
40
. We define the (n+1)-partite coloring complexX(G,L) specified by the following

facets: {i, σ(i)}i∈[n] is a facet if and only if σ is a proper L-coloring of G, i.e. σ(i) ∈ L(i)
for each i ∈ [n] and σ(i) ̸= σ(j) if {i, j} ∈ E. It is not hard to see that if {i, j} /∈ E, then
ϵ{i,j} = 0. Moreover, if {i, j} ∈ E, then ϵ{i,j} ≤ 1

(1+η)∆
+ 1

(1+η)2∆2 (see Proposition 3.3.2).

Once can verify that if we apply the above theorem to the coloring complex X(G,L) with

δ = η
2
, we get that X(G,L) is a

(
4
η
, 4
2η
, . . . , 4

(|V |−1)·η

)
-local spectral expander, and thus the

Glauber dynamics for sampling a random proper coloring mixes in polynomial time. This
retrieves Theorem 3.3.1 up to constants.

Applications to Sparse High Dimensional Expanders Kaufman and Oppenheim
[KO18] obtained a simple construction of sparse (d+ 1)-partite complexes with |X(0)| ≥ ps

for any integer s > d and prime power p such that every x ∈ X(0) is in at most pO(d3) many
facets (hence the degree is independent of s). They argued that for any non-consecutive pair
of parts i, j ∈ [d], i.e., j ̸= i+1 and i ̸= j+1 (mod d+1), we have ϵ{i,j} = 0 but ϵ{i,i+1} ≤ 1√

p

for any i ∈ [d] (i+ 1 is taken modulo d+ 1). Consequently, ∆(i) = 2 for any i ∈ [d]. Then,
using ??, they show that the complex is a ( 1√

p−(d−2)
, . . . , 1√

p−d−2
)-local spectral expander

for p > (d − 2)2. Simply plugging in these values into the above theorem, for δ = 1 − 2√
p

and p ≥ 193 (independent of d) the assumptions of the theorem are satisfied. The resulting
complex is ( 2c√

pδ
, . . . , 2c

d
√
pδ
)-local spectral expander for c ≈ 1.15. In other words, not only does

the Kaufman-Opennheim construction give a HDX for constant values of p independent of
d, but also its local spectral expansion improves inverse linearly with the co-dimension.

O’Donnell and Pratt [OP22] constructed (d + 1)-partite (sparse) high-dimensional ex-
panders, with unbounded dimension d, via root systems of simple Lie Algebras, namely
families Ad for d ≥ 1, Bd for d ≥ 2, Cd for d ≥ 3 and Dd for d ≥ 4. For explicit descriptions
of these root systems, see e.g. [Car89, Sec. 3.6]. O’Donnell and Pratt showed that, similar
to the Kaufman-Oppenheim construction, the resulting d-dimensional complex X satisfies
|X(0)| ≥ pΘ(m) whereas every vertex is only in pΘ(d2) many facets and for any i, j ∈ [d],
ϵi,j ≤

√
2/p. Then, using ?? they concluded that the complex is a ( 1√

p/2−d+1
, . . . , 1√

p/2−d+1
)-

local spectral expander. Upon further inspection of the explicit set of roots, one can verify
that ∆ ≤ 2 for complexes based on Ad, Bd, Cd root systems and ∆ ≤ 3 for the Dd root sys-
tem. Plugging in these values in the above theorem and setting δ = 1−2

√
2/p for Ad, Bd, Cd

complexes and δ = 1−3.5
√

2/p for the Dd complex, if p ≥ 376 for Ad, Bd, Cd complexes and

p ≥ 729 for the Dd complex, we get that these complexes are ( c′√
pδ
, . . . , c′

d
√
pδ
)-local spectral

expander for some constant c′ > 1.
The well known Ramanujan complexes, also known as LSV complexes, are generalizations

of Ramanujan graphs that were introduced by Lubotsky, Samuels, and Vishne in [LSV05b]
and explicitly constructed in [LSV05a]. As shown in [EK16], any d-dimenssional LSV com-
plex X that is q-thick for some fixed prime power q and d ≥ 2 has a bounded degree (the
number of facets that contain each x ∈ X(0) only deponents on q and d, and is constant
in the size of the ground set n which can be arbitrarily large). Moreover, the link of every
proper face of type S is a spherical building complex in which ∆(i) = |{j ̸= i : ϵ{i,j} > 0}| is
at most 2 for every i ∈ [d]\S. Furthermore, the worst expansion among links co-dimension 2
is c√

q
, for some constant c independent of q, d, n. So, there is a constant q0 such that if q ≥ q0,
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4.1.3 implies that the link of any (proper) face of X of co-dimension k is a c′

(k−1)
√
q
-spectral

expander for some constant c′ > 0 independent of q, d, n. This improves over the bound C(d)√
q

proved in [EK16], where C(d) ≥ 2d(d+ 1)!.

4.1.2 Proof Overview

At a high-level, this proof builds on the matrix trickle-down framework discussed in Chap-
ter 2. The Oppenheim’s trickle-down theorem follows from an inductive argument that de-
rives a bound on the second eigenvalue of the simple walk on 1-skeleton of each link (Xτ , πτ )
using the largest second eigenvalue of the simple walk on the 1-skeleton of links (Xτ ′ , πτ ′) for
all faces τ ′ ⊃ τ of size |τ |+1. The reason that one has to take the largest 2nd eigenvalue as
opposed to the average in each inductive step is that the eigenspaces of these simple walks
are very different. The matrix trickle-down framework overcomes this issue by substituting
the scalar bounds on the second eigenvalues with matrices that upper bound the transition
probability matrices of the simple walks on the 1-skeletons of links. However, as opposed to
Oppenhiem’s trickle-down theorem, the matrix trickle-down framework cannot be applied in
a black-box manner to bound the spectral expansion of the 1-skeletons of all links only by
bounding the spectral expansion of the 1-skeletons of links of faces of co-dimension 2. The
main result of this chapter can be seen as applying the matrix trickle-down framework with
a carefully chosen set of upper-bound matrices to prove an improved trickle-down theorem
for partite complexes that can be applied in the same black-box fashion, just known an
”average” second eigenvalue.

Our technical results in this chapter are twofold: First, we observe that for any two
disjoint sets of parts S, T ⊆ [d], if the links of all faces of co-dimension 2 whose types
intersect with both S, T are 0-spectral expanders, then for any σ ∈ X of type S and τ of
type T we get

Pη∼π[σ ⊂ η|τ ⊂ η] = Pη∼π[σ ⊂ η] and Pη∼π[τ ⊂ η|σ ⊂ η] = Pη∼π[τ ⊂ η],

namely, the conditional distributions on these types are independent (see Lemma 4.2.3 for de-
tails). This observation significantly simplifies invoking the Matrix trickle-down framework.
Armed with this tool, we invoke the matrix trickle-down theorem using a carefully chosen
family of (diagonal) matrices as the matrix bounds. These matrices are recursively defined
based on an ”average” of the spectral expansions of the links of all faces of co-dimension 2,
See the proof of Theorem 4.1.3 for the construction of these matrices.

4.1.3 Preliminaries

Graphs Given a graph G = (V,E), for any v ∈ V , let ∆G(v) be the degree of v in G,
and let ∆G be the maximum degree of G. Moreover, given a subset S ⊆ V , G[S] denotes
the induced subgraph of G on the set of vertices S. For any S ⊆ V , define GS = G[V \ S].
For simplicity of notation, when G is clear from context, we denote ∆G(v) by ∆(v) for any
v ∈ V , and for any S ⊆ V , we denote ∆GS

(v) by ∆S(v) for any v ∈ V \ S. Similarly, we
denote the maximum degree of G and GS by ∆ and ∆S respectively. Moreover, when G is
clear from context, we write u ∼ v if u, v are adjacent vertices in G and u ∼S v if u, v ∈ V \S
and u ∼ v.
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Simplicial Complexes We say that a simplicial complex X is gallery connected if for any
face τ of co-dimension at least 2 and any pair of facets σ, σ′ of Xτ there is a sequence of
facets of Xτ , σ = σ0, σ1, . . . , σℓ = σ′, such that for all 0 ≤ i < ℓ, |σi∆σi+1| = 2. It is shown
in [Opp18, Prop 3.6] that if X is totally connected, then it is gallery connected.

Given a (d+1)-partite complex, we say that an x ∈ X(0) is of type i and write type(x) = i
if x ∈ Ti. Similarly, the type of a face τ ∈ X is defined as type(τ) = {i ∈ [d] : |τ ∩ Ti| = 1}.
Lemma 4.1.4. Consider a totally connected (d+ 1)-partite complex X with parts indexed by
[d]. For any S ⊆ [d], The induced subgraph of the 1-skeleton of X on vertices of type S is
connected.

Proof. Take x, y of type i, j ∈ S and facets η, η′ such that x ∈ η, y ∈ η′. Total connectivity
implies that there is a sequence η = η1, . . . , ηt = η′ of facets such that ηi ∩ ηi+1 ̸= ∅ for all
1 ≤ i ≤ t − 1. Let σ1 ⊆ η1, . . . , σt ⊆ ηt be faces of type {i, j}. Note that this is possible
because any facet in a partite complex has exactly one vertex from each of the [d] parts.
Finally, σ1, . . . , σt gives a path between x, y.

The following facts hold for weighted partite complexes:

Observation 4.1.5. Consider a weighted (d + 1)-partite complex (X, π). For any face τ of
co-dimension k ≥ 1, we have kπτ,0(x) = Prσ∼πτ [x ∈ σ] for all x ∈ Xτ (0).

Observation 4.1.6. Consider a weighted (d+ 1)-partite complex (X, π) with parts indexed by
[d]. For any face τ of co-dimension k ≥ 1 and i ∈ [d]\type(τ),

∑
x:type(x)=i Prσ∼πτ [x ∈ σ] = 1.

The following definition is useful for proving the main theorem:

Definition 11. For any (d+1)-partite complex (X, π) with parts indexed by [d], define a graph
G(X,π) on the set of vertices [d], where any distinct i, j ∈ [d] are adjacent in G(X,π) if there
exists τ of type [d] \ {i, j} such that the second eigenvalue of (Xτ , πτ ) is positive.

Remark 5. For any (d+1)-partite complex (X, π) with parts indexed by [d], for every i ∈ [d],
∆(i) (see Definition 10) is the degree of i in graph G(X,π) and ∆ is the maximum degree of
G(X,π).

Note that if codim(τ) = k, the link Xτ is a k-partite complex with parts indexed by
[d]\S. One can verify that given a face τ of type S, the set of edges of G(Xτ ,πτ ) is a subset of
the edges of (G(X,π))S, i.e., the induced subgraph of G(X,π) on [d] \ S. When (X, π) is clear
from context, we write G for G(X,π) and GS for (G(X,π))S.

Product of Weighted Complexes Given weighted complexes (Y1, µ1), . . . , (Yℓ, µℓ) de-
fined on disjoint ground sets and of dimensions d1, . . . , dℓ respectively, and weighted com-
plexes (X, π) of dimension d, we write (X, π) = (Y1, µ1)× · · · × (Yℓ, µℓ) if X(d) = {∪i∈[ℓ]τi :
τ1 ∈ Y1(d1), . . . , τℓ ∈ Yℓ(dℓ)} and π(∪i∈[ℓ]τi) =

∏
i∈[ℓ] µi(τi) for all τ1 ∈ Y1(d1), . . . , τℓ ∈ Yℓ(dℓ).

We denote the generating polynomial of (X, π) by g(X,π), i.e.

g(X,π) =
∑

τ∈X(d)

π(τ)
∏
x∈τ

zx.

One can verify that (X, π) = (X1, µ1)× · · · × (Xℓ, µℓ) if and only if g(X,π) = g(X1,µ1) × · · · ×
g(Xℓ,µℓ). Note that this is true because we assume that for any weighted simplicial complex,
the given distribution on facets is non-zero on all facets.
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4.2 Simplifying Matrix Trickle-Down’s Conditions to

Scalar Inequalities

In this section, given a (d + 1)-partite complex (X, π), we apply the matrix trickle-down
theorem to derive a set of conditions on a family of vectors {fS ∈ R[d]}S⊂[d],|S|<d that will

guarantee that λ2(Pτ ) ≤
maxi∈[d] fS(i)

k−1
for all k ≥ 2 and τ of co-dimension k and type S. We

prove the following theorem.

Theorem 4.2.1. Consider a totally connected (d+1)-partite complex (X, π) with parts indexed
by [d] and graph G = G(X,π). Suppose we are given a family of vectors {fS ∈ R[d]}S⊂[d],|S|<d

such that for all S ⊂ [d] of size (d+ 1)− k, the support of fS is a subset of [d] \ S, and the
following holds:

• If GS is disconnected, then fS =
∑

1≤i≤ℓ:|Ii|≥2 f[d]\Ii , where I1 ∪ · · · ∪ Iℓ are the vertices
of the connected components of GS. Note that if all connected components are of size
1, then fS = 0.

• Otherwise if GS is connected, we have maxi∈[d] fS(i) ≤ (k−1)2

3k−1
and

1. Base Case: If k = 2, then for every face τ of type S, λ2(Pτ ) ≤ maxi∈[d]\S fS(i).

2. Recursive Condition: If k ≥ 3, then∑
j∈[d]\(S∪i)

fS∪j(i) ≤ (k − 2)fS(i)− f 2
S(i),

for all i ∈ [d] \ S.

Then, for all k ≥ 2 and τ of co-dimension k and type S, λ2(Pτ ) ≤
maxi∈[d] fS(i)

k−1
.

The main sets of conditions in the above theorem are the inequalities in Item 1 and Item 2.
To get some intuition about these conditions, it is helpful to compare the above theorem
with the standard trickle-down theorem (??). There, one shows that if λ2(Pτ∪{x}) ≤ λ for
all x ∈ Xτ (0), then λ2(Pτ ) ≤ α, where α satisfies

λ ≤ α− α2(1− λ). (4.3)

Then, ?? follows by recursively applying these inequalities.
In the above theorem, instead of a single upper bound on λ2(Pτ ) for faces τ of co-

dimension 2, one bounds the expansion of the links of all faces of co-dimension 2 of each type
separately, allowing higher degrees of freedom. For any face τ of type S and co-dimension
k = |S|, the function fS(.)

k−1
will serve as the digonal entries of a matrix upper-bound Pτ .

Then, the inequality
∑

j∈[d]\(S∪i) fS∪j(i)

k−2
≤ fS(i) −

f2
S(i)

k−2
is the natural analogue of Eq. (4.3)

which requires fS to be at least “the average” of fS∪j for all j ∈ [d] \ S plus a square error
term.

Before proving the above theorem, we show that ifGS is disconnected with partsG[I1], . . . , G[Iℓ]
for some S ⊂ [d] of size at most d− 1, then for any τ of type S, (Xτ , πτ,k−1) can be written
as the product of its links of types [d] \ Ii for all 1 ≤ i ≤ ℓ. This allows us to prove a better
upper-bound on λ2(Pτ ) for such faces τ by simply “concatenating” upper-bounds on each
connected component of GS.
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Lemma 4.2.2. Consider a 2-partite complex (X, π) with parts S, T . If (X, π) is 0-expander,
then (X, π) = (Xz, πz)× (Xy, πy) for any y ∈ S and z ∈ T .

Proof. Note that (X, π) is a weighted bipartite graph with parts S, T . Let A ∈ RX(0)×X(0)

be the adjacency matrix of (X, π). Let AS,T (y, z) = A(y, z) for y ∈ S, z ∈ T and 0
on other entries. Moreover, let AT,S = A − AS,T . Then, for any vector v ∈ RX(0), we get
A = AS,TvT +AT,SvS, where vS, vT are respectively supported on S, T and v = vS+vT . Thus,
if Av = λv, then Av′ = −λv′, for v′ = (−vS+vT ). So if µ is an eigenvalue of A, then−µ is also
an eigenvalue of A. Thus, if (X, π) is 0-expander, the rank of A is 2. This implies that there
are vectors wS ∈ RS and wT ∈ RT such that π({y, z}) = A(y, z) = A(z, y) = wS(y)wT (z)
for y ∈ S, z ∈ T . Without loss of generality, assume ∥wS∥1 = ∥wT∥1 = 1. Then, for any

y ∈ S and z ∈ T , we have πz(y) = π({y,z})∑
x∈S π({x,z}) = wS(y). Similarly πy(z) = wT (z). Thus

π({y, z}) = πy(z)πz(y). This finishes the proof.

Lemma 4.2.3. Consider a totally connected (d+1)-partite complex (X, π) with parts indexed
by [d] and its associated graph G = G(X,π). Let I1 ∪ · · · ∪ Iℓ be a partition of [d] such that
for any 1 ≤ i ≤ ℓ the induced graph G[Ii] is a connected component or the union of several
connected components of G. Then (X, π) = (Xσ−1 , πσ−1) × · · · × (Xσ−ℓ

, πσ−ℓ
), where σ−i is

an arbitrary face of type [d] \ Ii for any 1 ≤ i ≤ ℓ.

Proof. We prove the statement by induction on d. For d = 1, the statement simply follows
from Lemma 4.2.2. Now, assume that d > 1. If |Ii| = 1 for all 1 ≤ i ≤ ℓ, then ℓ ≥ 3.
In this case, let S = I1 ∪ I2. Otherwise, WLOG assume that |I1| ≥ 2 and let S = I1.
First, we show that g(X,π) can be written as g(X,π) = h · h′, where h is a polynomial in
{zy : type(y) ∈ I \ S} and h′ is a polynomial in terms of variables in {zy : type(y) ∈ S}. By
the induction hypothesis, for any i ∈ S, x ∈ Ti, and any face σ ∈ X of type S such that
x ∈ σ,

∂zxg(X,π) = fx · gx, (4.4)

where fx is a polynomial in terms of variables in {zy : type(y) ∈ S \ i} and gx is a polynomial
in terms of variables in {zy : type(y) ∈ I \ S}. Now, take arbitrary i, j ∈ S such that i ̸= j.
Then, Eq. (4.4) implies that for any face {x, y} of type {i, j},

∂zx∂zyg(X,π) = (∂zyf
x)gx = (∂zxf

y)gy.

It thus follows that gx is a multiple of gy. One can see this simply by substituting 1 for all
variables in {zy : type(y) ∈ S \{i, j}}. Moreover, since gx and gy are generating polynomials
of distributions, i.e. the coefficients sum up to 1, we get gx = gy. Therefore, we get that
for any distinct x, y such that type(x), type(y) ∈ S and {x, y} is a face, gx = gy. Applying
Lemma 4.1.4, we get gx = gy for all x, y ∈ ∪i∈STi. Thus, there exist a polynomial h in
variables {zy : type(y) ∈ I \S} such that we can rewrite Eq. (4.4) for any x with type(x) ∈ S
as

∂zxg(X,π) = fx · h,
where fx is a polynomial in terms of variables in {zy : type(y) ∈ S \ i}. Finally, since X is
a partite complex,

|S|g(X,π) =
∑
i∈S

∑
x∈Ti

zx∂zxg(X,π) = h ·
∑
i∈S

∑
x∈Ti

zxf
x = h · h′, (4.5)
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where h′ =
∑

i∈S
∑

x∈Ti
zxf

x is a polynomial in {zy : type(y) ∈ S}. It remains to show
that for any face σ of type S, we have h = g(Xσ ,πσ), and for any τ of type [d] \ S, we have
h′ = g(Xτ ,πτ ). Fix arbitrary faces σ of type S and τ of type [d] \ S. Noting that g(X,π) is
a multiple of h · h′, and that h′ is in variables associated to elements whose types are in S
and h is in variables associated to elements whose types are in [d] \ S, we conclude that h′

has a monomial that is a multiple of
∏

x∈σ zx and h has a monomial that is a multiple of∏
x∈τ zx. First, take (

∏
x∈σ ∂zx) from both sides of Eq. (4.5). We get that g(Xσ ,πσ) is a positive

multiple of h. Similarly, taking (
∏

x∈τ ∂zx) from both sides of Eq. (4.5), we get that g(Xτ ,πτ )

is a positive multiple of h′. Thus, noting that the coefficients of generating polynomials sum
up to 1, we get h = g(Xσ ,πσ) and h′ = g(Xτ ,πτ ) as desired. Repeating the same argument
inductively on the complex (Xσ, πσ) proves the claim.

Now we are ready to prove Theorem 4.2.1.

Proof of Theorem 4.2.1. We apply the matrix trickle-down theorem (Theorem 2.4.2). For
every S ⊂ [d] such that |S| < d, define a diagonal matrix DS ∈ RX(0)×X(0) as DS(x, x) =
fS(type(x)) for all x ∈ X(0). We prove that the conditions of ?? hold for Mτ = ΠτDS

k−1
for an

arbitrary face τ ∈ X of co-dimension at least k ≥ 2 and type S.
First, we show that the conditionMτ ⪯ k−1

3k−1
Πτ holds. If GS is connected, maxi∈[d] fS(i) ≤

(k−1)2

3k−1
holds by assumption. If GS is disconnected, maxi∈[d] fS(i) ≤ (k−1)2

3k−1
follows from the

assumptions that fS =
∑

1≤i≤ℓ:|Ii|≥2 f[d]\Ii , where I1 ∪ · · · ∪ Iℓ are the vertices of connected
components of GS. Because the supports of vectors f[d]\Ii are disjoint by assumption and
(k−1)2

3k−1
is an increasing function for k ≥ 2, we get Dτ ⪯ (k−1)2

3k−1
I, and thus, Mτ ⪯ k−1

3k−1
Πτ .

To prove the rest of the conditions hold, first assume that k = 2. If GS is two disconnected
vertices, we get fS = 0, and therefore, DS = 0. Thus, we get ΠτPτ − πτ,0π

⊤
τ,0 ⪯ 0 =

ΠτDS = Mτ , as desired. If GS is connected, the base case assumption (1) implies that
λ2(Pτ ) ≤ DS(x, x) for all x ∈ Xτ (0). Therefore, ΠτPτ − πτ,0π

⊤
τ,0 ⪯ ΠτDS =Mτ .

Now we prove the rest of the conditions for k ≥ 3. First assume that GS is disconnected
and G[I1], . . . , G[Iℓ] are its connected components for some partition I1 ∪ · · · ∪ Iℓ of [d] \ S.
Fix any σ ∈ Xτ (k−1). By Lemma 4.2.3, (Xτ , πτ ) = (Xτ∪σ−1 , πτ∪σ−1)×· · ·× (Xτ∪σ−ℓ

, πτ∪σ−ℓ
)

where for every 1 ≤ j ≤ ℓ, σ−j is ca subset of σ that has type [d] \ (S ∪ Ij). Therefore, we
get Prη∼πτ∪σ−j

[x ∈ η] = Prη∼πτ [x ∈ η] for all 1 ≤ j ≤ ℓ and x ∈ Xτ∪σ−j
(0). Combining this

with Observation 4.1.5, we get kj · πτ∪σ−j ,0(x) = k · πτ,0(x), where kj = |Ij| for all 1 ≤ j ≤ ℓ.
Thus we can write∑

1≤j≤ℓ:|Ij |≥2

(kj − 1)kj
(k − 1)k

Mτ∪σ−j
=

∑
1≤j≤ℓ:|Ij |≥2

(kj − 1)kj
(k − 1)k

Πτ∪σ−j
D[d]\Ij

kj − 1

=
∑

1≤j≤ℓ:|Ij |≥2

kj
k(k − 1)

k

kj
ΠτD[d]\Ij

=
Πτ

k − 1

∑
1≤j≤ℓ:|Ij |≥2

D[d]\Ij

=
ΠτDS

k − 1
=Mτ ,
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where the first equality follows from the definition of Mτ∪σ−j
, and in the second to last

equality, we used the fact that
∑

1≤j≤ℓ:|Ij |≥2 f[d]\Ij = fS and thus
∑

1≤j≤ℓ:|Ij |≥2D[d]\Ij =
DS by definition of DS. Now, assume that GS is connected. It is enough to show that
Ex∼πτ,0Mτ∪x ⪯Mτ −MτΠ

−1
τ Mτ . This is equivalent to showing that for any x ∈ Xτ (0)

Ey∼πτ,0

[
(Π−1

τ Πτ∪yDS∪type(y))(x, x)

k − 2

]
≤ DS(x, x)

k − 1
− D2

S(x, x)

(k − 2)(k − 1)
(4.6)

One can check that for any x ∈ Xτ (0) of type i

Ey∼πτ,0

[
Π−1

τ Πτ∪yDS∪type(y)(x, x)

k − 2

]
=

∑
y∈Xτ∪x(0)

Prσ∼πτ∪x [y ∈ σ]DS∪type(y)(x, x)

(k − 1)(k − 2)

=
∑

j∈[d]\S

fτ∪j(i)

(k − 1)(k − 2)

∑
y∈X τ∪x(0):

type(y)=j

Pr
σ∼πτ∪x

[y ∈ σ]

=

∑
j∈[d]\S fτ∪j(i)

(k − 1)(k − 2)
,

where in the last equality, we used Observation 4.1.6. Thus, substituting DS(x, x) =
fS(type(x)) in the RHS of Eq. (4.6), it is enough to show that for any i ∈ [d] \ S∑

j∈[d]\S fτ∪j(i)

(k − 1)(k − 2)
≤ fS(i)

k − 1
− f 2

S(i)

(k − 1)(k − 2)
,

which holds by Item 2.

4.3 Proof of Main Theorem

We are ready to prove Theorem 4.1.3.

Proof of Theorem 4.1.3. We find a family of vectors {fS ∈ R[d]}S⊂[d]:|S|<d that satisfy the
conditions of theorem Theorem 4.2.1. Let G = G(X,π). Based on the conditions of Theo-
rem 4.2.1, vectors {fS ∈ R[d]}S⊂[d]:|S|<d can be defined as functions of {ϵ{i,j}}i,j∈[d],i ̸=j. Recall
that edges of G capture pairs {i, j} for which ϵ{i,j} > 0. Assign every edge {i, j} of G with
weight ϵ{i,j}. We restrict our attention to functions that are very local with respect to G,
i.e. for every S and i ∈ [d] \ S, we assume fS(i) only depends on ∆S(i) and the weights
of edges adjacent to i in GS if ∆(i) > 1. It turns out that if ∆(i) = 1, we would need to
also take into account the degree of the unique neighbor of i. More formally, consider the
following family of vectors {fS ∈ R[d]}S⊂[d]:|S|<d: for any S ⊂ [d] such that |S| < d, let fS be
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of the following form: for any i ∈ S, let fS(i) = 0, and for any i ∈ [d] \ S define

fS(i) =


0 if ∆S(i) = 0,

ϵ{i,j} · gi,j(∆S(j)) if ∆S(i) = 1 and i ∼S j,∑
j∼Si

ϵ{i,j} · hi (∆S(i)) if ∆S(i) ≥ 2,

where for every i ∈ [d] and j ∼ i, the functions gi,j, hi : {1, . . . ,∆} → R≥0 are defined later
in a way that guarantees that {fS}S⊂[d]:|S|<d satisfies the assumptions of Theorem 4.2.1 (see
Eq. (4.9), Eq. (4.11)).

First, consider the case that GS is disconnected. Note that for any S, S ′ ⊂ [d] such that
|S|, |S ′| < d, if {j ∈ [d] : j ∼S i} = {j ∈ [d] : j ∼S′ i} for some i /∈ S, S ′, then fS(i) = fS′(i).
Let I1, . . . , Iℓ be the vertices of connected components of GS. Since the neighborhood of
each vertex in any connected component of GS′ is the same as its neighborhood in GS, we
get fS =

∑
1≤i≤ℓ:|Ii|≥2 f[d]\Ii .

Now, assume GS is connected. Take an arbitrary k ≥ 2 and S ⊂ [d] of size (d + 1) − k.
First we verify the set of conditions given in Item 1 and Item 2. First, assume that k = 2. Let
[d] \S = {i, j}. By definition of ϵ{i,j}, for any τ of type S, λ2(Pτ ) ≤ ϵ{i,j}. Thus, if we define
gℓ,t(1) = 1 for all distinct ℓ, t ∈ [d], then we get λ2(Pτ ) ≤ ϵ{i,j} = ϵ{i,j}gi,j(1) = fS(i) = fS(j),
as desired. Now, assume that k ≥ 3. Fix an arbitrary i ∈ [d] \ S. Our goal is to define
gi,j, hi : {1, . . . ,∆} → R≥0 for all j ∼ i such that gi,j(1) = 1 for all j ∼ i and the following
inequality is satisfied: ∑

j∈[d]\(S∪i)

fS∪j(i) ≤ (k − 2)fS(i)− f 2
S(i). (4.7)

To keep the notation concise, relabel the elements such that i is relabeled to 0 and ϵ{0,1} ≥
· · · ≥ ϵ{0,d}. Moreover, define ϵj = ϵ{0,j} for any j ∈ [d] \ 0.

Case 1: ∆S(0) = 1, and j ∼S 0. Since GS is connected and (d+ 1)− |S| ≥ 3, we have
∆S(j) ≥ 2. Define t = ∆S(j). We have∑

ℓ∈[d]\(S∪0)

fS∪ℓ(0)

= fS∪j(0) +
∑

ℓ∈[d]\(S∪0):ℓ∼Sj

fS∪ℓ(0) +
∑

ℓ∈[d]\(S∪0):ℓ ̸∼Sj,ℓ̸=j

fS∪ℓ(0)

= 0 + (t− 1) · ϵj · g0,j(t− 1) + (k − t− 1) · ϵj · g0,j(t).

On the other hand, (k − 2)fS(0)− fS(0)
2 = (k − 2) · ϵj · g0,j(t)− ϵ2j · g20,j(t). So it is enough

to satisfy

(t− 1) · ϵj · (g0,j(t)− g0,j(t− 1)) ≥ ϵ2j · g20,j(t). (4.8)

Now, define g0,j : {1, . . . ,∆} → R≥0 as follows: recall that we defined g0,j(1) = 1. For any
2 ≤ ℓ ≤ ∆, let

g0,j(ℓ) = 1 + 1.3 · ϵj ·Hℓ−1. (4.9)
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Using assumption 4.1, ϵjH∆−1 ≤ δ2

10
≤ 1

10
. Thus

ϵ2j · g20,j(t) ≤ ϵ2j (1 + 1.3ϵj (1 +H∆−1))
2 < 1.3ϵ2j .

Substituting g0,j(t) according to Eq. (4.9) and using the above bound, one can verify that
Eq. (4.8) holds.

Case 2: ∆S(0) ≥ 2. For simplicity of notation, define t = ∆S(0) and α =
∑

j:j∼S0
ϵj.

Define h0(1) = maxj:j∼0 g0,j(∆).∑
j∈[d]\(S∪0)

fS∪j(0)

=
∑

j∈[d]\(S∪0):j∼S0

fS∪j(0) +
∑

j∈[d]\(S∪0):j ̸∼S0

fS∪j(0)

≤

 ∑
j∈[d]\(S∪0):j∼S0

(α− ϵ{0,j})

 · h0(t− 1) + (k − t− 1) · α · h0(t)

= (t− 1) · α · h0(t− 1) + (k − t− 1) · α · h0(t).

Note that if t ≥ 3, the first inequality is an equality by definition. If t = 2, the first inequality
follows from the definition of h0(1). Thus, it is enough to satisfy∑

j∈[d]\(S∪0)

fS∪j(0) = (t− 1) · α · h0(t− 1) + (k − t− 1) · α · h0(t)

≤ (k − 2) · α · h0(t)− α2 · h20(t)
= (k − 2)fS(0)− f 2

S(0).

Equivalently, it suffices to satisfy

(t− 1)(h0(t)− h0(t− 1)) ≥ α · h20(t). (4.10)

Now, define h0 : {1, . . . ,∆} → R≥0 as follows: recall that we defined h0(1) = maxj:j∼0 g0,j(∆).
For any 2 ≤ ℓ ≤ ∆, define

h0(ℓ) =
h0(1)

1− c
(∑ℓ

j=1 ϵjHℓ−1(j − 1)
) . (4.11)

We need to prove Eq. (4.10) for a carefully chosen c. Let β be such that h0(t) =
h0(1)
β

. We

get h0(t− 1) = h0(1)

β+c(
∑t

j=1

ϵj
t−1

)
, and thus,

(t− 1)(h0(t)− h0(t− 1)) =
h0(1) · c

∑t
j=1 ϵj

β · (β +
c
∑t

j=1 ϵj

t−1
)
.

Note that α · h20(t) =
α·h2

0(1)

β2 . Thus, to satisfy Eq. (4.10), it is enough to show that

β · c ·

(
t∑

j=1

ϵj

)
≥ α · h0(1) ·

(
β +

c
∑t

j=1 ϵj

t− 1

)
.
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Note that

h0(1) ≤ max
j∼i

g0,j(∆) = 1 + 1.3ϵ1H∆−1 ≤
by 4.1

1 + 1.3
δ2

10
. (4.12)

Moreover,
∑t

j=1 ϵj ≥
∑

j:j∼S0
ϵj = α. Thus, letting c = 1+c′δ for some c′ > 0 that we choose

later, it is enough to show that

β · (c′ − 0.13δ)δ ≥ (1 + 0.13δ) ·
(1 + c′δ)

∑t
j=1 ϵj

t− 1
.

Using
∑t

j=1 ϵj

t−1
≤ 2ϵ1 ≤

4.1

δ2

5
, it is enough to show that

β · (c′ − 0.13δ) ≥ (1 + 0.13δ)(1 + c′δ)
δ

5
. (4.13)

On the other hand,

β ≥ 1− (1 + c′δ)

∆(0)∑
j=1

ϵjH∆(0)−1(j − 1)


≥
4.2

1− (1 + c′δ)(1− δ) = δ(1− c′ + c′δ), (4.14)

Thus, to satisfy Eq. (4.13), it is enough to show that (1−c′+c′δ)(c′−0.13δ) ≥ (1+1.13δ)(1+
c′δ)1

5
. Letting c′ = 1

2
, this inequality holds for every 0 < δ < 1. This establishes Eq. (4.7).

So we verified conditions Item 1 and Item 2 are satisfied.
To show that all conditions of 4.2.1 are satisfied, it remains to show that maxi∈[d] fS(i) ≤

(k−1)2

3k−1
. Note that

∑
j:j∼i ϵ{i,j} ≤ ∆S · ϵ1 ≤

4.1
∆S · δ2

10
for all i ∈ [d] \ S. Thus, we get

maxi∈[d] fS(i) ≤ ∆S · δ2

10
maxi∈[d]\S ·hi(∆S(i)). Moreover, using Eq. (4.12) and Eq. (4.14)

with c′ = 1
2
(we can write this inequality for every i), we get

hi(∆S(i)) ≤ hi(∆(i)) ≤
1 + δ2

10

δ(1
2
+ δ

2
)
, (4.15)

Thus, we can write

max
i∈[d]

fS(i) ≤ ∆S · δ
2

10

1 + δ2

10

δ(1
2
+ δ

2
)
≤ ∆S

5
≤ k − 1

5
≤ (k − 1)2

3k − 1
,

as desired. So we proved that {fS}S⊂[d]:|S|<d satisfies the conditions of Theorem 4.2.1. Now,
we are ready to bound λ2(Pτ ) for any face τ of co-dimension k ≥ 2 and type S. First, we
show that for every i ∈ [d] \ S,

∑
j:j∼Si

ϵ{i,j} ≤ 1− δ. Note that

∆(i)∑
ℓ=1

H∆(i)−1(ℓ− 1) =

∆(i)∑
ℓ=2

ℓ

ℓ− 1
= 2 +

∆(i)∑
ℓ=3

ℓ

ℓ− 1
≥ ∆(i).
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Thus, we can write

∑
j:j∼Si

ϵ{i,j} ≤

∆(i)∑
ℓ=1

H∆(i)−1(ℓ− 1)

∆(i)

(∑
j∼i

ϵ{i,j}

)

≤
∆(i)∑
ℓ=1

H∆(i)−1(ℓ− 1) · ϵ{i,jℓ} ≤ 1− δ, (4.16)

where we assumed that i1, . . . , jd is an ordering of [d] \ S such that ϵj1 ≤ · · · ≤ ϵjd . Using
this inequality and Eq. (4.15), we get

λ2(Pτ ) ≤
maxi∈[d]\S fS(i)

k − 1
≤

maxi∈[d](
∑

j∼Si
ϵ{i,j}) · hi(∆S(i))

k − 1

≤
(1− δ) ·maxi∈[d] hi(∆(i))

k − 1
≤

(1− δ) · 2(1+ δ2

10
δ)

δ(δ+1)

k − 1
,

as desired.

4.4 Obstructions to Trickle-Down

In this section, we exhibit some barriers to any class of trickle-down theorems that only look
at 2nd eigenvalue of links of co-dimension 2.

Example 1. We exhibit a family of partite complexes such that γ2 ≤ λ, but γ2d+1 ≥ Ω(λ).
Consider a 2d-partite complex (X, π) on the ground set ∪2d

i Ti, where for all i ∈ {1, . . . , d},
Ti = {iin, iout} are the elements of type i. A set τ ∈ T1 × · · · × T2d is a facet of X iff for all
iin, jin ∈ τ we either have iin, jin ≤ d or iin, jin ≥ d+1. For such a τ , we define w(τ) = λ∥τ∥1

where ∥τ∥1 is the number of i ∈ τ , for some 0 < λ < 1 that we choose later (the weight of
the complex is the probability distribution induced by this weight function, but for simplicity
of calculations, we do not normalize the weights here).

As a side note, facets of this complex correspond to the set of independent sets of Kd,d

the complete bipartite graph on the sets {1, . . . , d}, {d+ 1, . . . , 2d}. It is not hard to see that
we have γ2 = λ

1+λ
. To see this, note that a worst link to take is τ = {2out, . . . , (2d − 1)out}

with the the following 1-skeleton.
Notice that this graph is a λ

1+λ
-spectral expander.

1 2d
λ

1̄
1

2d
λ

We claim that the 2nd eigenvalue of the 1-skeleton of the link of the empty set is at
least Ω( λ

1+λ
). First note that this graph has 4d vertices. We partition its vertices into 4

sets of equal size, A = {1in, . . . , din}, Ā = {1out, . . . , dout}, B = {(d + 1)in, . . . , (2d)in}, and
B̄ = {(d+ 1)out, . . . , (2d)out}.
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For simplicity of calculations, we can write the weight of every edge of the 1-skeleton as
the sum of the weights of all facets that contain that edge. For every iin ∈ A, jout ∈ Ā,

wiin,jout =
d−2∑
k=0

(
d− 2

k

)
λk+1 = λ(1 + λ)d−2

Running a similar calculation for all possible pairs of elements, we obtain the following 1-
skeleton of the empty set (after dividing all edge weights by (1 + λ)d−2).

A B

2(1 + λ)− (1 + λ)−(d−2)

A B

λ

λ(1 + λ)

λ2

1 + (1 + λ)2 − (1 + λ)−(d−2)

Figure 4.1: 1-skeleton of the link of ∅ for complex 1. Edges of the same color have the same
weight.

We assume 1/d ≪ λ ≪ 1 and d → ∞ so we ignore (1 + λ)−(d−2) low order term. It
follows that dw(iin) ≈ 2dλ(1 + λ) and dw(iout) ≈ 2d(2 + 3λ+ λ2) for i. It follows that,∣∣∣∣w(E(A ∪B))− vol(A ∪B)2

vol(V )

∣∣∣∣ ≥ ∣∣∣∣d2λ2 − (2d(2dλ(1 + λ)))2

2d(2d(2 + 4λ+ 2λ2))

∣∣∣∣
=
∣∣d2λ2 − 2d2λ2

∣∣
So, by Fact 1.2.5 for S = A ∪B we have

λ2 ≥
d2λ2

vol(A ∪B)
=

d2λ2

4d2λ(1 + λ)
≥ λ

4(1 + λ)
.

Note that if we apply Theorem 4.1.3 to the setting of the above example, we obtain
∆(i) = d for all 1 ≤ i ≤ 2d. So, if λ · d ≤ 1− δ, (and λd log d ≤ δ2/10), our theorem implies

that the 2nd eigenvalue of the link of the emptyset is at most c(1−δ)
2d·δ ≤ cλ

δ
which is consistent

with the above calculations.

Example 2. In this example we construct a totally connected (non-partite) (d−1)-dimensional
weighted simplicial complex (X, π) such that links of co-dimension 2 are 0.5-spectral ex-
panders, but the 1-skeleton of the link of the emptyset is only a 1−exp(−d)-spectral expander.
See [Liu+23] for a random family of 3-dim complexes exhibiting a similar growth of eigen-
values. This in particular shows that local spectral expansion can increase significantly for
(non-partite) complexes. Let B(V,E) be the following barbell graph: Consider two disjoint
cliques K1, K2 each with 2d vertices and connect them with a path of length d + 2 namely
x0 ∈ K1, x1, . . . , xd, xd+1 ∈ K2. Note that x1, . . . , xd do not belong to the cliques.
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x0 x1 xd+1xd

K1 K2

Now we define a d − 1-dimensional weighted complex on vertices V . The facets of X
are precisely sets S ⊆ V with |S| = d such that the induced graph B[S] is connected. For
simplicity of calculations we define the weight of every facet to be 1, i.e., we don’t normalize
the weights to be a probability distribution.

We claim that any link Xτ of co-dimension 2 is Ω(1)-spectral expander. Indeed the worst
link is Xτ for τ = {x2, . . . , xd−1}. The 1-skeleton of Xτ is the following graph with second
eigenvalue 0.5.

x0 x1 xd xd+1

Now, we claim that the 1-skeleton of X∅, G0, has 2nd eigenvalue 1− 1
exp(d)

. First notice

G0 has the same vertex set as B. Now, consider the set S = K1 ∪ {x0, x1, . . . , xd/2}. For
simplicity of calculations, we let the weight of every edge {x, y} of G0 be sum of the weights
of all facets that contains x, y. First, observe that the weight of every edge in K1 is (at least)(
2d−2
d−2

)
. On the other hand, the weight of any edge in the cut (S, S) is at most 2

(
2d
d/2

)
. Putting

these together it follows that

ϕ(S) =
w(E(S, S))

vol(S)
≥

2d
2
· 5d

2
·
(
2d
d/4

)(
2d
2

)
·
(
2d−2
d−2

) ≈ 2−d/2,

for a large enough d. Therefore, by Cheeger’s inequality, Lemma 1.2.4, the second eigenvalue
of G0 is at least 1− 2−Ω(d) for d large enough.
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Chapter 5

On Optimization and Counting of
Non-Broken Bases of Matroids

5.1 Introduction

In this chapter, we study counting and optimization problems on NBC bases of a generic
matroid from a local-to-global perspective. This chapter is based on results published in
[ALO23].

Given a matroid M = (E, I), and a total ordering over the elements E, a set C ⊆ E is
a circuit iff C \ {e} ∈ I for any e ∈ C. A broken circuit (with respect to a total ordering O)
is a set C \ {e}, where C ⊆ E is a circuit and e is the smallest element of C with respect
to O. An independent set S ⊆ E is a non-broken independent set (NBC independent set) if
it contains no broken circuits. The set of NBC independent sets of any matroid M define a
simplicial complex called the broken circuit complex which has been the subject of intense
study in combinatorics.

A recent breakthrough in the sampling and counting field proved that the down-up walk
on the bases of a matroid mixes rapidly to the (uniform) stationary distribution and can be
used to count the number of bases of a matroid [Ana+19; CGM19], resolving the conjecture
of Mihail and Vazirani from 1989 [MV89]. A central question that has puzzled researchers
since then is sampling a non-broken (circuit) basis (NBC basis) of a matroid [BCT10].

The NBC independent sets are closely related to several interesting combinatorial objects.
The number of NBC independent sets of size k in a graphic matroid is equal to the absolute
value of the (n − 1) − k-th coefficient of the chromatic polynomial of the underlying graph
where n is the number of vertices. As a corollary the following facts hold:

Fact 5.1.1. The following facts are well-known about the counts of NBC bases/independent
sets of different family of matroids.

• The number of all NBC independent sets of a graphic matroid is equal to the the number
of acyclic orientations of the graph [Sta73].

• The number of all NBC independent sets of a co-graphic matroid is equal to the number
of strongly connected orientations of the graph (see e.g., [GL19]).
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• The number of non-broken spanning trees of a graph is equal to the number of parking
functions with respect to a unique source vertex [BCT10]

• The number of NBC independent of sets of linear matroid with vectors v1, . . . , vn is
equal to the number of regions defined by the intersection of the orthogonal hyperplanes
(see e.g., [Sta07]).

We emphasize that although the set of NBC independent sets/bases of a matroid are
functions of the underlying total order O, the number NBC independent sets of rank k for
any 0 ≤ k ≤ r are invariant underO [Sta07]. We remark that, to the best of our knowledge as
of this date, none of the above counting problems are known to be computationally tractable.

Given a matroidM with an arbitrary total orderingO, one can analogously run the down-
up walk only on the NBC bases of M . It is not hard to see that this chain is irreducible
and converges to the uniform stationary distribution. Following the work of [Ana+19] it was
conjectured that the down-up walk on the NBC bases of any matroid mixes rapidly 1.

Conjecture 5.1.2. For any matroid M , and any total ordering O of the elements of M , the
down-up walk on the NBC bases of a matroid mixes in polynomial time.

It turns out that the above conjecture, if true, would yield a generalization of the result
of [Ana+19], because of the following fact.

Fact 5.1.3 ([Bry77]). For any matroid M one can construct another matroid M ′ with an
ordering O with only one extra element such that there is a bijection between bases of M and
non-broken bases of M ′.

Furthermore, if the above conjecture is true, then since matroids are closed under trun-
cation, one can also count the number of all NBC independent sets of M , thus resolving all
of the open problems in Fact 5.1.1.

A promising reason to expect these problems to be tractable in the first place is the
remarkable work of Adiprasito, Huh and Katz who proved the Rota’s conjecture showing that
the face numbers of a broken circuit complex (see below for definition) of any matroid forms
a log-concave sequence [AHK18]. For comparison, it is well-known that the coefficients of the
matching polynomial of any graph form a log-concave sequence and the classical algorithm
of Jerrum-Sinclair [JS89] gives an efficient algorithm to count the number of matchings of
any graph (although to date we still do not know an efficient algorithm to count the number
of perfect matchings of general graphs).

5.1.1 Background

The set of NBC independent sets of any matroid M (with respect to any ordering O) form a
pure simplicial complex that is known as the broken circuit complex. We denote this complex
by BC(M,O). The purity of this complex follows from the following fact.

1In fact, this conjecture was raised an an open problem in several recent workshops UC Santa Barbara
workshop on New tools for Optimal Mixing of Markov Chains: Spectral Independence and Entropy Decay,
and Simon’s workshop on Geometry of Polynomials
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Fact 5.1.4. For every NBC independent set I, there exists an NBC base B such that I ⊆ B.

The face numbers of the complex BC(M,O) is the sequence n0, n1, . . . , nr where ni is the
number of NBC independent sets of rank i. As alluded to above this sequence is invariant
over O. The down-up walk over this complex equipped with a uniform distribution over its
facets is the same as the down-up walk over NBC bases we explained before.

Recall that for any face τ of size 0 ≤ k ≤ d − 2, the local walk for τ is a Markov chain
on the ground set of Xτ with transition probability matrix Pτ is defined as

Pτ (x, y) =
1

d− k − 1
Pr

σ∼πτ

[y ∈ σ | σ ⊃ τ ∪ {x}]. (5.1)

for distinct x, y in the ground set of Xτ .
Theorem 1.0.1 shows that the spectral expansion of the global down-up walk P∨ on a

simplicial complex can be bounded through bounding the expansion of its local walks. To
prove that the down-up walk mixes rapidly on the bases of any matroid, [Ana+19] proved
that the independent set complex of any matroidM is a (0, 0, . . . , 0)-local spectral expander.
Building on this, a natural method to prove Conjecture 5.1.2 is to show that the broken circuit
complex of any matroidM of rank r and for any total ordering is a (γ2, . . . , γr)-local spectral

expander for γi ≤ O(1)
i
.

Conjecture 5.1.5. For any matroidM of rank r and any ordering O the broken circuit complex
of M is a (γ2, . . . , γr)-local spectral expander for some γi ≤ O(1)

i

5.1.2 Main Results

Our main result is to disprove Conjecture 5.1.5 in a very strong form, namely for the class
of (truncated) graphic matroids.

Theorem 5.1.6 ([ALO23]). There exists an infinite sequence of (truncated) graphic matroids
M1,M2, . . . with orderings O1,O2, . . . , such that for every n ≥ 1, Mn has poly(n) elements,
and there exists a face τ of the broken circuit complex of X = BC(Mn,O) for which the
down-up walk on the facets of the link Xτ has a spectral gap of at most n−Ω(n).

In fact, we even prove a stronger statement

Theorem 5.1.7 ([ALO23]). Given a matroid M = (E, I) and a total ordering O and a set
S ⊆ E, unless RP=NP, there is no FPRAS for counting the number of NBC bases of M
that contain S.

Although this theorem does not refute Conjecture 5.1.2, it shows that one probably need
different techniques (or probably a different chain) to sample/count NBC bases of a matroid.
Indeed, one may even need a different proof for the performance of down-up walk to sample
ordinary bases of matroids.

To complement our main results we also prove that, unlike optimization on bases of a
matroid, optimization is NP-hard on the NBC bases of matroids. Moreover, unless NP=
RP, there is no FPRAS for computing the sum of the weights of all NBC bases of a matroid
subject to an external field, while the same computation over the bases of a matroid has a
FPRAS.
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Theorem 5.1.8 ([ALO23]). Given a matroid M = (E, I) with |E| = n elements, an arbitrary
total ordering O, and weights w1, . . . , wn, it is NP-hard to find the maximum weight NBC
basis of M , where the weight of a NBC basis B is

∑
i∈B wi.

Theorem 5.1.9 ([ALO23]). Given a matroid M = (E, I) with |E| = n elements, a total
ordering O, and weights {1 ≤ λe ≤ O(n)}e∈E, unless NP = RP, there is no FPRAS for
computing the partition function of the λ-external field applied to uniform distribution of
NBC independent sets, i.e., there is no FPRAS for computing :∑

B NBC Base

∏
e∈B

λe.

It is well known that a 0/1-polytope (i.e. the convex hull of a subset S ⊆ {0, 1}n) has all
vertices of equal hamming weight r and edges of ℓ2 length

√
2 iff the polytope is a matroid

base polytope of rank r [Gel+87]. Moreover, assuming the Mihail-Vazirani conjecture, there
is efficient algorithm to sample a uniformly random vertex of a 0/1-polytope with constant
sized edge length [MV89].

We show that, unlike matroids, the NBC Base polytope, i.e. the convex hull of the
indicator vectors of all NBC bases of a matroid M , has edges of arbitrarily long length.

Theorem 5.1.10 ([ALO23]). For any n, there exists a graphic matroid M with n elements
and a total ordering O such that the convex hull of all NBC bases of M has edges of ℓ2 length
at least Ω(

√
n).

5.1.3 Preliminaries

Given a graph G = (V,E), we denote the number of independent sets of size i of G by ik(G)
For every set S ⊆ V , we define N(S) := {v /∈ S : ∃u ∈ S, {u, v} ∈ E} as the set of neighbors
of S in G.

A graphic matroid M = (E, I) is a matroid defined on the edges of a graph G = (V,E)
and its independent sets are all subsets of edges that do not contain any cycle. It is easy to
verify that circuits of M correspond to cycles of G.

Definition 12 (Matroid Truncation). Let M = (E, I) be a matroid of rank r. The truncation
of M to rank r′ ≤ r removes all independent sets of size strictly greater than r′. It is easy
to see that the truncation of any matroid M to any r′ ≤ r is also a matroid.

Let M ′ be the truncation to rank r′ of a graphic matroid of rank r defined on the edges
of a graph G. The bases of M ′ correspond to forests with r′ edges and the circuits of M ′ are
the circuits of G along with all spanning forests of size r′ + 1.

The following fact about polytopes follows from convexity.

Fact 5.1.11. For any polytope P ⊆ Rd with vertices v1, . . . , vn ∈ Rd, {vi, vj} is an edge of P
iff there exists a weight function w ∈ Rd such that

⟨w, vi⟩ = ⟨w, vj⟩ > ⟨w, vk⟩,

for any k ̸= i, j.
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5.2 Proof of Main Theorems

We start with proving Theorem 5.1.10.

Proof of Theorem 5.1.10. Let n be odd. Consider the following graphic matroid M (with n
edges), with the ordering O: 1 < 2 < · · · < n defined by the edges of the following graph:

1

2

3

4

n− 2

n− 1

. . . n

We show that for B = {n} ∪ {2i − 1 : 1 ≤ i ≤ n−1
2
} and B′ = {1} ∪ {2i : 1 ≤ i ≤ n−1

2
},

{B,B′} forms an edge in the NBC matroid base polytope denoted as PM . We define a w ∈ Rn

and then use Fact 5.1.11 to prove the statement. Let wn = n+1
2
, and for any 1 ≤ i ≤ n−1

2
,

let w2i = 1 and w2i−1 = 0. It is easy to check that the function ⟨w,1B⟩ = ⟨w,1B′⟩ = n+1
2

and ⟨w,1B′′⟩ < n+1
2

for all NBC basis B′′ ̸= B,B′. Therefore {B,B′} forms and edge in PM .
The statements follows from the fact that ∥1B − 1B′∥2 =

√
n.

Next, we prove Theorem 5.1.8 via a reduction from the MAX-INDEP-SET problem:
Given a graph G = (V,E), a weight function w : V → R≥0, and an integer k, decide whether
G has an independent set of weight at least k or not.

Note that independent sets of G and independents sets of a BC complex/matroid are two
different notions. To complete the proof we use the following well-known hardness result.

Theorem 5.2.1 ([Kar72]). MAX-INDEP-SET is NP-complete.

Proof of Theorem 5.1.8. We prove this by a reduction from MAX-INDEP-SET. Let G =
(V,E) be a graph, a vertex weight function w : V → R≥0 and k an integer. Construct a new
graph G′ = (V ′, E ′) from G by first copying G and then adding a new vertex z and edges
ev = {z, v} for all v ∈ V . We define w′ : E ′ → R≥0 as w′(ev) = w(v) for every v ∈ V , and
w′(e) = 0 for every e ∈ E. Moreover, consider the following total ordering O on E ′:

E < {ev : v ∈ V },

where the ordering within each set is arbitrary. Let M be the graphic matroid defined by
the edges of G′, we will be look at bases/independent sets of BC(M,O).

Claim 5.2.2. There exists an independent set of G of weight at least k iff there exists an NBC
basis of M with weight at least k.

We prove the claim in a straightforward manner. Suppose there is an independent set
I ⊆ V of G with w(I) ≥ k and consider the set I ′ ⊆ E ′ defined by I ′ = {ev : v ∈ I}.
By definition, w′(I ′) ≥ k. We argue that I ′ does not contain any broken circuit. Assume
otherwise that there is a broken circuit C \{e} ⊆ I ′. Since C corresponds to a cycle in G′ and
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C \ {e} is contained in I ′, it is not hard to see that C \ {e} = {ev, ev′} for some v, v′ ∈ I and
e = {v, v′} is an edge in G. But this is a contradiction with the fact that I is an independent
set of G. Hence I ′ is a NBC independent set. Since the broken circuit complex is pure (see
Fact 5.1.4), there exists an NBC basis B containing I ′ which has weight w′(B) ≥ w′(I ′) ≥ k.

For the other direction, suppose we have a NBC basis B′ ⊆ E ′ of weight w′(k) ≥ k,
and define I ⊆ V by I = {v : ev ∈ B′}. Since all edges coming from E have zero weight,
w(I) = w′(B′) ≥ k . To see that I is an independent set of G′, note that if there is an edge
{v, v′} for some v, v′ ∈ I, we have ev, ev′ ∈ B′, then {ev, ev′} forms a broken circuit according
to the ordering O. Therefore I is an independent set of G of weight at least k.

It’s important to note that the above proof works under the crucial assumption that the
order O is chosen carefully based on the weights (and in some sense in the same order of the
weights).

We can amplify the ideas in the previous construction to also argue Theorem 5.1.6. This
is done by constructing a Broken Circuit complex for which the down-up walk of a carefully
chosen link has inverse exponentially small spectral gap.

z y
e0

zv,1 zv,ℓ

ev,1 ev,ℓ

. . . zu,1 zu,ℓ

eu,1 eu,ℓ

. . .

G

v

fv,1 fv,ℓ

u

fu,1 fu,ℓ

. . .

Figure 5.1: A schematic of the graph G′ in the proofs of Theorem 5.1.6 and Theorem 5.1.7
where G = Kn,n is the complete bipartite graph in the former and it is a hard instance of
♯INDEP-SET-INC(7, 2

19
) in latter.

Proof of Theorem 5.1.6. Take the complete bipartite graph G = Kn,n = (A,B,E = A× B)
, with |A| = |B| = n. Also, let V = A ∪ B. Let ℓ ≥ 1 be a parameter that we choose later,
and construct a new graph

G′ = (V ′ = V ∪ {y, z} ∪ {zv,i : v ∈ V, i ∈ [ℓ]}, E ′ = E ∪ {e0} ∪ {ev,i, fv,i : v ∈ V, i ∈ [ℓ]})

where e0 = {y, z}, ev,i = {z, zv,i}, fv,i = {zv,i, v} (see Fig. 5.1). For a sanity check, note that
|V | = 2n and |V ′| = 2ℓn+ 2n+ 2.

Let M = (E ′, I) be the graphic matroid defined by G′ truncated to rank 2ℓn+n+1, i.e.,
the bases of M are forests of G′ with exactly 2ℓn+ n+1 edges. Now, consider the following
total ordering O on E ′:

e0 < E < {ev,i : v ∈ V, i ∈ [ℓ]} < {fv,i : v ∈ V, i ∈ [ℓ]},
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where the ordering within each set is arbitrary. Moreover, let X := BC(M,O), and define

τ = {ev,i : v ∈ V, i ∈ [ℓ]}.

For simplicity of notation, let FA := {fv,i : v ∈ A, i ∈ [ℓ]} and FB := {fv,i : v ∈ B, i ∈ [ℓ]}.

Claim 5.2.3. For any facet S of Xτ , either S ∩ FA = ∅, or S ∩ FB = ∅,

This follows from the fact that G is a complete bipartite graph and edges in E are smaller
than ev,i’s and fu,j’s; so if S ∩ FA, S ∩ FB ̸= ∅, then it has a broken circuit.

Therefore, the set of facets ofXτ can be partitioned into 2n+1 sets (∪n
i=1SA,i)∪(∪n

i=1SB,i)∪
S0, where SA,i is the set of all facets S with |S ∩ FA| = i, SB,i is the set of all facets S with
|S ∩FB| = i, and S0 is the set of all facets with |S ∩ (FA ∪FB)| = 0. Let SA := ∪n

i=1SA,i and

similarly define SB. We show that |N(SA)|
|SA| ≤ n−Ω(n), where N(SA) is the set of neighbors of

SA in the down-up walk P∨
τ on the facets of τ . WLOG we can assume that |SA| is at most

half of all facets. Applying Theorem 1.2.6, this would imply that 1− λ2(P
∨
τ ) ≤ n−Ω(n).

First, note that for every facet S ∈ SA and T ∈ SB ∖ SB,1, we get P∨(S, T ) = 0 since

|S∆T | > 2. So, N(SA) ⊆ SB,1 ∪ S0. First, notice |S0| ≤
(|E|

n

)
≤ n2n. Furthermore,

|SB,1| ≤
(
n
1

)
ℓ
( |E|
n−1

)
≤ ℓn2n. This follows from the fact that any facet in SB,1 can be written

as {fv,iv} ∪ {e0} ∪ K for some v ∈ A, iv ∈ [ℓ], and subset K ⊆ E of size n − 1. Lastly,
|SA| ≥ |SA,n| = ℓn. This is because every choice of {iv}v∈A corresponds to a set in SA,n whose
sets are of the form {fv,iv : v ∈ V }∪{e0}. These sets all don’t contain a broken circuit because
the circuits introduced through truncation are exactly the forests with 2ℓn + n + 2 edges.
However, any proper superset of {fv,iv : v ∈ V } ∪ {e0} must include e0, so looking at the
circuit introduced by the superset, the corresponding broken circuit will always remove e0.
Putting it all together,

1− λ2(P
∨
τ ) ≤

|N(SA)|
|SA|

≤ n2n(1 + ℓ)

ℓn
≤

assuming ℓ≥n3
n−Ω(n).

as desired.

We prove Theorem 5.1.9 and Theorem 5.1.7 by a reduction from ♯INDEP-SET-INC(7, 2
19
),

defined as the following.

Definition 13 (♯INDEP-SET-INC(7, 2
19
)). Given a 7-regular graph G = (V,E) that satisfies

ik(G) ≤ i⌊ 2|V |
19

⌋(G) for any k < ⌊2|V |
19

⌋, where ik(G) are the independent sets of G of size k,

count the number of independent sets of size ⌊2|V |
19

⌋.

Theorem 5.2.4. Unless NP = RP, there is no randomized algorithm with constant approxi-
mation ratio for ♯INDEP-SET-INC(7, 2

19
).

We leave the proof of this for the appendix (see Appendix B.1). Now, we are ready
to prove Theorem 5.1.7. The high-level structure of the proof is similar to the proof of
Theorem 5.1.6 where we apply a similar gadget to graphs on which it is hard to count
independent sets (as opposed to the complete bipartite graph).
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Proof of Theorem 5.1.7. For simplicity of notion, let α := 2
19
. We prove by a reduction from

♯INDEP-SET-INC(7, 2
19
). Take any arbitrary 7-regular graph G = (V,E) whose number

of independent sets of size ⌊α|V |⌋ is at least the number of its independent sets of size k for
any k < ⌊α|V |⌋. Let n := |V | and N be the number of independent sets of size ⌊αn⌋ of G.
Also, define ℓ ≥ 1 to be a parameter that we choose later.

Now, construct a new graph

G′ = (V ′ = V ∪ {y, z} ∪ {zv,i : v ∈ V, i ∈ [ℓ]}, E ′ = E ∪ {e0} ∪ {ev,i, fv,i : v ∈ V, i ∈ [ℓ]})

where e0 = {y, z}, ev,i = {z, zv,i}, fv,i = {zv,i, v} (see Fig. 5.1). Let M = (E ′, I) be the
graphic matroid defined by G truncated at rank ℓn + ⌊αn⌋ + 1, i.e., the bases of M are
forests of G′ with exactly ℓn + ⌊αn⌋ + 1 edges. Now, consider the following ordering O on
E ′:

e0 < E < {ev,i : v ∈ V, i ∈ [ℓ]} < {fv,i : v ∈ V, i ∈ [ℓ]},

where the ordering within each set is arbitrary. Moreover, let X := BC(M,O), and define

τ = {ev,i : v ∈ V, i ∈ [ℓ]}.

We claim that the number of facets of Xτ is at least ℓ⌊αn⌋N and at most 2ℓ⌊αn⌋N . So, a
1.5-approximation to the number facets of Xτ , i.e., the number NBC bases ofM that contain
τ , gives a 3-approximation to N , the number of independent sets of size ⌊αn⌋ of G.

We use the following crucial observation:

Claim 5.2.5. For any facet S of Xτ , {v : ∃fv,i ∈ S} is an independent set of G and for any
fv,i, fv,j ∈ S we have i = j.

Conversely, for any S ⊆ {fv,i : v ∈ V, i ∈ [ℓ]}, such that the set {v : ∃fv,i ∈ S} is an
independent set of size ⌊αn⌋ of G, and fv,i, fv,j ∈ S =⇒ i = j, we have S ∪ {e0} is a facet
of Xτ .

The proof simply follows from the fact that edges of E are smaller than ev,i’s, and f
′
u,js

in O. By the second part of the claim, we can write

|Xτ (⌊αn⌋+ 1)| = ℓ⌊αn⌋N + |{S ∈ Xτ (⌊αn⌋+ 1) : S ∩ E ̸= ∅}| ≥ ℓ⌊αn⌋N. (5.2)

Define ik := ik(G) as the number of independent sets of size k of graph G. By the first part
of the above claim we can write,

|{S ∈ Xτ (⌊αn⌋+ 1) : S ∩ E ̸= ∅}| ≤
⌊αn⌋−1∑
k=0

ℓk · ik ·
(

|E|
⌊αn⌋ − k

)
≤

⌊αn⌋−1∑
k=0

ℓk · ik · |E|⌊αn⌋−k

(5.3)

≤
using ik≤N

N |E|⌊αn⌋
⌊αn⌋−1∑
k=0

(ℓ/|E|)k (5.4)

≤
assuming ℓ≥2|E|

N |E|⌊αn⌋(ℓ/|E|)⌊αn⌋ ≤ Nℓ⌊αn⌋ (5.5)

Putting these together with Eq. (5.2) concludes the proof.
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Proof of Theorem 5.1.9. For simplicity of notion, let α := 2
19
. The proof is similar to the

proof of Theorem 5.1.7 by a reduction from ♯INDEP-SET-INC(7, 2
19
). Take any arbitrary

7-regular graph G = (V,E) with n := |V | vertices whose number of independent sets of size
⌊α|V |⌋ is at least the number of its independent sets of size k for any k < ⌊α|V |⌋. Construct
a new graph

G′ = (V ′ = V ∪ {y, z}, E ′ = E ∪ {e0 = {y, z}} ∪ {ev = {v, z} : v ∈ V })

LetM = (E ′, I) be the graphic matroid given by G′ truncated to rank ⌊αn⌋+1 and consider
the following ordering O on E ′′:

e0 < E < {ev : v ∈ V },

where as usual the ordering within each set is arbitrary. Define weights λ : E ′ → R≥0 as
follows:

λe =

{
ℓ if e = ev for some v ∈ V ,

1 o.w.
,

for some ℓ that we choose later. We argue that

λ⌊αn⌋N ≤
∑
B

∏
e∈B

λe ≤ 2λ⌊αn⌋N.

where here (and henceforth) the sum is overB’s that are NBC bases ofM , and therefore a 1.5-
approximation to the partition function, i.e., the quantity in the middle, is a 3-approximation
to N . Similar to the previous theorem we have the following claim.

Claim 5.2.6. For any NBC base B of M , we have {v : ev ∈ B} is an independent set of G.
Conversely, for any independent set I of G of size |I| = ⌊αn⌋, {e0} ∪ {ev : v ∈ I} is a NBC
base of M .

So,∑
B

∏
e∈B

λe =
∑

B:B∩E ̸=∅

∏
e∈B

λe +
∑

B:B∩E=∅

∏
e∈B

λe (5.6)

=
∑

B:B∩E ̸=∅

∏
e∈B

λe + ℓ⌊αn⌋|{S ⊆ V : S independent set of G, |S| = ⌊αn⌋}|

Define ik as the number of independent sets of size k of graph G. We have

∑
B:B∩E ̸=∅

∏
e∈B

λe ≤
⌊αn⌋−1∑
k=0

ℓkik

(
|E|

⌊αn⌋ − k

)
≤

using ik≤N,
assuming ℓ≥2|E|

ℓ⌊αn⌋N

where the last inequality follows from the same calculations as in Eq. (5.3).
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Chapter 6

Complete Log Concavity of
Coverage-Like Functions

6.1 Introduction

We introduce an expressive subclass of non-negative almost submodular set functions, called
strongly 2-coverage functions which include coverage and (sums of) matroid rank functions,
and prove that the homogenization of the generating polynomial of any such function is com-
pletely log-concave, taking a step towards characterizing the coefficients of (homogeneous)
completely log-concave polynomials. This chapter is based on results published in [AO23b].

We previously stated the definition of completely log-concave polynomials as well as
a number of other useful definitions in Section 1.1.5. Here, we provide some additional
background. An interesting aspect of homogeneous completely log-concave polynomials is
that the family of sets that can serve as the support of these polynomials can be nicely
characterized. Given a polynomial p =

∑
α∈Zn

≥0
cαz

α, the Newton polytope of p is defined as

supp(p) = {α ∈ Zn
≥0 : cα ̸= 0}, Newt(p) = conv(supp(p)).

The following theorem gives a nice characterization of the supports of homogeneous com-
pletely log-concave polynomials.

Theorem 6.1.1 ([Ana+24; BH20]). Given a homogeneous completely log-concave polynomial
p ∈ R≥0[z1, . . . , zn], the Newton polytope of p is a generalized permutahedron, namely it is a
polytope all of whose edges are parallel to 1i − 1j for 1 ≤ i < j ≤ j and every integer point
in this polytope also belongs to the supp(p). Conversely, for any generalized permutahedran,
there is a homogeneous completely log-concave polynomial with support equal to all integer
points in the polytope.

An immediate consequence of the above theorem is that if p is homogeneous multiaffine
and log-concave then Newt(p) is the base polytope of a matroid M with ground set of
elements [n] (see [Gel+87]). Having the above theorem that characterizes supports of ho-
mogeneous log-concave polynomials, a natural question is whether one can give a more fine
characterization of the set of possible coefficients of homogeneous log-concave polynomials.
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While such characterizations are not known, there are a number of results that give inter-
esting necessary conditions for coefficients of log-concave polynomials. One such condition
is implied by the following lemma.

Lemma 6.1.2 ([Ana+24]). A polynomial h(y, z) = a+by+cz+dyz ∈ R[y, z] with non-negative
coefficients is log-concave if and only if 2bc ≥ ad.

Corollary 6.1.3 ([BH20]). If pf is log-concave for a non-negative set function f ∈ 2[n] → R≥0,
then f is almost log-submodular, i.e. for any S ⊂ [n] and i, j ∈ [n] \ S,

2f(S ∪ {i})f(S ∪ {i}) ≥ f(S)f(S ∪ {i, j}).

Proof. To see this, note that the set of multiaffine log concave polynomials is closed un-
der differentiation and specialization (see Proposition 6.1.16). In particular, the following
polynomial is log-concave:

q(zi, zj) =

(
(
∏
k∈S

∂zk)pf (z1, . . . , zn)

)
|{zℓ=0}ℓ∈[n]\(S∪{i,j})

= f(S) + f(S ∪ {i})zi + f(S ∪ {j})zj + f(S ∪ {i, j})zizj.

Thus, by Lemma 6.1.2, f is almost submodular.

Given a polynomial p ∈ R[z1, . . . , zn], we define the homogenization of p as Hom(p, y) :=∑n
i=0 y

n+1−ipi, where pi is the i-homogeneous part of p, i.e. p = p0 + · · · + pd and pi is
a i-homogeneous polynomial. Then, Corollary 6.1.3 implies that given a non-negative set
function f ∈ 2[n] → R≥0, if Hom(pf , y) is completely log-concave, then f is almost log-
submodular. Thus, to take a step toward finding a classification of coefficients of homoge-
neous completely log-concave polynomials, a natural question to ask is whether one can find
a large subclass of non-negative almost log-submodular functions such that for every f in
that subclass, Hom(pf , y) is completely log-concave. Note that if Hom(pf , y) is completely
log-concave, then all homogeneous parts of pf are also log-concave. An important subclass
of non-negative log-submodular functions with numerous applications is the class of non-
negative monotone submodular functions (see Fact 6.1.20). Note that, however, even within
this subclass, one can find functions that are not log-concave, and thus their homogenizations
are not log-concave either (see Corollary 6.5.2 for an example).

In this paper, we introduce an expressive subclass of non-negative monotone functions,
called strongly 2-coverage functions, and prove that Hom(pf , y) is completely log-concave.
We show that the set of strongly 2-coverage functions includes several fundamental classes
of non-negative monotone submodular functions including matroid rank functions, cover-
age functions, and, more generally, matroid rank sum functions, which are positive linear
combination of rank functions and include a large subset of submodular functions that have
been studied in the mechanism design literature [Cal+07; DRY11; Dug11; DV11]. As a
consequence we prove the following theorem.

Theorem 6.1.4 ([AO23b]). If f : 2[n] → R≥0 is a coverage function or a sum of matroid rank
functions, then the sequence f0, f1, . . . , fn is ultra log-concave where fi =

∑
S:|S|=i f(S).
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Moreover, we introduce a strictly larger class of non-negative submodular functions called
2-coverage functions, which, for instance, also include the indicator function of independent
sets of any matroid. We prove that if pf is 2-coverage, all homogeneous parts of pf are log-
concave. As a consequence, given a 2-coverage function, one can use the results of [Ana+19;
Ana+21; CGM19] to rapidly sample a subset S of [n] with probability proportional to f(S).

6.1.1 Main Results

Before presenting the results, we need a few more definitions.
A polynomial p ∈ R[z1, . . . , zn] is decomposable if it can be written as a sum of two nonzero

polynomials f and g such that f and g are supported on disjoint sets of variables. We say p
is indecomposable otherwise. For a vector α ∈ Zn

≥0 and a polynomial p ∈ R[z1, . . . , zn], define
∂αp ∈ R[{zi}i/∈τ ] as

∂αp := (
n∏

i=1

∂αi
zi
)p.

When p ∈ R[z1, . . . , zn] is a multiaffine polynomial, we might represent partial derivatives by
subsets τ ⊆ [n], i.e. ∂τp := (

∏
i∈τ ∂zi)p. In this case, we sometimes write pτ to denote ∂τp.

For a function f : 2[n] → R and an integer 0 ≤ d ≤ n define the d-homogeneous restriction
of f , f (d) : 2[n] → R as follows:

f (d)(S) =

{
f(S) if |S| = d,

0 otherwise.
.

For any set function f : 2[n] → R≥0 and τ ⊆ [n], define fτ as the (non-negative) function
with generating polynomial (pf )τ , where pf is the generating polynomial of f . We say f
is d-homogeneous (resp. indecomposable) if pf is d-homogeneous (resp. indecomposable).
Finally, we define deg(f) to be the degree of polynomial pf .

We define the following classes of set functions.

Definition 14 (2-Coverage Set Functions). A set function f : 2[n] → R≥0 is 2-coverage with
respect to an integer 2 ≤ d ≤ deg(f) if the following conditions holds.

(i) For any τ ⊆ [n] with |τ | ≤ d− 2, (f (d))τ is indecomposable.

(ii) For all τ ⊆ [n] with |τ | = d − 2, there exists S ⊆ [n] \ τ 1, a coverage function
g : 2S → R≥0, and a linear set function ℓ : 2S → R≥0 (that are possibly dependent
on τ), such that

• ℓ({i}) ≤ g({i}) for all i ∈ S

• For any T ⊆ [n] \ τ of size |T | = 2,

fτ (T ) =

{
0 if T ̸⊂ S,

g(T )− 1
2
ℓ(T ), otherwise

1Intuitively S corresponds to the non-loop elements of the ”contracted” version of f .
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We say f : 2[n] → R≥0 is 2-coverage if it is 2-coverage with respect to any 2 ≤ d ≤
deg(f).

Definition 15 (Strongly 2-Coverage Set Functions). A set function f : 2[n] → R≥0 is strongly
2-coverage if the following holds. For all τ ⊆ [n] such that 0 ≤ |τ | ≤ n − 2, there exists a
coverage function g : 2[n]\τ → R, such that (fτ )

(1) = g(1) + f(τ), and (fτ )
(2) = g(2) + f(τ).

The following propositions capture basic properties of these classes of set functions. A
proof of these lemmas are included in section Section 6.2.

Proposition 6.1.5. Let f : 2[n] → R≥0 be strongly 2-coverage, then f is monotone and sub-
modular.

Proposition 6.1.6. Any strongly 2-coverage function f : 2[n] → R≥0 is 2-coverage.

Proposition 6.1.7. The set of strongly 2-coverage functions on [n] is a convex cone, i.e., if
f1, f2 : 2[n] → R are strongly 2-coverage set functions, then for any α ≥ 0, αf1 and f1 + f2
are strongly 2-coverage functions.

The following proposition provides some examples of strongly 2-coverage and 2-coverage
functions. A proof of this proposition is included in section Section 6.2.

Proposition 6.1.8. (i) For any matroid M = ([n], I), its rank function rkM : 2[n] → R is a
strongly 2-coverage set function.

(ii) For any matroid M = ([n], I), the indicator function of its independent sets is 2-
coverage. Combined with Theorem 6.1.9, this gives another proof for the complete
log-concavity of bases generating polynomial of a matroid that is proved in [AOV18].

A consequence of Proposition 6.1.8 and Proposition 6.1.7 is that matroid rank sum func-
tions are strongly 2-coverage. Therefore, by Fact 6.1.23 and Proposition 6.1.22, the joint
entropy functions and coverage functions are strongly 2-coverage.

One of our main results is the following theorem. A proof of this theorem is included in
Section 6.3.

Theorem 6.1.9. If f : 2[n] → R≥0 is 2-coverage with respect to some 2 ≤ d ≤ deg(f), then
f (d) is completely log-concave.

One of the consequences of Theorem 6.1.9 is that for any f : 2[n] → R≥0 that is 2-coverage
with respect to some 2 ≤ d ≤ deg(f), one can sample a set S ⊆ [n] of size d proportionate
to f(S) in polynomial time.

Corollary 6.1.10. Given a set function f : 2[n] → R≥0 that is 2-coverage with respect to some

2 ≤ d ≤ deg(f), let µd be the distribution induced by f (d), i.e. µd(S) =
f(S)∑

S⊂[n],|S|=d f(S)
, for

any set S of size d. For any ϵ > 0, starting from an arbitrary set S0, the up-down walk P on
sets of size d generates a sample from µ̂d such that ∥µ̂d − µd∥TV ≤ ϵ in time O(d log(d/ϵ)),
i.e.,

tmix(P, S0, ϵ) ≤ O(d log(d/ϵ)).

76



The following theorem is our other main result. This theorem is proved in Section 6.4.

Theorem 6.1.11. Let f : 2[n] → R≥⊬ be a strongly 2-coverage set function. Then, the polyno-
mial qf (y, x1, . . . , xn) :=

∑n
i=0 y

n+1−i
∑

S⊆[n],|S|=i f(S)x
S is completely log-concave.

The following corollary simply follows by an application of Proposition 6.1.19.

Corollary 6.1.12. Let f : 2[n] → R≥⊬ be a strongly 2-coverage set function. Let ck be the k-th
coefficient of pf (y, x) =

∑n
i=0(
∑

S⊆[n],|S|=i f(S))y
n+1−ixi. Then, for 1 < k < n, we get(

ck(
n+1
k

))2

≥

(
ck−1(
n+1
k−1

))( ck+1(
n+1
k+1

))

efficient sampling

independent set
functions of matroids

matroid
rank functions

coverage functions

strongly 2-coverage
CLC

homogenization

log-concave
homogeneous parts

ultra log-concave
sequence

2-coverage

Figure 6.1: Summary of results

6.1.2 Preliminaries

Throughout the paper, we assume that for any set function f [n] → R≥0 that we work with,
we have f(∅) = 0.

Fact 6.1.13. For any x, y ∈ R, −2xy ≤ cx2 + 1
c
y2.

Linear Algebra We write Jn to denote the n× n all-ones matrix. For any integer n > 0
and indices i, j, define En,ij ∈ Rn×n as En,ij(i, j) = 1 and let every other entry to be zero.
We drop the subscript n when the dimension is clear from context.
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Lemma 6.1.14. For any diagonal matrix D ⪰ 0, JD+DJ has at most one positive eigenvalue.

Proof. We can write

JD +DJ = (D + I)J(D + I)−DJD − J.

Now, the statement follows from the fact that (D+I)J(D+I), J , and DJD are all rank-one
PSD matrices.

Lemma 6.1.15 ([Ana+19]). Let A ∈ Rn×n be a symmetric matrix. For any P ∈ Rm×n, if A
has at most one positive eigenvalue, PAP⊤ has at most one positive eigenvalue.

Log Concave Polynomials

Proposition 6.1.16 ([BH20; Ana+24]). Given a polynomial p ∈ R[z1, . . . , zn]

(i) If p is (completely) log-concave, then p|zi=a is also (completely) log-concave for any
a ∈ R≥0 and 1 ≤ i ≤ n.

(ii) If p is (completely) log-concave, any c, λ1, . . . , λn ∈ R≥0, cp(λ1z1, . . . , λnzn) is also
(completely) log-concave.

(iii) If p is completely log-concave, then ∂zip is also completely log-concave for any 1 ≤ i ≤ n.
Moreover, if p is multiaffine and log-concave, then ∂zip is also log-concave for any
1 ≤ i ≤ n.

Proof. Item (i) and Item (ii) follow from definition. The first part of Item (iii) also follows
from the definition of log-concavity. We prove the second part without loss of generality for
∂z1p. Let qt(z1, . . . , zn) = t−1(tz1, . . . , zn). By Item (ii), qt is log-concave for any t ≥ 0. Note
that since p is multiaffine, we can write p = z1g + h, where g, h ∈ R[z2, . . . , zn], and hence
∂z1p = g. Assume that g is not log-concave. Therefore, for some 0 ≤ λ ≤ 1 and a, b ∈ R≥0,
g(λa + (1 − λ)b) > g(a)λ + g(b)1−λ. Note that qt = z1g + t−1h. So for sufficiently large
t ∈ R≥0, qt(λa+(1−λ)b) > λqt(a)+ (1−λ)qt(b), which is a contradiction with the fact that
qt is log-concave.

For d-homogeneous polynomials, the following lemma gives an equivalent condition to
log-concavity that in many cases is much easier to verify.

Lemma 6.1.17 ([AOV18]). Let p ∈ R≥0 [x1, . . . , xn] be a d-homogeneous polynomial for some
integer d ≥ 0. For a ∈ Rn

≥0 such that p(a) ̸= 0, p is log-concave at a if and only if, ∇2p(a)
has at most one positive eigenvalue.

The following theorem by [Ana+24], provides a very useful tool for proving a d-homogeneous
polynomial is completely log-concave.

Theorem 6.1.18 ([Ana+24]). Let p ∈ R≥0 [x1, . . . , xn] be a d-homogeneous polynomial. Then,
p is completely log-concave if

(i) For any α ∈ Zn
≥0, of size ∥α∥1 ≤ d− 2, ∂αp is indecomposable.
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(ii) For any α ∈ Zn
≥0, of size ∥α∥1 = d− 2, the quadratic polynomial ∂αp is log-concave.

The following proposition is a slight modification of a statement by Gurvits [Gur10]. For
completeness, we include a short proof for this slightly modified version.

Proposition 6.1.19. If p =
∑n

k=0 cky
n−k+1zk ∈ R[y, z] is completely log- concave, then the

sequence c0, ..., cn satisfies the following: for any 1 < k < n,(
ck(
n+1
k

))2

≥

(
ck−1(
n+1
k−1

))( ck+1(
n+1
k+1

)) .
We call such sequences ultra log-concave.

Proof. Fix 1 < k < n. Define q(y, z) := ∂n−k
y ∂k−1

z p. Using the fact that ∂n+1−m
y ∂mz p =

(n+ 1−m)!m!cm = (n+ 1)! cm

(n+1
m )

for any 0 ≤ m ≤ n+ 1, we compute ∇2q as follows

∇2q =

[
∂2yq ∂y∂zq
∂y∂zq ∂2zq

]
= (n+ 1)!

[ ck−1

(n+1
k−1)

ck

(n+1
k )

ck

(n+1
k−1)

ck+1

(n+1
k+1)

]
.

Since p is completely log-concave, by Proposition 6.1.16, q is log-concave. By Lemma 6.1.17,
the 2×2 matrix∇2q has at most one positive eigenvalue. Since all entries of∇2q are positive,
the matrix has exactly one positive eigenvalue (and one negative eigenvalue), therefore its
determinant is non-positive. Therefore, we have(

ck(
n+1
k

))2

−

(
ck−1(
n+1
k−1

))( ck+1(
n+1
k+1

)) ≤ 0,

as desired.

Note that, our definition of ultra log-concavity is slightly different from the more common

definition which says that a sequence c0, . . . , cn is ultra log-concave if it satisfies

(
ck

(nk)

)2

≥(
ck−1

( n
k−1)

)(
ck+1

( n
k+1)

)
.

Submodular Functions A function 2[n] → R is submodular if is has the diminishing
return property, i.e.

∀S ⊆ T ⊆ [n], i ∈ [n] : f(S ∪ {i})− f(S) ≥ f(T ∪ {i})− f(T ).

Such a function is monotone if f(A) ≤ f(B) for all A ⊆ B.

Fact 6.1.20. Any non-negative monotone submodular function f : 2[n] → R is log-submodular,
i.e. log f is submodular.
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Proof. Fix set S ⊆ T ⊆ [n]. It is enough to show that

log
f(S ∪ {i})
f(S)

= log f(S ∪ {i})− log f(S) ≥ log f(T ∪ {i})− log f(T ) = log
f(T ∪ {i})
f(T )

.

But one can easily verify that the diminishing return property combined with the fact that f
is non-negative and monotone implies f(S∪{i})

f(S)
≥ f(T∪{i})

f(T )
. Since log is an increasing function,

this finishes the proof.

A fundamental class of non-negative monotone submodular functions are coverage func-
tions.

Definition 16 (Coverage Functions). Given a finite universe U and sets A1, . . . , An ⊆ U and
a measure w on U , we define f : 2[n] → R≥0 to be

∀T ⊆ [n] : f(T ) = w

(⋃
i∈T

Ai

)
.

Linear set functions are a subclass of coverage functions.

Definition 17 (Linear Set Functions). f : 2[n] → R≥0 is a linear function if

∀T ⊆ [n] : f(T ) =
∑
i∈T

f({i}).

We will use the following proposition which characterizes coverage set functions.

Proposition 6.1.21 ([CH12]). A function f : 2[n] → R≥0 is a coverage function if and only if
there exists a non-negative real number xT for any T ⊆ [n], such that for any S ⊆ [n] we
can write f(S) =

∑
T :T∩S ̸=∅ xT .

Many interesting classes of nonnegative monotone submodular functions are special cases
of coverage functions. For example, given a set of random variables Ω = {Y1, . . . , Yn}, the
joint entropy function defines a coverage function on 2[n].

Proposition 6.1.22. Given random variables Ω = {Y1, . . . , Yn}, let H : 2Ω → R≥0 be the joint
entropy function of these variables. Define f : 2[n] → R≥0 as f(S) = H(YS) for any S ⊆ [n],
where YS := {Yi|i ∈ S}. Then, f is a coverage function.

A proof of this proposition can be found in Appendix C.1
Coverage functions are themselves special cases of matroid rank functions, as any coverage

function can be written as a weighted sum of rank 1 matroids each corresponding to the
coverage of an individual element.

Fact 6.1.23. Any coverage function can be written as positive sum of matroid rank functions.
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6.2 Basic Properties of 2-Coverage and Strongly 2-

Coverage Functions

Proof of Proposition 6.1.5. Fix A ⊆ [n]. We show that for any B ⊇ A, f(A) ≤ f(B) and for
all i ∈ [n], f(A ∪ {i})− f(A) ≥ f(B ∪ {i})− f(B). We prove by induction on |B \A|. The
claims trivially hold for |B \ A| = 0. Now, let |B \ A| = ℓ for some 1 ≤ ℓ ≤ n − |A|. Take
some j ∈ B \A and let C := B \ {j}. By induction hypothesis, f(A) ≤ f(C). Furthermore,
by definition there a coverage function g : 2[n]\C → R≥0 such that f(B) = fC({j}) =
g({j}) + f(C). Therefore, f(A) ≤ f(C) ≤ f(B). To prove the submodularity condition,
note that by induction hypothesis, we have f(A ∪ {i}) − f(A) ≥ f(C ∪ {i}) − f(C) for all
i ∈ [n]. Furthermore, by submodularity of g, we have

f(C∪{i})−f(C) = g({i}) ≥ g({j, i})−g({j}) = f(C∪{i, j})−f(C∪{j}) = f(B∪{i})−f(B).

Therefore, f(A ∪ {i})− f(A) ≥ f(B ∪ {i})− f(B) as desired.

Proof of Proposition 6.1.6. It is enough to show that given for any 2 ≤ d ≤ deg(f), and any
τ ⊆ [n] with |τ | ≤ d− 2, (f (d))τ is indecomposable. If (f (d))τ = 0 this claim follows trivially.
Assume (f (d))τ ̸= 0 and let p := pf (d) be the generating polynomial of f (d). For the sake
of contradiction, assume that pτ = h + g such that h, g are both non-zero. Let h and g be
respectively supported on disjoint set of variables Sh and Sg. By Proposition 6.1.5, we know
that f is monotone. Therefore, for any xi ∈ Sh, xj ∈ Sg, we must have

f(τ ∪ {i}) ≤ f(τ ∪ {i, j}) = fτ ({i, j}) = 0.

This implies that fτ ({i}) = f(τ ∪ {i}) = 0. Similarly, fτ ({j}) = 0. Therefore, fτ is 0 on all
sets of size 1. By monotonicity of f , we get fτ = 0 which contradicts our assumption.

Proof of Proposition 6.1.7. Fix a τ ∈ [n] such that 0 ≤ |τ | ≤ n− 2. Let g1, g2 : 2
[n]\τ → R≥0

be coverage functions such that ((f1)τ )
(2) = (g1)

(2) and ((f2)τ )
(2) = (g2)

(2). The statement
follows from the fact that if g1, g2 are coverage functions, then αg and g1+g2 are also coverage
functions.

Proof of Proposition 6.1.8. We prove Item (i). Let f := rkM . For any τ ⊆ [n] with |τ | ≤
n−2, fτ (S) = rkM(τ)+rkM/τ (S) for all sets S ⊆ [n]\τ of size 1 or 2. Note that f(τ) = rkM(τ).
To satisfy the condition of Definition 15, it is enough to show that there is a coverage function
g that takes the same values as rkM/τ (S) on sets of size 1 and 2. Using matroid partition
property, M/τ can be partitioned into sets S0, . . . , Sk such that the following holds.

rkM/τ ({x, y}) =


0 if x, y ∈ S0

1 if x ∈ S0, y ∈ Si for some 1 ≤ i ≤ k

1 if x, y ∈ Si for some 1 ≤ i ≤ k

2 if x ∈ Si, y ∈ Sj for some 1 ≤ i < j ≤ k

Define g as follows. For any i ∈ {1, . . . , k} and x ∈ Si, let Ax := {i}, and for any x ∈ S0,
let Ax = ∅. For any T ∈ [n] \ τ , define g(T ) := | ∪x∈T Ax|. One can easily check that
(fτ )

(1) = g(1) + f(τ), and (fτ )
(2) = g(2) + f(τ).
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Now, we prove Item (ii). Let M = ([n], I) be a matroid of rank r and let f : 2[n] → R
be an indicator function of independent sets, i.e. f(S) = 1I(S). We want to show that f is
2-coverage. The indecomposability holds because of the exchange property of matroids. We
verify the second condition. Fix 2 ≤ d ≤ r and τ ⊆ [n] with |τ | = d− 2. Let S be the set of
non-loop elements of M/τ . Using the matroid partition property, S can be partitioned into
sets S1, . . . , Sk such that

(fτ )
(2)({x, y}) =

{
0 x, y ∈ Si for some 1 ≤ i ≤ k

1 x ∈ Si, y ∈ Sj for some 1 ≤ i < j ≤ k

For any 1 ≤ i ≤ k and x ∈ Si, let Ax := {i}. Define the coverage function g : 2S → [n] as
g(T ) = |∪x∈T Ax| for every T ⊆ S. Furthermore, consider the linear set function ℓ : 2S → [n]
given by ℓ({i}) = 1 for all i ∈ S. It is easy to check that fτ (T ) = g(T )− ℓ

2
(T ), for any T ⊆ S

of size 2.

6.3 Complete Log-Concavity of Homogeneous Parts

In this section, we prove that if a set function f is 2-coverage with respect to some 2 ≤ d ≤
deg(f), then f (d) is log-concave.

Lemma 6.3.1. Let g : 2[n] → R≥0 be a coverage function and D be a diagonal matrix with
D(i, i) = g({i}) for all i ∈ [n]. Then, R := (DJ + JD) − ∇2pg(2) ⪰ D, where pg(2) is the

generating polynomial of g(2).

Proof. By Proposition 6.1.21, there exists non-negative {xT}T⊆[m] such that for any i ̸= j ∈
[n]

g({i, j}) =
∑

T :T∩{i,j}≠∅

xT =
∑
T :i∈T

xT +
∑
T :j∈T

xT −
∑

T :i,j∈T

xT

= g({i}) + g({j})−
∑

T :i,j∈T

xT .

Note that for all i ̸= j ∈ [n], (DJ + JD)(i, j) = g({i}) + g({j}). Therefore, we can write R
as

R(i, j) =

{
2g({i}) if i = j∑

T :i,j∈T xT otherwise.

Furthermore, for any T ⊆ [m] define matrix BT as BT (i, j) = 1 if {i, j} ⊆ T and 0 otherwise.
We can rewrite R as follows

R =
∑
T⊆[m]

xTBT +D.

For any T , BT ⪰ 0. Therefore, since xT ≥ 0, we have
∑

T⊆[m] xTBT ⪰ 0. This implies that
R ⪰ D, as desired.

82



Proof of Theorem 6.1.9. Let p := pf (d) be the generating polynomial of f (d). We use The-
orem 6.1.18 to prove the theorem. Note that the indecomposability condition holds by
definition. Now, we use Lemma 6.1.17 to prove that the second condition of Theorem 6.1.18
holds. Fix τ = {i1, . . . , id−2}. We want to show that pτ is log-concave. If pτ is identically
zero, the condition trivially holds. So, assume that pτ ̸= 0. By ‌Lemma 6.1.17, it is enough to
show that ∇2(pτ ) has at most one positive eigenvalue. By definition, there is a set S ⊆ [n]\τ ,
a coverage function g : 2[S] → R≥0, and a linear set function ℓ : 2S → R≥0 such that for any

T ⊆ [n] \ τ of size 2, fτ (T ) = g(T ) − ℓ(T )
2

if T ⊆ S, and fτ (T ) = 0 otherwise. Therefore,
it is enough to show that Q = ∇2pg(2) −∇2p ℓ(2)

2

has at most one positive eigenvalue, where

Q is the principle minor of ∇2(pτ ) obtained by restricting it to the rows and columns in-
dexed by S. We can write, Q = ∇2pg(2) − (JC+CJ

2
− C) where C is a diagonal matrix with

C(i, i) = ℓ({i}). Furthermore, let D be a diagonal matrix with D(i, i) = g({i}) for all i ∈ S.
Note that by Lemma 6.3.1, we can write pg(2) +D ⪯ DJ + JD. So

∇2(pτ ) = ∇2pg(2) + C − JC + CJ

2
⪯ ∇2pg(2) +D − JC + CJ

2

⪯ DJ + JD − JC + CJ

2
= (D − C

2
)J + J(D − C

2
).

Thus, by Lemma 6.1.14, ∇2(pτ ) has at most one positive eigenvalue.

6.4 Complete Log-Concavity of the Homogenization of

the Generating Polynomial of Strongly 2-Coverage

Functions

Proof of Theorem 6.1.11. We use Theorem 6.1.18. First, we show that qf is indecomposable.
We want to show that for any 0 ≤ k ≤ n − 1, 0 ≤ ℓ ≤ n − 1 − k and any τ = {i1 . . . , iℓ},
∂τ∂ky qf (y, x) is indecomposable (assuming it is non-zero). Note that, for some polynomial
g(y, x), we can write ∂τ∂ky qf (y, x) = yg(y, x)+∂τpf (n−k+1)(x), where pf (n−k+1) is the generating

polynomial of f (n−k+1). Now, by Proposition 6.1.6, ∂τpf (n−k+1) is indecomposable. Further-
more, yg(y, x) is indecomposable since y appears in all of its monomials. It is enough to show
that there exists a variable that appears in monomials of both yg(y, x) and ∂τpf (n−k+1) . If
∂τpf (n−k+1) is identically zero, we are done. Otherwise, since fτ is monotone and submodular
by Proposition 6.1.5, there exists j such that fτ ({j}) > 0. Therefore, xjy

n−ℓ−k is a monomial
in yg(y, x). By monotonicity of fτ , for any set S ⊆ [n] \ τ of size n − k − ℓ + 1 such that
j ∈ S, xS is a monomial in ∂τpf (n−k+1) . This finishes the proof of indecomposability. Now, we
prove that the second condition of Theorem 6.1.18 holds. It is enough to show that for any

0 ≤ k ≤ n − 1 and τ = {i1 . . . , ik}, ∂τ∂n−1−k
y qf (y, x) is log-concave. Let p =

∂τ∂n−1−k
y qf (y,x)

(n−1−k)!
.

We can write

p =
(n− k + 1)(n− k)

2
f(τ)y2 + (n− k)

∑
i∈[n]\τ

f(τ ∪ {i})yxi +
∑

{i,j}⊆[n]\τ

f(τ ∪ {i, j})xixj.

Without loss of generality, assume that p is supported on variables {x1, . . . , xm} ∪ {y} for
m := n − k. We compute the Hessian matrix. In order to write the Hessian as a matrix
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indexed by {0, . . . ,m}, we assume that y corresponds to 0 and for all 1 ≤ i ≤ m, xi
corresponds to integer i. With this indexing, we can write the Hessian matrix as

H =


(m+ 1)mf(τ) mfτ ({1}) . . . mfτ ({m})
mfτ ({1}) 0 . . . fτ ({1,m})

...
... . . .

...
mfτ ({m}) fτ ({m, 1}) . . . 0

 .
By Lemma 6.1.17, it is enough to show that H has at most one positive eigenvalue. By
Lemma 6.1.15, this is equivalent to showing that the following matrix has at most one
positive eigenvalue.

G =


m+1
m
f(τ) g({1}) + f(τ) . . . g({m}) + f(τ)

g({1}) + f(τ) 0 . . . g({1,m}) + f(τ)
...

... . . .
...

g({m}) + f(τ) g({m, 1}) + f(τ) . . . 0



=


0 g({1}) . . . g({m})

g({1}) 0 . . . g({1,m})
...

... . . .
...

g({m}) g({m, 1}) . . . 0

+


m+1
m
f(τ) f(τ) . . . f(τ)

f(τ) 0 . . . f(τ)
...

... . . .
...

f(τ) f(τ) . . . 0

 .
where the coverage function g satisfies f(S) = f(τ) + g(S \ τ) for sets S such that |τ |+ 1 ≤
|S| ≤ |τ | + 2 and τ ⊆ S. In the above line, let H,K denote the first and second matrix
respectively. Let D ∈ R(m+1)×(m+1) be a diagonal matrix such that D(0, 0) = m+1

2m
f(τ)

and D(i, i) = m−1
2m

f(τ) for 1 ≤ i ≤ m. Let D′ ∈ R(m+1)×(m+1) be a diagonal matrix
with D′(0, 0) = 0 and D′(i, i) = g({i}) for 1 ≤ i ≤ m. Note that by Lemma 6.1.14,
(D+D′)J+J(D+D′) has exactly one positive eigenvalue. Therefore, to show thatH+K has
at most one positive eigenvalue, it is enough to prove that (D+D′)J+J(D+D′)−H−K ⪰ 0.
Note that D′J + JD′ − H ⪰ 0. To see this, first note that the first row and column of
D′J + JD′ − H are zero. Furthermore, one can check that after eliminating the first row
and column of K, the remaining matrix is equal to the Hessian of the generating polynomial
of g(2). Thus, the claim follows from Lemma 6.3.1. Therefore, it is enough to show that
DJ +JD−K ⪰ 0. Again, it is easy to check that the first row and column of DJ +JD−K
are zero. After removing the first row and column of DJ + JD −K, the remaining matrix
is equal to f(τ)(Im − 1

m
Jm). Now, note that Jm ⪯ mIm, as m is the the largest eigenvalue

of Jm. Therefore, DJ + JD −K ⪰ 0, as desired.

6.5 Negative Results

We showed that for an expressive class of nonnegative monotone submodular functions,
the generating polynomial of d-homogenous restriction of the function is completely log-
concave for any d ≥ 1. We show that this claim does not hold for all nonnegative monotone
submodular functions.
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Proposition 6.5.1. There exist integers n ≥ d ≥ 1 and a non-negative monotone submodular
function f : 2[n] → R≥0 such that f (d)is not log-concave.

Proof. Let [12] be the ground set. Furthermore, define w0 = · · · = w5 = 1, w6 = · · · =
w9 = 2, and w10 = w11 = 0. Now, take the following set function f : 2[12] → R to
be f(S) = min{

∑
i∈S wi, 2}. Note that this function is a budget additive function and is

non-negative, monotone and submodular. But, one can verify that the polynomial p(x) =∑
{i,j}⊆[12] f({i, j})xixj is not log-concave as ∇2p(x) has two positive eigenvalues.

Corollary 6.5.2. There exists monotone submodular function f : 2[n] → R≥0 such that f is
not log-concave.

Proof. This follows by the fact that if a function f is log-concave, all of its homogeneous
parts are also log-concave.

Gelfand, Goresky, MacPherson, and Serganova proved that the support of any homoge-
neous multiaffine log-concave polynomial correspond to bases of a matroid [Gel+87]. But
there is not much known about the coefficient of these polynomials. A natural question
to ask is that if the coefficients come from a monotone submodular function that is non-
negative on non-empty sets. Another natural question to consider is whether the coefficients
of these polynomials come from 2-coverage functions. The following proposition provides a
counter-example to both of these statements.

Proposition 6.5.3. There exist integers n ≥ d ≥ 1 and a d-homogeneous multiaffine log-
concave p ∈ R≥0[x1, . . . , xn] such that for any f : 2[n] → R≥0, if the generating polynomial
of f (d) is equal to p, f is neither a monotone submodular function that is non-negative on
non-empty sets nor a 2-coverage function.

Proof. Let p(x1, x2, x3) := 3x1x2 + x1x3 + x2x3. We have

∇2p =

0 3 1
3 0 1
1 1 0

 .
One can easily check that ∇2p has exactly 1 positive eigenvalue. So, using Lemma 6.1.17,
p is log-concave. Take an arbitrary f : 2[3] → R≥0 such that the generating polynomial of
f (2) is equal to p. To show the first part of the statement, we assume that f is a monotone
function that is non-negative on non-empty sets, and show that f is not submodular. By
monotonicity, we have f({1, 2, 3}) ≥ f({1, 2}). Therefore

f({1, 2, 3})− f({1, 3}) ≥ f({1, 2})− f({1, 3}) = 2.

Moreover, f({2, 3})− f({3}) ≤ f({2, 3}) ≤ 1. Therefore, f is not submodular.
To show the second part of the statement, assume for contradiction that f is a 2-coverage

function. Since f is non-zero on all sets of size 2, we must have S = {1, 2, 3} (for τ = ∅).
So, there exists a coverage function g : 2[3] → R≥0 and a linear set function ℓ : 2[3] → R≥0
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such that f (2) = (g − ℓ
2
)(2) and that ℓ({i}) ≤ g({i}) for i ∈ {1, 2, 3}. We show that g is not

submodular, so it cannot be a coverage function. Therefore

g({1, 2})− g({1, 3}) = f({1, 2})− f({1, 3}) + ℓ({2})− ℓ({3})
2

= 2 +
ℓ({2})− ℓ({3})

2
.

This implies that g({1, 2, 3})− g({1, 3}) ≥ 2 + ℓ({2})−ℓ({3})
2

. Moreover,

g({2, 3})− g({3}) = f({2, 3}) + ℓ({2}) + ℓ({3})
2

− g({3})

= 1− g({3}) + ℓ({2}) + ℓ({3})
2

≤
ℓ({3}≤g({3})

1 +
ℓ({2})− ℓ({3})

2
.

Combining these, we get g({1, 2, 3})−g({1, 3}) ≥ g({2, 3})−g({3}), which is a contradiction
with submodularity of g.
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approximability of the Partition Function for the Antiferromagnetic Ising and
Hard-Core Models”. In: Combinatorics, Probability and Computing 25.4 (2016),
pp. 500–559. doi: 10.1017/S0963548315000401 (cit. on p. 103).

[Gur10] Leonid Gurvits. “On multivariate Newton-like inequalities”. In: Advances in
Combinatorial Mathematics. Ed. by Ilias S. Kotsireas and Eugene V. Zima.
Berlin, Heidelberg: Springer Berlin Heidelberg, 2010, pp. 61–78. isbn: 978-3-
642-03562-3 (cit. on pp. 14, 79).

[HLW06] Shlomo Hoory, Nathan Linial, and Avi Wigderson. “Expander graphs and their
applications”. In: Bulletin of the American Mathematical Society 43.4 (2006),
pp. 439–561 (cit. on p. 4).

[HV03] T.P. Hayes and E. Vigoda. “A non-Markovian coupling for randomly sampling
colorings”. In: 44th Annual IEEE Symposium on Foundations of Computer Sci-
ence, 2003. Proceedings. 2003, pp. 618–627. doi: 10.1109/SFCS.2003.1238234
(cit. on pp. 10, 27).

[HV05] Tom Hayes and Eric Vigoda. “Coupling with the stationary distribution and
improved sampling for colorings and independent sets”. In: Proceedings of the
Sixteenth Annual ACM-SIAM Symposium on Discrete Algorithms. SODA ’05.
Vancouver, British Columbia: Society for Industrial and Applied Mathematics,
2005, pp. 971–979. isbn: 0898715857 (cit. on pp. 10, 27).

[HVV07] Thomas P. Hayes, Juan C. Vera, and Eric Vigoda. “Randomly coloring planar
graphs with fewer colors than the maximum degree”. In: Proceedings of the
Thirty-Ninth Annual ACM Symposium on Theory of Computing. STOC ’07. San
Diego, California, USA: Association for Computing Machinery, 2007, pp. 450–
458. isbn: 9781595936318. doi: 10.1145/1250790.1250857 (cit. on pp. 10, 27).

[INW94] Russell Impagliazzo, Noam Nisan, and Avi Wigderson. “Pseudorandomness for
network algorithms”. In: Proceedings of the Twenty-Sixth Annual ACM Sym-
posium on Theory of Computing. STOC ’94. Montreal, Quebec, Canada: Asso-
ciation for Computing Machinery, 1994, pp. 356–364. isbn: 0897916638. doi:
10.1145/195058.195190 (cit. on p. 4).

[Jer95] Mark Jerrum. “A very simple algorithm for estimating the number of k-colorings
of a low-degree graph”. In: Random Structures & Algorithms 7.2 (1995), pp. 157–
165. doi: https : / / doi . org / 10 . 1002 / rsa . 3240070205. eprint: https :
//onlinelibrary.wiley.com/doi/pdf/10.1002/rsa.3240070205 (cit. on
pp. 10, 27, 29).

94

https://doi.org/https://doi.org/10.1016/j.spa.2004.06.001
https://doi.org/https://doi.org/10.1016/j.spa.2004.06.001
https://doi.org/10.1145/2785964
https://doi.org/10.1017/S0963548315000401
https://doi.org/10.1109/SFCS.2003.1238234
https://doi.org/10.1145/1250790.1250857
https://doi.org/10.1145/195058.195190
https://doi.org/https://doi.org/10.1002/rsa.3240070205
https://onlinelibrary.wiley.com/doi/pdf/10.1002/rsa.3240070205
https://onlinelibrary.wiley.com/doi/pdf/10.1002/rsa.3240070205


[Joh96] A. Johansson. “Asymptotic choice number for triangle free graphs”. Unpub-
lished manuscript. 1996 (cit. on p. 27).

[JS89] Mark Jerrum and Alistair Sinclair. “Approximating the Permanent”. In: SIAM
Journal on Computing 18.6 (1989), pp. 1149–1178. doi: 10.1137/0218077.
eprint: https://doi.org/10.1137/0218077 (cit. on p. 65).

[Kar72] Richard M. Karp. “Reducibility among Combinatorial Problems”. In: Complex-
ity of Computer Computations: Proceedings of a symposium on the Complex-
ity of Computer Computations, held March 20–22, 1972, at the IBM Thomas
J. Watson Research Center, Yorktown Heights, New York, and sponsored by
the Office of Naval Research, Mathematics Program, IBM World Trade Cor-
poration, and the IBM Research Mathematical Sciences Department. Ed. by
Raymond E. Miller, James W. Thatcher, and Jean D. Bohlinger. Boston, MA:
Springer US, 1972, pp. 85–103. isbn: 978-1-4684-2001-2. doi: 10.1007/978-1-
4684-2001-2_9 (cit. on p. 68).

[KO18] Tali Kaufman and Izhar Oppenheim. “Construction of new local spectral high
dimensional expanders”. In: STOC. Ed. by Ilias Diakonikolas, David Kempe,
and Monika Henzinger. ACM, 2018, pp. 773–786. doi: 10.1145/3188745.
3188782 (cit. on pp. 5, 12, 19, 21, 51).

[KT21] Tali Kaufman and Ran J. Tessler. “New cosystolic expanders from tensors imply
explicit Quantum LDPC codes with Ω(

√
nlogkn) distance”. In: Proceedings of

the 53rd Annual ACM SIGACT Symposium on Theory of Computing. STOC
2021. Virtual, Italy: Association for Computing Machinery, 2021, pp. 1317–
1329. isbn: 9781450380539. doi: 10.1145/3406325.3451029 (cit. on p. 4).

[Liu+23] Siqi Liu, Sidhanth Mohanty, Tselil Schramm, and Elizabeth Yang. “Local and
Global Expansion in Random Geometric Graphs”. In: Proceedings of the 55th
Annual ACM Symposium on Theory of Computing. STOC 2023. Orlando, FL,
USA: Association for Computing Machinery, 2023, pp. 817–825. isbn: 9781450399135.
doi: 10.1145/3564246.3585106 (cit. on p. 62).

[Liu+24] Kuikui Liu, Sidhanth Mohanty, Amit Rajaraman, and David X. Wu. “Fast Mix-
ing in Sparse Random Ising Models*”. In: 2024 IEEE 65th Annual Symposium
on Foundations of Computer Science (FOCS). Los Alamitos, CA, USA: IEEE
Computer Society, Oct. 2024, pp. 120–128. doi: 10.1109/FOCS61266.2024.
00018 (cit. on p. 6).

[Liu21] Kuikui Liu. “From Coupling to Spectral Independence and Blackbox Compari-
son with the Down-Up Walk”. In: Approximation, Randomization, and Combi-
natorial Optimization. Algorithms and Techniques (APPROX/RANDOM 2021).
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Appendix A

Remaining Proofs from Section on
Sampling Vertex Colorings

A.1 Proof of Theorem 3.3.1

Proof. For each τ of co-dimension at least 2, let Fτ ∈ RX(0)×X(0) be a diagonal matrix
supported on Xτ (0)×Xτ (0) defined as follows: for any vc ∈ Xτ (0),

Fτ (vc, vc) :=


0 if ∆τ (v) = 0,

f1(∆τ (u)) if ∆τ (v) = 1 and u ∼τ v,

f2(∆τ (v)) if ∆τ (v) ≥ 2,

where f1(i) = 1
(1+ϵ)∆

+
1+2

∑i−1
j=1

1
j

(1+ϵ)2∆2 for i ≥ 1 and f2(i) = i

(1+ ϵ
2
)∆−(i−1)− 4

ϵ

∑i−1
j=1

1
j

for i ≥ 2.

We show that the conditions of Proposition 3.3.3 hold for {Fτ}τ∈X:codim(τ)≥2. Then, the

statement follows from the fact that ρ(Fτ ) ≤ 5
2ϵ
. This is true because ln(∆)+2

∆
≤ ϵ2

40
implies

that for any 1 ≤ i ≤ ∆ the denominator of f2(i) is at least
2ϵ
5
∆ and thus f1(i) ≤ f2(i) ≤ 5

2ϵ
.

The condition for links of co-dimension 2 holds by definition. Assume τ is of co-dimension
at least 3. When Gτ is disconnected one can check the condition holds because of the fact
that the degrees of vertices of a connected component do not change by removing vertices
from other connected components of the graph. Now, assume that Gτ is connected. Note
that for every v ∈ Vτ , we have

(k − 1)2

3k − 1
≥ ∆τ (v)

5
≥

ln(∆)+2
∆

≤ ϵ2

40

8

ϵ2
≥

f2(∆τ (v))≤ 5
2ϵ

,ϵ≤1

f2(∆τ (v)) ≥ f1(∆τ (v)).

Therefore, it is enough to show that
∑

uc′∈Xτ∪vc(0)
p(uc′|τ ∪ vc)Fτ∪uc′(vc, vc) ⪯ (k −

2)Fτ (vc)− F 2
τ (vc) for any vc ∈ Xτ (0).

Case 1: ∆τ (v) = 1, and u ∼τ v. Since Gτ is connected and τ is of co-dimension at
least 3, ∆τ (u) ≥ 2. We have∑
wc′∈Xτ (0)

p(wc′|τ ∪ vc)Fτ∪wc′(vc, vc) = (∆τ (u)− 1)f1(∆τ (u)− 1) + (k −∆τ (u)− 1)f1(∆τ (u)).
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On the other hand, ln(∆)+2
∆

≤ ϵ2

40
and ϵ ≤ 1 imply that

1+2
∑i−1

j=1
1
j

(1+ϵ)∆
≤ 1

20(1+ϵ)
for any 1 ≤ i ≤ ∆.

Therefore,

F 2
τ (vc, vc) = f 2

1 (∆τ (u)) ≤
(

1

(1 + ϵ)∆
+

1

20(1 + ϵ)∆

)2

≤ 2

(1 + ϵ)2∆2
.

Therefore (k−2)Fτ (vc)−F 2
τ (vc) ≥ (k−2)f1(∆τ (u))− 2

(1+ϵ)2∆2 and thus it is enough to show
that

(∆τ (u)− 1) (f1 (∆τ (u))− f1 (∆τ (u)− 1)) ≥ 2

(1 + ϵ)2∆2
.

But this inequality holds with equality.

Case 2: ∆τ (v) ≥ 2. One can check that ln(∆)+1
∆

≤ ϵ2

40
implies 1

(1+ϵ)∆
+

2
∑∆−1

j=1
1
j
+1

(1+ϵ)2∆2 ≤
1

(1+ ϵ
2
)∆
. For convenience define f2(1) =

1
1+ ϵ

2
and notice that f1(i) ≤ f2(1) for any 1 ≤ i ≤ ∆.

We want to show that∑
uc′∈Xτ (0)

p(uc′|τ ∪ vc)Fτ∪uc′(vc, vc) = ∆τ (v)f2(∆τ (v)− 1) + (k −∆τ (v)− 1)f2(∆τ (v))

≤ (k − 2)f2(∆τ (v))− f 2
2 (∆τ (v)).

Let i := ∆τ (v). We have

(i− 1)f2(i)− if2(i− 1) =
i(i− 1) + 4

ϵ
i(

(1 + ϵ
2
)∆− (i− 1)− 4

ϵ

∑i−1
j=1

1
j

)(
(1 + ϵ

2
)∆− (i− 2)− 4

ϵ

∑i−2
j=1

1
j

) .
Therefore

(i− 1)f2(i)− if2(i− 1)− f 2
2 (i) =

(4
ϵ
− 1)i

(
(1 + ϵ

2
)∆− (i− 1)− 4

ϵ

∑i−1
j=1

1
j

)
− i2(1 + 4

ϵ
1

i−1
)(

(1 + ϵ
2
)∆− (i− 1)− 4

ϵ

∑i−1
j=1

1
j

)2 (
(1 + ϵ

2
)∆− (i− 2)− 4

ϵ

∑i−2
j=1

1
j

) .
The denominator is positive for 1 ≤ i ≤ ∆ and for the numerator we have

(
4

ϵ
− 1)i

(
(1 +

ϵ

2
)∆− (i− 1)− 4

ϵ

i−1∑
j=1

1

j

)
− i2(1 +

4

ϵ

1

i− 1
) ≥
i≤∆

(1− ϵ

2
)i∆− 16i

ϵ2
(ln(∆) + 1)− 4i2

ϵ(i− 1)

Canceling out an i, and using ln(∆)+2
∆

≤ ϵ2

40
and ϵ ≤ 1 the RHS is non-negative.

A.2 Proof of Theorem 3.3.4

Proof. As before we make the tree rooted at an arbitrary vertex. For any k ≥ 2, any τ
of co-dimension k, let Fτ ∈ RX(0)×X(0) be a diagonal matrix supported on Xτ (0) × Xτ (0)
defined as follows: for any vc ∈ Xτ (0),

Fτ (vc, vc) :=


0 if ∆τ (v) = 0,

f1(∆τ (u)) if ∆τ (v) = 1, u ∼ v, and v is the root of a component of Gτ ,

f2(∆τ (v)) if ∆τ (v) ≥ 2 and v is the root of a component of Gτ ,

f3(∆τ (v),∆τ (a(v))) if ∆τ (v) ≥ 1 and a(v) ∈ Vτ ,
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where a(v) is the immediate ancestor of v in G, and f1(i) :=
5(
∑i−1

j=1
1
j
)+1

ϵ2∆2 for i ≥ 1, f2(i) :=
5(ln(∆)+1+i

∑i−1
j=1

1
j
)

ϵ2∆2 for i ≥ 2, and f3(i, j) :=
5(ln(∆)+1+j+i

∑i−1
k=1

1
k

ϵ2∆2 for i, j ≥ 1. We prove that the
conditions of Proposition 3.3.6 hold for {Fτ}τ∈X:codim(τ)≥2. Then, the statement follows from
the fact that

λ2(Pτ ) ≤
ρ(Fτ + Aτ )

k − 1
≤
ρ(Fτ ) +

1
ϵ

k − 1
+

1
20

+ 1
ϵ

k − 1
,

where the second to last inequality follows by (A.1) below and the fact that every entry of Aτ

is at most 1
ϵ∆

and that every row of Aτ has at most ∆ non-zero entries. The last inequality

uses that since ln2(∆)
∆

≤ ϵ2

100
and ϵ ≤ 1, for all 1 ≤ i ≤ ∆

f1(i), f2(i), f3(i) ≤
5(ln(∆) + 2)

ϵ2∆
≤ 1

20
. (A.1)

The condition for links of co-dimension 2 holds by definition. Assume that τ is of co-
dimension k ≥ 3. Similar to the proof of Theorem 3.3.1, when Gτ is disconnected, the
condition holds. Now, assume Gτ is connected. By Eq. (A.1), for all vc ∈ Xτ (0) Fτ (vc, vc) ≤
1
20

≤ (k−1)2

3k−1
− 1

β
. Therefore, it is enough to show that for any vc ∈ Xτ (0),∑

wc′∈Xτ∪vc(0)

p(wc′|τ ∪ vc)Fτ∪wc′(vc, vc) ⪯ (k − 2)Fτ (vc, vc)− 2F 2
τ (vc, vc)− γτ (vc),

for γτ (vc) defined in Proposition 3.3.6.
Case 1: ∆τ (v) = 1 and v is the root of a component of Gτ . Let u be the only

neighbor of v. Since Gτ is connected and τ is of co-dimension at least 3, ∆τ (u) ≥ 2. We
need to show that∑
wc′∈Xτ∪vc(0)

p(wc′|τ ∪ vc)Fτ∪wc′(vc, vc) = (∆τ (u)− 1)f1(∆τ (u)− 1) + (k −∆τ (u)− 1)f1(∆τ (u))

(A.2)

≤ (k − 2)f1(∆τ (u))− 2f 2
1 (∆τ (u))−

4

ϵ2∆2
. (A.3)

But,

(k − 2)f1(∆τ (u))− (∆τ (u)− 1)f1(∆τ (u)− 1)− (k −∆τ (u)− 1)f1(∆τ (u))

= (∆τ (u)− 1)(f1(∆τ (u))− f1(∆τ (u)− 1)) =
5

ϵ2∆2
.

Furthermore, one can see that ϵ2

100
implies that 2f 2

1 (∆τ (u)) ≤ 50(ln(∆)+2)2

ϵ4∆4 ≤ 1
ϵ2∆2 . This

completes the proof of Eq. (A.3).
Case 2: ∆τ (v) ≥ 2, and v is the root of a component of Gτ . Note that f1 is

bounded above by 5(ln(∆)+1)
ϵ2∆2 . For convenience in writing the recursion, let f2(1) =

5(ln(∆)+1)
ϵ2∆2 .

Following similar calculations, it is enough to show that

(∆τ (v)− 1)f2(∆τ (v))− (∆τ (v))f2(∆τ (v)− 1) ≥ 2f 2
2 (∆τ (v) +

4∆τ (v)

ϵ2∆2
. (A.4)
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But one can see that, by definition

(∆τ (v)− 1)f2(∆τ (v))− (∆τ (v))f2(∆τ (v)− 1) =
5∆τ (v)

ϵ2∆2
,

And,

2f 2
2 (∆τ (v)) ≤

50(∆τ (v) + 2)2 ln2(∆)

ϵ4∆4
≤

∆≥100

55∆2
τ (v) ln

2(∆)

ϵ4∆4
≤

ln2(∆)
∆

≤ ϵ2

100

0.55∆2
τ (v)

ϵ2∆3
≤ ∆τ (v)

ϵ2∆2
.

(A.5)

This finishes the proof of Eq. (A.4).
Case 3: ∆τ (v) ≥ 1 and a(v) ∈ Vτ . For convenience in writing the recursion, for

1 ≤ i ≤ ∆, let f3(i, 0) =
5(ln(∆)+1+i

∑i−1
k=1

1
k
)

ϵ2∆2 and note that max1≤j≤∆ f1(j) ≤ f2(i) ≤ f3(i, 0).
Similar to the previous cases, after simplifying the recursion, one can see that it is enough
that for i = ∆τ (v) and j = ∆τ (a(v))

(i− 1)f3(i, j)− if3(i− 1, j) + (j − 1)(f3(i, j)− f3(i, j − 1)) ≥ 2f 2
3 (i, j) +

4i

ϵ2∆2
+

4(j − 1)

ϵ2∆2
.

Now, note that

(i− 1)f3(i, j)− if3(i− 1, j) + (j − 1)(f3(i, j)− f3(i, j − 1)) =
5i

ϵ2∆2
+

5(j − 1)

ϵ2∆2
.

Furthermore,

2f 2
3 (i) = 2(f 2

2 (i) +
5(j − 1)

ϵ2∆2
)2 ≤ 2.5f 2

2 (i) +
250(j − 1)2

ϵ4∆4
≤

∆≥100ϵ−2

i

ϵ2∆2
+
j − 1

ϵ2∆2
,

where the last inequality uses the calculations in Eq. (A.5). This finishes the proof.
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Appendix B

Remaining Proof from Section on
Non-Broken Bases of Matroids

B.1 Proof of Theorem 5.2.4

In this section we prove Theorem 5.2.4. We use a reduction from the problem of computing
the partition function of the Hardcore model when the fugacity is above the critical threshold.
Define ♯HC(∆, λ) as follows: given a ∆-regular graph G = (V,E), compute the partition
function ZG(λ) =

∑
I λ

|I|, where the sum is taken over the family of independent sets I ⊆ V

of G. The critical threshold is defined as λc(∆) := (∆−1)∆−1

(∆−2)∆
.

Theorem B.1.1 ([Sly10; SS14; GŠV16]). The following holds for any fixed ϵ > 0, integer
∆ ≥ 3 and λ > λc(∆): unless NP=RP, for any λ > λc(∆) there is no polynomial-time
algorithm for for approximating ♯HC(∆, λ) up to a 1 + ϵ multiplicative factor.

We give a polynomial-time algorithm that given a e±ϵ/2-approximation for ♯INDEP-SET-INC(7, 2
19
)

(see Definition 13), approximates ♯HC(7, 2
3
) up to a e±ϵ-multiplicative error. Since 2

3
>

λc(7) =
66

57
≥ 0.6, this finishes the proof of Theorem 5.2.4. Our reduction is a modification

of Theorem 16 in [DP21].

Theorem B.1.2. There exists a polynomial-time algorithm that for any given ϵ ≤ 1, satisfies
the following properties:

1. Given an instance G = (V,E) of ♯HC(7, 2
3
), the algorithm constructs an instance

G′ = (V ′, E ′) of the problem ♯INDEP-SET-INC(7, 2
19
) with size polynomial in |G|.

2. Given a e±ϵ/2-multiplicative approximation to the number of independent sets of size
⌊2|V ′|

19
⌋ of G′, a e±ϵ-approximation of ZG(

2
3
) can be computed in polynomial time.

Proof. Given a 7-regular graph G = (V,E), we define G′ as the disjoint union of G with
r := c2n2

ϵ
copies of the complete graph K8, where n = |V |, for some c > 1 that we choose

later. For simplicity of notation, let N := |V ′| = n + 8r, α := 2
19
, λ := 2

3
. It is enough to

show that G′ is an instance of ♯INDEP-SET-INC(7, 2
19
) and

e−ϵ/2 i⌊αN⌋ (G
′)(

r
⌊αN⌋

)
8⌊αN⌋ ≤ ZG(λ) ≤ eϵ/2

i⌊αN⌋ (G
′)(

r
⌊αN⌋

)
8⌊αN⌋ , (B.1)
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where as usual ik(G) is the number of independent sets of size k in G, and(
r

⌊αN⌋

)
8⌊αN⌋ = i⌊αN⌋(rK8).

Here, rK8 is a shorthand for the graph which is a disjoint union of r copies of K8. We first
show that Eq. (B.1) holds. Note that

i⌊αN⌋ (G
′) =

n∑
j=0

ij(G)i⌊αN⌋−j(rK8) = i⌊αN⌋(rK8)
n∑

j=0

ij(G)
i⌊αN⌋−j(rK8)

i⌊αN⌋(rK8)
.

Thus, to show Eq. (B.1), it is enough to prove that for every 1 ≤ j ≤ n,

e−ϵ/2 ·
i⌊αN⌋−j(rK8)

i⌊αN⌋(rK8)
≤ λj ≤ eϵ/2 ·

i⌊αN⌋−j(rK8)

i⌊αN⌋(rK8)
. (B.2)

We can write

i⌊αN⌋−j(rK8)

i⌊αN⌋(rK8)
=

(
r

⌊αN⌋−j

)
8⌊αN⌋−j(

r
⌊αN⌋

)
8⌊αN⌋ =

1

8j

j−1∏
i=0

⌊αN⌋ − i

r − ⌊αN⌋+ j − i
. (B.3)

To prove the upper bound, first note that

αN

r − αN + j
≥

αN≥8αr

8αr

r(1− 8α) + n
=

n=
√
ϵr/c

α=2/19

16
3

(
1

1 + 19
√
ϵ

3c
√
r

)
. (B.4)

This implies that αN
r−αN+j

≥ 1. So, αN
r−αN+j

≤ ⌊αN⌋−i
r−⌊αN⌋+j−i

for every i < r − ⌊αN⌋+ j. Thus,

1

8j
·
j−1∏
i=0

⌊αN⌋ − i

r − ⌊αN⌋+ j − i
≥ 1

8j
·
(

αN

r − αN + j

)j

≥
Eq. (B.4)

j≤n=
√
ϵr/c

1

8j
· (16

3
)j

(
1

1 + 19
√
ϵ

3c
√
r

)√
ϵr/c

≥ (2
3
)je−ϵ/2 = λje−ϵ/2,

for a large enough c > 1. Combining this with Eq. (B.3), we get the upper bound in Eq. (B.2).
To prove the lower bound, note that

1

8j
·
j−1∏
i=0

⌊αN⌋ − i

r − ⌊αN⌋+ j − i
≤

j−i≥0

1

8j
·
(

⌊αN⌋
r − ⌊αN⌋

)j

≤
⌊αN⌋=⌊ 16r

19
+ 2

√
ϵr

19c
⌋

1

8j
·

(
16r
19
(1 +

√
ϵ

8c
√
r
)

3r
19
(1− 2

√
ϵ

3c
√
r
)

)j

≤ (2
3
)jeϵ/2 = λj · eϵ/2,

for a large enough c > 1. Combining this with Eq. (B.3), the lower bound in Eq. (B.2), thus
(B.1) follows.
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It remains to show that G′ is an instance of ♯INDEP-SET-INC(7, 2
19
), i.e. ik(G

′) ≤
i⌊αN⌋(G

′) for any k < ⌊αN⌋. For any k < ⌊αN⌋, and any independent set S in the original
graph G, let TS,k be the set of all independent sets of size k of G′ whose intersection with the
vertices of G is S. It is enough to show that there exists a constant n0 such that if n ≥ n0,
then we have |TS,k| ≤ |T ′

S,⌊αN⌋| for every independent set S ⊆ V of G and k < ⌊αN⌋. We
prove a stronger statement that there exists a constant n0 such that if n ≥ n0, then for any
fixed independent set S ⊆ V , |TS,k| is increasing as a function of k for all k ≤ ⌊αN⌋. It is

enough to show that
|TS,k|

|TS,k−1|
≥ 1 for any |S| ≤ k ≤ αN . Note that |TS,k| =

(
r

k−|S|

)
8k−|S|. So

we have

|TS,k|
|TS,k−1|

=

(
r

k−|S|

)
8k−|S|(

r
k−1−|S|

)
8k−1−|S| = 8 · r − k + |S|+ 1

k − |S|
≥ 8 · r − k

k
≥ 8

3r
19

− n
16r
19

+ n
,

where the last inequality comes from the fact that k ≤ 2N
19

= 2
19
(8r+n) ≤ 16r

19
+n. But since

r = c2n2

ϵ
, there is a constant n0 such that for n ≥ n0, we have

3r
19

−n
16r
19

+n
≥ 1

8
. This shows that

|TS,k|
|TS,k−1|

≥ 1, which finishes the proof.
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Appendix C

Entropy as a Coverage Function

C.1 Proof of Proposition 6.1.22

Proof. We use Proposition 6.1.21. For any T ⊆ [n], define xT := I(YT |YT̄ ), where YT̄ =
[n] \ T and I is the multivariate mutual information. We prove inductively that H(YS|Z) =∑

T :T∩S ̸=∅ I(YT |YT̄ , Z) for an arbitrary set of random variables Z. This would imply that for
any S ⊆ [n], f(S) = H(YS) =

∑
T :T∩S ̸=∅ xT , which would finish the proof. When n = 1, the

statement trivially holds. Assuming the statement is true for n = k − 1, we prove it for for
n = k. First, let S = {i}. We have∑

T :T∩S ̸=∅

I(YT | YT̄ , Z) =
∑
T :i∈T

I(YT | YT̄ , Z)

= (
∑

T :i∈T,T ̸={i}

I(YT\{i}|YT̄ , Z)− I(YT\{i}|YT̄∪{i}), Z) +H(Yi|Yī, Z),

where we used the fact that for any set of random variables X1, . . . , Xk, k ≥ 2, and any
set of random variables Z,

I(X1, . . . , Xk|Z) := I(X1, . . . , Xk−1|Z)− I(X1, . . . , Xk−1|Xk, Z).

Using induction hypothesis∑
T :i∈T,T ̸={i}

I(YT\{i}|YT̄ , Z)− I(YT\{i}|YT̄∪{i}, Z)

=
∑

T⊆[n]\{i}:T∩([n]\{i})̸=∅

I(YT |Y[n]\(T∪{i}), Z)− I(YT |Y[n]\T |Z)

= H(Y[n]\{i}|Z)−H(Y[n]\{i}|Yi, Z)
= H(Y[n]\{i}|Z)−H(Y[n]|Z) +H(Yi|Z)
= −H(Yi|Yī, Z) +H(Yi|Z)

Therefore, ∑
T :T∩S ̸=∅

I(YT | YT̄ , Z) = H(Yi|Z).
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Now, assume that this equation holds for any S such that |S| < l. We want to show that
it holds for |S| = l. Choose i ∈ S. We have∑

T :T∩S ̸=∅

I(YT | YT̄ , Z) =
∑

T :T∩(S\{i}) ̸=∅

I(YT |YT̄ , Z) +
∑

T∩S={i}

I(YT |YT̄ , Z).

Note that
∑

T :T∩(S\{i}) ̸=∅ I(YT |YT̄ , Z) = H(YS\{i}|Z) by the second induction hypothesis.
Furthermore,∑

T∩S={i}

I(YT |YT̄ , Z) = (
∑

T∩S={i},T ̸={i}

I(YT\{i}|YT̄ , Z)− I(YT\{i}|YT̄∪{i}, Z)) +H(Yi|Yī).

Similar to what we did before, using the first induction hypothesis we get∑
T∩S={i},T ̸={i}

I(YT\{i}|YT̄ , Z)− I(YT\{i}|YT̄∪{i}, Z) = H(Y[n]\S | YS\{i}, Z)−H(Y[n]\S|YS, Z)

= H(Y[n]\S | YS\{i}, Z)
−H(Y([n]\S)∪{i} | YS\{i}, Z) +H(Yi | YS\{i}, Z)
= −H(Yi|Yī, Z) +H(Yi | YS\{i}, Z).

Therefore, ∑
T∩S={i}

I(YT |YT̄ , Z) = H(Yi | YS\{i}, Z).

So ∑
T :T∩S ̸=∅

I(YT | YT̄ , Z) = H(Yi | YS\{i}, Z) +H(YS\{i}, Z) = H(YS|Z),

as desired.
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